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Abstract. Small lakes and ponds are hotspots of biodiversity, biogeochemical reactions, and hydrological interactions in the 

landscape. While mostly providing the same functions as larger lakes, they often do so at higher rates per unit area. 

Exponentially more abundant than larger lakes, small lakes, and ponds contribute significantly to biodiversity, nutrient 10 

retention, and the water budget, even at large spatial scales. However, they are rarely considered in regional or larger-scale 

environmental studies, partly due to a lack of data. To alleviate this, we developed the German Small Lake and Pond 

Inventory (GSLPI), a comprehensive database of over 260.000 small lakes and ponds ranging in size from 10 to 500.000 m2 

(50 ha or 0.5 km2). Using only openly available data from Germany’s federal states, we provide information on lake or pond 

location, shape, depth, volume, and connectivity. With this database, we aim to facilitate the integration of small lakes and 15 

ponds into environmental research and enhance understanding of their roles within changing landscapes. 

1 Introduction 

Lakes play a crucial role in supporting both natural environments and human well-being. While they cover only 2.2 % of the 

global land area (Pi et al., 2022), their contribution to biodiversity and ecosystem services is disproportionately high (Heino 

et al., 2021).  Similar to river segments, smaller lakes occur exponentially more frequently than larger ones (Seekell et al., 20 

2013). Here, we defined small lakes as those with mean surface areas < 0.5 km2 (50 ha), as those do not have to be 

monitored and reported under the European Water Framework Directive ((EU, 2000), Annex II) - they are thus understudied 

and under-monitored. To further distinguish ponds from small lakes, we used the definition from Richardson et al. (2022), 

who found that standing water bodies < 5 ha and shallower than 5 meters substantially differ from larger and deeper ones. 

While large lakes are responsible for > 90 % of the global lake area (Pi et al., 2022), smaller lakes are exponentially more 25 

abundant (Seekell et al., 2013). The role that small lakes and ponds play in their surrounding landscape can hardly be 

overstated: Per area, smaller lakes and ponds contribute more to biodiversity (Biggs et al., 2017) and the retention of 

nutrients and sediments (Schmadel et al., 2019) than larger ones. During droughts, lakes and ponds can support their adjacent 
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ecosystems with water and thereby increase their resilience (Chen et al., 2023). In urban areas, lakes and ponds can 

significantly contribute to mental health (Völker and Kistemann, 2011) and help to mitigate urban heat island effects by 30 

evapotranspirative cooling (Targino et al., 2019). Small lakes and ponds can also be potent emitters of greenhouse gases like 

CH4 (Pi et al., 2022) and may thus contribute disproportionally to their area to global warming. This is especially true for 

water bodies used for aquaculture (Rosentreter et al., 2021; Waldemer and Koschorreck, 2023). 

However, the exact role that a small lake or pond plays for the adjacent ecosystems depends on its physical characteristics, 

such as connection to the river network, connection to groundwater, depth, catchment land cover, and its use (Banas et al., 35 

2008; Richardson et al., 2022; Schmadel et al., 2019; Swartz and Miller, 2021). While such characteristics are easy to collect 

for individual lakes, large sample studies, for example, can be assisted with the availability of such data (Meyer et al., 2024). 

Furthermore, representative subsets of lakes, e.g. for large-scale sampling campaigns, can be created based on a database of 

lake characteristics (Leech et al., 2018). An example of such a database is HydroLAKES (Messager et al., 2016) which 

globally describes lakes > 10 ha and their physical characteristics. A well-known national example is the LAGOS database 40 

from the continental United States which contains lakes and ponds > 1 ha (Cheruvelil et al., 2021). LAGOS has been used in 

a variety of large-scale studies and has been expanded multiple times (Hanly et al., 2024; King et al., 2021; Rodriguez et al., 

2023; Stachelek et al., 2022). 

On the German national scale, however, no such database exists yet. The only dedicated inventory contains ~800 large lakes 

and reservoirs (> 50 ha), which are monitored and reported according to the water framework directive (Völker et al. 2022). 45 

The available global products (e.g. HydroLAKES (Messager et al., 2016), Global Surface Water Explorer (Pekel et al., 

2016)) provide data on larger lakes and ponds (> 3 ha) (Ogilvie et al., 2018).  Studies on lake size distributions have revealed 

that the vast majority of lakes are smaller than that (Seekell et al., 2013). As small lakes are not just ecologically highly 

relevant, but also seem to be strongly affected by climate and land use change (Pi et al., 2022; Pilla et al., 2020), we consider 

a dedicated database on the national scale to be a stepping stone towards further understanding and protection of these 50 

ecosystems.  

