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Supplement to “A global dataset of 6'3C-CH, source signatures and
associated uncertainties (1998-2022), with a sensitivity analysis to
support isotopic inversions’’ by Emeline Tapin ef al.

S1 Additional methods
S1.1 Stable carbon isotope reference scale

All §'3C-CH, values reported in this study are expressed relative to the Vienna Pee Dee Belemnite (VPDB) standard, the
internationally accepted reference for stable carbon isotope ratios. Historically, earlier atmospheric §'*C—CH, simulations
used the Pee Dee Belemnite (PDB) reference scale defined by Craig (1957), where Rppp = 1.12372 x 10~2 is the standard
13C/12C ratio. The current VPDB scale adopts a slightly different value, Ryvppg = 0.011113 £ 0.000022 (95% confidence
level; Camin et al. 2025).

To assess the consistency between these reference scales, we repeated our model calculations using the updated VPDB
standard. The resulting differences in 6'3C—CH, outputs were negligible, with a mean offset of less than -6e-5%o over the
24-year simulation period. This confirms that the choice of reference standard does not materially affect the results presented

in this work.
S1.2 Method for aggregating isotopic signatures from sub-sectors into sectors

The aggregation of isotopic signatures from sub-sectors into sectoral values was performed using a mass-weighted approach
based on the underlying carbon isotopic ratios. When fluxes are provided in mass units rather than moles, appropriate molar
mass ratios are applied to ensure consistency. The procedure is as follows:

For each sub-sector i:

1. The isotopic signature §'3C; is first converted to the corresponding isotopic ratio R; relative to the VPDB standard:

51301’
R, = (1 + 1000) RppB,

where Rppp is the reference "2C/!2C ratio of the Pee Dee Belemnite (PDB) standard.

2. The partial fluxes of *2CH, and *CHj for each sub-sector are then calculated as:

Fro: — Ftolal,i ]\/[12C/MCH4 Fro.— Eotal,i Rz ]\/[13C/MCH4
12,2 1+R¢ 13,4 1+R1 )
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where Fio,; 18 the total methane flux for subcategory ¢ (in mass units), and Mz, Misc and Mcg, are the molar masses

of 12C, 13C and CHy, respectively.

3. The fluxes are then summed over all subcategories within a given sector s:
Fiy=Y Fui  Fy=> Fi,
i i

4. The aggregated isotopic ratio for the sector is calculated as:

RS = F fB )
Iy
5. Finally, the aggregated isotopic signature for the sector is computed as:

R® Mg
Rppp Misc

S = [ 1] % 1000.

This approach ensures that the aggregated isotopic signature is correctly weighted by the contribution of each subsector to

the total flux of the sector.



S2 Supplementary tables

S2.1 List of acronyms and datasets used in this study

Table S1. List of acronyms used in this study.

Acronym Definition / Source

CIF Community Inversion Framework

VPDB Vienna Pee Dee Belemnite (standard for stable carbon isotope ratios)

KIE Kinetic Isotope Effect

FFG Fossil Fuel exploitation and Geological sources

AGW Agriculture and Waste

BB Biomass and Biofuel Burning

WET Wetlands

NAT Other Natural Sources

EDGARV8 Emissions Database for Global Atmospheric Research (Crippa et al.,
2023)

GFED4s Global Fire Emissions Database (van Wees et al., 2022)

GMB Global Methane Budget (Martinez et al., 2024; Saunois et al., 2025)

EMID European Methane Isotope Database (Menoud et al., 2024)

GFEIv2 Global Fuel Exploitation Inventory (Scarpelli et al., 2022)

CEDSv2021 Community Emissions Data System (O’Rourke et al., 2021)

GAINSv4 Greenhouse Gas and Air Pollution Interactions and Synergies model
(Hoglund-Isaksson et al., 2020)

RSD Relative Standard Deviation

SD Standard Deviation
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S2.2 European fossil-fuels isotopic signature aggregation

Table S2. Country-level weighted mean 6'3C-CH, values (%o) for oil & gas and coal emissions in Europe, derived from data compiled by
Lan et al. (2021) and Menoud et al. (2022). N indicates the number of individual measurements contributing to each dataset. A weighted

mean is calculated when data from both sources are available.