To achieve this, we have combined publicly available data from all 16 German federal states to build a national scale 

database of small lakes and ponds ranging from 1.000 (0.1 ha or 0.001 km²) to 500.000 m2 (50 ha or 0.5 km2), the German 

Small Lake and Pond Inventory (GSLPI) which contains more than 262.433 lakes and ponds. In addition to their location 

and shape, we derived other highly relevant attributes such as relation to the river network, maximum depth and volume, 55 

etc., for each lake and pond. For lakes and ponds with a surface area > 1 ha (n=27.210), we also delineated surface 

catchments. We used the independent and publicly available data set OpenStreetMap to validate the German Small Lake and 

Pond Inventory. 

The GSLPI as well as the python scripts used to generate it are available via a Zendodo repository (Wachholz et al., 2024). 
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2 Data and methods 60 

2.1 Lake geometries 

The lake polygons, which are the basis of the GSLPI, were obtained from the official cadastral information systems digital 

landscape model (ATKIS Basis DLM, from here on referred to as DLM) of each federal state. This data is publicly available 

under the creative common’s licenses CC BY 4.0, CC ZERO 2.0, or CC BY 2.0, depending on the federal state (see Table 

S1 for details of data acquisition and licensing). 65 

 

From each federal state’s DLM, we retrieved all objects of the type ‘Standing water bodies’ (in German 

‘AX_Standgewässer’), which are defined as natural or artificial hollow forms of land surface filled with water and enclosed 

on all sides without any direct connection to the sea (BKG, 2024). In the DLM, harbors, which also fulfill this definition, are 

distinguished from other standing water bodies and were not considered in this work. Single standing water bodies often 70 

consist of multiple polygons in the DLM. To identify individual lakes, we added a one-meter buffer to all polygons and then 

combined all adjacent polygons. The geospatial operations were executed with the Python library GeoPandas (Jordahl et al., 

2020) and the code is available together with the data. This resulted in a total of 262.433 individual lakes and ponds ranging 

from 10 m2 to 500.000 m2 (50 ha or 0.5 km2), which were each given a unique identifier (LakeID). While the federal states 

DLMs should represent all standing water bodies > 1.000 m2, some states include even small water bodies (Fig. 2). For 75 

example, in Bavaria, most derived lake polygons were smaller than 1.000 m2. This heterogeneity between federal states had 

to be considered when national scale maps or lake density metrics were derived. For this study, we considered, as stated in 

the DLMs documentation, the lakes and ponds larger than 1.000 m2 (n= 178.194) to be continuously mapped across 

Germany. 

2.2 Lake attributes 80 

The attributes we derived for the lakes and ponds are summarized in Table 1. 

2.2.1 Geometry-related attributes 

For each lake and pond, we derived some morphological attributes (area, shoreline length, aspect ratio, shoreline 

development index) based on their polygons. The shoreline development index (SDI) is defined as  

𝑆𝐷𝐼 =  
𝐿

2√𝜋𝐴
            (1) 85 

Where L is the length of the lake’s shoreline in meters (circumference of the polygon) and A is its area in square meters. In 

principle, the index indicates the complexity of the shorelines’ form: a perfect circle has an SDI of 1. More complex forms 

lead to higher SDIs. As the SDI is scale-dependent, only lakes and ponds of similar size mapped at the same resolution 

should be compared unless some bias correction is applied (Seekell et al., 2022). The aspect ratio represents the ratio 

between the lake’s longest to its shortest axis. To identify these axes, we fitted rectangles to the lake’s polygons’ minimum 90 
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bounding geometries (Cheruvelil et al., 2021). While some lakes are poorly represented by rectangles, the aspect ratio 

nevertheless helps to identify elongated forms (high ratio) from square or round forms. We further derived the mean 

elevation of the lake and pond surfaces from the 10-meter national digital terrain model (BKG, 2016). 

2.2.2 Connection to other water bodies 

The connection between a standing water body and the river network is crucial when trying to understand its function in the 95 

surrounding landscape (Schmadel et al., 2019) and the landscape’s water budget (Bizhanimanzar et al., 2024). 

The river network used here also stems from the ATKIS Basis DLM. River segments with mean widths (during mean flow 

conditions) < 12 meters are represented as lines with a width class attribute (0-3, 3-6, 6-12 meters). The location of those 

lines is given with an accuracy of ± 3 meters (BKG, 2024).  River segments with a mean width greater than 12 meters are 

represented by polygons. To preserve the topological information, these large river polygons are further characterized by 100 

middle lines, which have been estimated by the respective federal authorities. Those middle lines have been supplemented 

by fictive connecting lines to connect tributaries or through standing water bodies ((BKG, 2024), Fig. S4). 

If the closest river to a lake or pond was wider than 12 meters, we computed the Euclidean distance to the river’s segments 

polygon center (Dist2RunningCenter) and to the rivers’ segments’ polygons edge (Dist2RunningEdge). If the closest river to 

a lake or pond was narrower than 12 meters, we computed the distance to the river segment line (Dist2RunningCenter) and 105 

reported the width category (RunningWidth) of that segments line (see Figure S1 for details). This approach allows users of 

the database to judge the connectivity between standing water bodies and the river network based on their definitions. We 

furthermore reported the number of intersections (NRivIntersections) between lake polygon and river networks, as well as 

the width class of the intersecting river segment (WidthIntersection) and its flow direction (into or out of the lake; 

FlowDirIntersection). 110 

 

For the distance between standing water bodies, we derived two attributes. The first was the Euclidean distance to the next 

standing water body as listed in the new GLSPI (Dist2Standing).  As only standing water bodies > 1000 m2 are continuously 

mapped in the DLM across the national scale, we calculated a second attribute (Dist2Standing1000) which is the Euclidean 

distance to the next standing water body ≥ 1000 m2. The first metric cannot be mapped continuously for the entire area of 115 

Germany, but it can help, e.g., to identify clusters of lakes. However, since the lakes < 1000 m2 are not mapped 

continuously, a Dist2Standing value > x meters cannot be interpreted as proof that there is indeed no standing water body 

within this range. The second metric (Dist2Standing1000) is only computed for lakes ≥ 1000 m2 and only considers 

neighboring lakes ≥ 1000 m2. It is therefore continuous for the entire Germany and can e.g. be used for map making (see Fig. 

1). All distance metrics were computed with the sjoin_nearest function of the Python library GeoPandas (Jordahl et al., 120 

2020).  
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We defined the attribute IsInFloodplain to distinguish lakes that are regularly flooded. For this, we used the River flood 

hazard maps for Europe and the Mediterranean Basin region (Dottori et al., 2021) with a 10-year return period. 

2.2.3 Small lake or pond depth and volume 125 

The depth of lakes and ponds is a key determinant of their ecological functioning. In deeper water bodies, the majority of 

primary production is more likely to be caused by phytoplankton, while in shallower water bodies submerged or emergent 

vegetation can play a major role (Richardson et al., 2022). Lake depth is furthermore a good predictor for other relevant lake 

attributes, such as mixing regime, timing of the seasonal ice cover, and water quality parameters (Ganz et al., 2024).  

We estimated the lake or pond’s maximal depth and volume by using the method from (Heathcote et al., 2015), who used the 130 

slope of the surrounding landscape. We derived the slope of the surrounding landscape for each lake from the national digital 

terrain model at 10 meters resolution (BKG, 2016). We validated the results by comparing estimated maximal depths with 

observations from ~1.600 bathymetric surveys for lakes provided by the federal state agency for environment, nature 

conservation and geology of Mecklenburg-Western Pomerania (LUNG) and the Bavarian state agency for the environment 

(LfU). 135 

2.3 Small lake or pond catchments 

The composition of a lake’s or pond’s catchment can provide valuable information on its water quality and ecological state 

(Davies et al., 2008; Novikmec et al., 2016). For lakes and ponds with an area larger than 1 ha (10.000 m2, n≈27.200) we 

derived the surface catchments based on the national digital terrain model at 10 meters resolution (BKG, 2016) using the 

Python library pysheds (Bartos et al., 2024). For each 10 m x 10 m raster cell from the digital terrain model which was on 140 

the lake shoreline, we delineated a catchment and then combined all resulting catchments to get the entire catchment of the 

lake or pond. We used Corine Land Cover data (EEA, 2018) to estimate how much of the catchment is covered by 

agricultural, forest, and urban areas, etc. 

 

 145 
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 155 

Table 1: Short description of all attributes derived for the lake/ ponds, including their storage location in the 

database. 

Attribute Description Unit/ 

data type 

Filename 

LakeID Primary Key for each lake polygon  - LakeGeometries 

FedState Name of the federal state in which the center of the 

lake or pond is located. 