Country §13C-CH4 (Lan et al., 2021) (%c) /N §'3C-CH, (Menoud et al., 2022) (%c) /N Weighted mean (%)
Oil & Gas

France -44.0/ 28 -44.8 /30 -44.4
United Kingdom -39.2/13 -40.2 /135 -40.1
Germany -43.8 /176 -39.3/29 -43.2
Poland -47.0/57 -44.9 /127 -46.3
Romania -48.3 /- -37.7/ 143 -37.7
Netherlands - -44.8 /11 -44.8
Coal

United Kingdom -40.1/23 -48.8/4 -41.2
Germany -43.1/90 -44.71/3 -43.2
Poland -49.5/ 64 -49.2 /64 -49.4

S2.3 Monte Carlo ensemble simulations of isotopic source signatures

Table S3. Parameters used for the Monte Carlo ensemble simulations of isotopic source signatures. For each of the five main source sectors,
normal distributions were defined based on literature-derived mean and standard deviation values (see Section 4.1.3). Five ensemble members
were drawn per sector to represent the uncertainty in 6**CHy source signatures. The table includes sector-specific mean isotopic signatures
and their variability, with spatial granularity used for Monte Carlo: 110 countries (Natural Earth dataset, free vector and raster map data at
naturalearthdata.com) for anthropogenic sectors (FFG, AGW) reflecting country-level variability, and 18 GCP regions (Saunois et al., 2020)

for natural sectors (BB, WET, NAT) reflecting coarser regional variability.

Sector Mean signature [%c] Standard deviation (10) [%] Spatial granularity
Fossil Fuel & Geological (FFG) —44.2 13.9 110 countries
Agriculture and Waste (AGW) —60.2 5.5 110 countries
Biomass & Biofuel Burning (BB) —24.3 24.9 18 GCP regions
Wetlands (WET) —58.6 12.8 18 GCP regions
Other Natural (NAT) —51.9 10.4 18 GCP regions




S3 Supplementary figures

S3.1 Detailed sub-sectors 513C-CH, source signature maps
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Figure S1. Maps of §'3C-CH, subcategories, showing isotopic signatures by source subcategory. Sources for sector isotopic signatures are:
Biomass — Biofuels Burning (Lan et al., 2021), Geological (Etiope et al., 2019), Livestock (Lan et al., 2021), Oil and Gas (Lan et al., 2021;
Menoud et al., 2022), Coal (Lan et al., 2021; Menoud et al., 2022), and Wetlands (Oh et al., 2022).



S3.2 Detailed sub-sectors CH, emissions maps
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Figure S2. Mean methane emissions (1998-2022) for each sub-sector contributing to the five main CH4 source sectors, expressed in
mgCH, m~2 day~*. Each panel shows the spatial distribution of the average flux over the 1998-2022 period, with the total subcategory
emission (in Tg yr~ ') indicated. Anthropogenic emissions (e.g., RICE, LANDFILLS, LIVESTOCK, WASTEWATER, AGRICULTURAL
WASTE, BIOFUELS, COAL, OIL AND GAS) are from EDGARv8.0 (Crippa et al., 2023). Biomass burning emissions (BIOMASS) are
derived from GFED4s (van Wees et al., 2022). Wetland emissions correspond to the climatological mean of 11 process-based models from
the Global Methane Budget (GMB) (Martinez et al., 2024). Freshwater emissions are based on CH4 flux maps from Stavert et al. (2022),
with spatial rescaling following Martinez et al. (2024). Geological, termite, and oceanic emissions follow the GMB prior dataset, based re-
spectively on Etiope et al. (2019), the S. Castaldi model for termites (Martinez et al., 2024), and oceanic emissions from Weber et al. (2019).

All datasets were harmonised to a common 1° x 1° grid.



S3.3 Sensitivity analysis
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Figure S3. (a) RSD (in %) of the fluxes among different prior datasets (GAINSv4, CEDSv2021, GFEIv2, EDGARvS) (over 2016-2020) at

surface level. Values are only displayed when the associated CH, flux is higher than 0.2 mgCH,-m™2.day ', for aggregated categories. (b)

RSD of the resulting §'3C-CH, source signature by aggregated category. (c) RSD of the §*3C-CH, signals from the forward model outputs

at surface level. Coloured circles indicate RSD of observed 6*3C-CH, values at each surface station over the study period.