- LakeGeometries 

LakeArea Size of the lake polygon. [m2] LakeGeometries 

LakeShore Circumference of the lake polygon. [m] LakeGeometries 

SDI Shoreline development index. [-] LakeGeometries 

AspctRatio Ratio between the lake’s or pond’s longest and 

shortest axis. 

[-] LakeGeometries 

LakeElevation Elevation of the lake polygon above sea level. [m] LakeAttributes 

SimZmax Simulated maximal depth of the lake / pond. [m] LakeAttributes 

SimZmean Simulated maximal depth of the lake / pond divided by 

lake / pond area. 

[m] LakeAttributes 

SimVolume Simulated volume of the lake / pond. [m3] LakeAttributes 

Dist2RunningEdge Distance to the edge of the next river. Only if next 

river is wider than 12 meters. 

[m] LakeAttributes 

Dist2RunningCenter Distance to the center of the next river. [m] LakeAttributes 

WidthRunning Width class (0-3 m as 3, 3-6 m as 6, 6-12 m as 12, >12 

m as 13) of the next river. 

[m] LakeAttributes 

IsInFloodplain Is within the flooded area (return period 10 years). Boolean LakeAttributes 

Dist2Standing Distance to the next lake / pond. [m] LakeAttributes 

Dist2Standing1000 See above, but only for lakes > 1.000 m2. [m] LakeAttributes 

CatchmentArea For water bodies > 1 ha (10.000 m2). Size of the 

catchment polygon. 

[m2] CatchmentGeometries 

f_clc_lvl3 Fraction of catchment covered by Corine level 3 land 

cover class. 

[-] CatchmentLandcover 

NRivIntersections Number of intersections between lake / pond and river 

network. 

 LakeAttributes 

MaxWidthIntersection Maximal width (see WidthRunning) from intersecting [m] LakeAttributes 
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streams/ rivers. 

WidthIntersection Width of each river – lake/ pond intersection. [m] LakeRivNetIntersectionStats 

FlowDirIntersection Flow direction of each river – lake/ pond intersection. [in, out] LakeRivNetIntersectionStats 

 

 

2.4 Validation 160 

The code used to retrieve OpenStreetMap (OSM) data is available together with the data. In our selection process, we 

queried the OSM API for features classified as ways and relations of the type "water," explicitly excluding those marked as 

rivers or streams. We then investigated the “type” of the resulting features and selected 'pond', 'reservoir', 'lake', 'drain', 

'oxbow', 'lock', 'fishpond', 'moat', 'natural'. This approach yielded approximately 700,000 water bodies ranging in size from 1 

to 500,000 m² which can be found add reference. We then analyzed the overall distribution of lake areas and identified lakes 165 

that are mapped in OSM but not included in the GSLPI. 

3 Results and discussion 

3.1 Lake geometries 

In total, we were able to identify 262.433 small lakes and ponds in Germany, covering 1.2 % of the entire state. 178.194 of 

those are larger than 1.000 m2. They show a characteristic distribution across Germany, with high densities occurring in 170 

central and northern Bavaria, as well as Mecklenburg-Western Pomerania and Schleswig-Holstein (Fig. 1). High densities of 

lakes and ponds in northern Germany are associated with young moraine landscapes while those in northern Bavaria are 

largely artificial pond landscapes, created since medieval times by localized damming of small rivers for fish farming 

(Federal Ministry of the Environment, Nature Conservation and Nuclear Safety, 2003). Another prominent area of high land 

and pond densities are the large river valleys of the Elbe and Danube rivers as well as their larger tributaries. These 175 

waterbodies are either oxbows formed through natural processes or during river straightening, or excavation lakes that have 

filled pits created by the mining of riverine deposits (Federal Ministry of the Environment, Nature Conservation and Nuclear 

Safety, 2003). 

While the DLM aims to capture lakes larger than 1.000 m2, some of the federal states report significant numbers of smaller 

lakes and ponds (Fig. 2). In Bavaria for example, more than 50 % of all reported lakes and ponds are smaller than 1.000 m2. 180 

In federal states with high numbers of lakes and ponds < 1.000 (Bavaria, Saxony, and Lower Saxony), we found a 

correlation between the occurrence of lakes and ponds < 1.000 m2 with those ≥ 1.000 m2. This indicates that, in areas of high 

lake and pond density, smaller lakes are more likely to be mapped (Fig. S2). Compared to lakes ≥ 500.000 m2, the 

distribution of smaller lakes is highly heterogeneous across the federal states: in Mecklenburg-Western Pomerania, two 
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thirds of the total lake area are covered by these large lakes. In the Saarland, > 80 % of the total lake area consists of lakes < 185 

500.000 m2 (Fig. 2b). 

This should be considered when national maps, e.g. of lake density, are created as lakes < 1.000 m2 are not mapped over the 

entire area of Germany. The same applies to metrics such as lake-to-lake distances, which will be lower in the federal states 

that mapped lakes < 1.000 m2. 

 190 

 

Figure 1: Density of small lakes and ponds (between 1.000 and 500.000 m2) per square kilometer. A 5 x 5-kilometer grid was used 

to calculate the density. 
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 205 

 

 

 

Figure 2: (a) Number and (b) share of federal state area covered by of lakes and ponds of different size classes per federal state. 

Lakes > 500.000 m2 fall under the reporting obligation of the water framework directive and are not included in the GSLPI. As 210 
lakes of the size category > 500.000 m2 are few in numbers, they are not visible in the bar chart of panel a. 

 

3.2 Lake attributes 

3.2.1 Lake geometry attributes 

The aspect ratio, which is the ratio between the longest and shortest axis of a geometric object, of lakes and ponds in the 215 

GSLPI varies between 1 and 7.3, with a median of 1.8 (Fig. 3b). This indicates that most lakes are slightly elongated. It has 

to be considered that the aspect ratio is calculated based on the longest and shortest axis of the water bodies minimum 

bounding geometries (Cheruvelil et al., 2021) and might not be appropriate for more complex geometries.  

The shoreline development factor (SDF) ranges from 1 to 8 (data not shown), but cannot be interpreted across different water 

body sizes as it highly correlates with lake or pond area (Seekell et al., 2022). 220 
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Lake elevation shows a bi-modal distribution with peaks at 0 and 490 meters above sea level (Fig. 3c). This reflects the high 

density of lakes in the northern German lowlands, but also in the low mountain ranges of Bavaria, Saxony, and Thuringia. 

3.2.1 Depth and volume 

The simulated maximum depth of the GSLPI ranges from 0 to 170 meters, with a median of 1.5 meters (Fig. 3d).  Predicting 

the depth of a lake from catchment attributes is however highly uncertain (Ganz et al., 2024). Testing our maximum depth, 225 

mean depth, and volume predictions against ~1.600 bathymetric maps affirmed this: While the prediction of maximum depth 

was only slightly biased (underestimation of 6.1 %, Fig. S3) the root mean square error (RMSE) was 7 meters. Predictions of 

mean depth and volume significantly underestimated the observed values (50 and 70 % respectively, Fig. S3). 

3.2.2 Depth and volume 

Overall, many lakes and ponds are closely associated with the river network.  32 % of the lakes and ponds are within the 230 

positional error (three meters, see Section 2.2.2) of the river network and could therefore have a direct connection to it 

(Figure 3f, g). Half of the lakes and ponds are within 15 meters of the river network (Figure 3f, g). Most of the lakes and 

ponds with direct connections to the river network have at least two intersections with the river network (see Fig. 3i) and can 

be considered “flow-through” lakes. 7 % of all lakes have outflows, but no inflows, and 2 % have in- but not outflows (data 

not shown). It has to be acknowledged that those categorizations are only feasible for lakes and ponds that are directly 235 

connected to the river network. Also, note that lakes that are connected via groundwater will be missed with our 

methodology. Lakes and ponds within the positional error of the river network but with no connection to it (see Section 

2.2.2) cannot be classified.  

35 % of all lakes and ponds larger than 1.000 m2 are within 50 meters of each other (Figure 3h). This attribute is likely to be 

spatially very heterogeneous with low lake-lake distances in Bavaria (Fig. 1). 8 % of all small lakes and ponds are located 240 

within active floodplains (defined by areas flooded with a return period of 10 years), covering 7 % of the entire active 

floodplain area 

3.2.3 Catchment area and land cover 

Catchment area is expected to increase linearly or exponentially with lake area in logarithmic space (Walter et al., 2020), 

which is congruent with the findings in this study (Fig. S5).  245 

The land cover of the lake’s and pond’s catchments is heterogeneously distributed between forest, agriculture, and urban 

areas etc.: 55 % of the catchments have no urban areas, 38 % no forest areas while only 14 % have no share of agriculture 

within their catchment (Fig. S6). On average, the catchments are covered by 50 % agricultural areas, 39 % forested areas, 10 

% urban areas, 2 % wetlands, and 6 % water bodies. 