‘uoneprxo YHY Suump (413]) $199139 2d0jost onouny ur Ajurejooun Aq USALIP Ing ‘(9) se weS (J) ‘suonels
awes dy} 18 san[eA YHD-Dg 9 PIAISQO JO JSY SIBIIPUL SI[OIID PAINO[OD) "SIXNYY UOISSIWD UI AJUIRIOOUN AQ USALIP ‘sjndino [opot premio) Woly [9AJ] S0eynS Je
saneA HD-D ;9 JO ASY (3) SPISY HO Ul AJureiaoun Aq UsALIP jng “(9) st SWeg (p) "Suowamsedtt (VHD)D ;9 PAIEOO[-00 Y3 SUOHEIS S0BLINS JE SUOLORIY S[oW
YHD POAIasqoO JO (IS 2IBOIPUI SI[OIID PAINO[O)) "SIXN]J UOISSTUIS UT AJUTeIIo0Uun Aq UALIP ‘sjndino [opowl pIemIof WIOIJ [9AJ] QJBJINS I8 SUOTIORI) a[ow YD Jo Sy
(9) "(edy (ST MO[aq s[oA] dunssard) uwnjod HO doLdydsodon 18303 3y3 Jo ASY (q) * . Aep-, W-VHD SW 7°() SPIdOXd Xnj YHY Paeroosse dy) uaym pake[dsip K[uo are
sanfeA (49 ‘D4 ‘MOV) $10309s oruagodoryiue pue ‘SI0jeMmysaI} ‘SPUB[IOM WOIJ SUOISSTUIR YHD) JO (OSY (B) TOAS] 99eJIns 18 )70Z—9T0T I9A0 (9 Uul) SY S 9IS

[%] asy (%] asy
0 sz 0z ST 0T S0 00 0 sz 0z ST 0T SO0 00 0
o o
~ ~
g g
Q o
[a) [a)
juallt § o
P p
3 3
o =3
2 2
@ o
ani
0 0
;
e}
N £
° o]
< ]
2
Q ) ©
- -~
%Y ‘uesiy
[%] asy (%] asy [%] asy [%] asy
05 ov (i3 0z ot 0 006 0SZ 00z OST 00T  0S 0 006 0Sz 00 OST 00T  0S 0 00E 0Sz 00z OST 00T 0§ 0
e}
g T
5
2 ¢
& 3

%T'LT :Uea : 2 62T :ueap | %0'7Z Ues | %8'S6 ‘UBSIN |
HO souabodoayuy si93emysald spuezam




AGRICULTURE
Mean: 42.2%

CH4 fluxes

i 1 i i i i i
0 20 40 60 80 100 120 140

Mean: 83.8% 7
. =y d

————
e

CH4 fluxes

0 20 40 60 80 100 120 140
RSD [%]

CH4 fluxes

M

>

CH4 fluxes

Figure S5. RSD (in %) of fluxes included in anthropogenics sector of annual mean CHy4 fluxes across four inventories (EDGARVS, CEDS,

GAINS, GFEI) over (over 2016-2020), shown by emission sub-sector. Values are only displayed when the associated CHy4 flux is higher than

0.2 mgCH,-m2-day’!
Sub-sector grouping used in this figure:
AGRICULTURE: LIVESTOCK, RICE

WASTE: AGRICULTURAL_WASTE, LANDFILLS, WASTE_WATER

FOSSIL FUELS: COAL, OILGASIND
BIOFUELS: BIOFUELS
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Figure S6. SD (in kg.m~2.s™') of fluxes included in the anthropogenic sector of annual mean CH, fluxes across four inventories
(EDGARVvS, CEDS, GAINS, GFEI) over 2016-2020, shown by emission sub-sector. Values are only displayed when the associated CHy
flux is higher than 0.2 mgCH;-m™>-day™'.
Sub-sector grouping used in this figure:

AGRICULTURE: LIVESTOCK, RICE

WASTE: AGRICULTURAL_WASTE, LANDFILLS, WASTE_WATER

FOSSIL FUELS: COAL, OILGASIND

BIOFUELS: BIOFUELS
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Figure S8. Relative contribution (in %) of each parameter to the total variance of simulated atmospheric 6**C-CH, at each model grid cell.
Each panel represents one sensitivity parameter tested. Colors indicate the percentage contribution of the squared standard deviation of each

parameter to the total variance across all parameters. Values are calculated independently at each grid cell.
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Figure S9. Relative contribution (in %) of each parameter to the total variance of simulated atmospheric CH4 at each model grid cell.

Each panel represents one sensitivity parameter tested. Colors indicate the percentage contribution of the squared standard deviation of each

parameter to the total variance across all parameters. Values are calculated independently at each grid cell.
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