 250 
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 255 

 

 

Figure 3: Normalized histograms (left y axis) and cumulative frequency distributions (right y-axis) for a selection of the derived 

lake attributes. Each histogram (except panel i) shows the data from the minimum value to the 99th percentile distributed across 

20 bins. 260 

 

https://doi.org/10.5194/essd-2024-563
Preprint. Discussion started: 27 January 2025
c© Author(s) 2025. CC BY 4.0 License.



12 

 

 

 

 

3.3 Validation 265 

To evaluate the accuracy of lake areas in the federal states' DLM, we compared it with waterbodies collected from 

OpenStreetMap (OSM). Although OSM is not peer-reviewed, it is compiled independently of the DLM and is thus 

unaffected by the federal system. This makes it a useful independent reference for identifying potential issues with the 

GSLPI. 

Overall, the GLSPI has ca. 70.000 more lakes in the range of 1.000 – 500.000 m2 than OSM (Fig. 4a). 85 % of the OSM 270 

lakes can be found in the GSLPI (Fig. 4c, d). The lakes and ponds that exist in both datasets tend to be larger in the GSLPI 

(Fig. 4b). This effect seems to decrease with increasing lake and pond size. The recovery rate (% of lakes from OSM found 

in GSLPI) increases with lake size in a non-linear fashion (Fig. 4c). A possible issue with the collected data could be 

different mapping practices between the federal states. While we could not exclude this, the fact that in most federal states 85 

– 98 % of lakes could be recovered leads us to conclude that different mapping practices could be of minor concern. Only 275 

the city-state of Bremen has a lower recovery rate of 55 %, meaning that almost half the lakes and ponds from OSM were 

absent in the GSLPI. The fact that the federal state of Bremen only consists of two cities might hint towards an 

underrepresentation of small lakes and ponds in urban areas. Hamburg and Berlin, the other city-states, have however high 

recovery rates which indicate that this is a local issue.  

Based on these findings, we consider the GSLPI to be the currently most comprehensive lake inventory for Germany. 280 

However, it remains unclear to what extent the small lakes and ponds are permanent. Usually, smaller ponds have a higher 

probability of being temporary, especially during droughts (Chumchal et al., 2016). 
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 295 

 

 

Figure 4: Results of the comparison between the German small lake and pond inventory (GSLPI) and the standing water bodies 

retrieved from openstreetmaps (OSM). (a) shows the log-log size abundance plot for both data sets. In (b) lake surface areas from 

both data sets are compared. The black line indicates perfect correlation. The recovery rate (c, d) is the share of lakes from OSM 300 
which also exist in the GSLPI shown as a function of lake area (c) and federal state (d). 
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4. Conclusions 

Here we have compiled an open-access inventory of small lakes (< 500.000 m2, 50 ha or 0.5 km2) and ponds (< 50.000 m2 or 

5 ha) at the national level for Germany. We used other publicly available data sets to add attributes such as depth, volume, 

and relationship to the river network. This data can be used by scientists, policymakers, or practitioners for various purposes. 310 

These can include selecting representative samples of lakes for field studies, improving hydrologic models, or public 

information. With the increasing availability of high-resolution remote sensing technology, this database can be the 

foundation of large-scale, low-cost monitoring programs helping to protect these vital ecosystems. Given the critical role 

small lakes and ponds play in providing ecosystem services and their vulnerability to climate change, this inventory offers 

crucial support for informed environmental management. 315 

5. Data and code availability 

The GSLPI as well as the python scripts used to generate it are available in a Zendodo repository at 

https://doi.org/10.5281/zenodo.14228168 (Wachholz et al., 2024). 
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References 

Banas, D., Masson, G., Leglize, L., Usseglio-Polatera, P., and Boyd, C. E.: Assessment of sediment concentration and 

nutrient loads in effluents drained from extensively managed fishponds in France, Environmental Pollution, 152, 679–685, 

https://doi.org/10.1016/j.envpol.2007.06.058, 2008. 

 325 

Biggs, J., Von Fumetti, S., and Kelly-Quinn, M.: The importance of small waterbodies for biodiversity and ecosystem 

services: implications for policy makers, Hydrobiologia, 793, 3–39, https://doi.org/10.1007/s10750-016-3007-0, 2017. 

 

Bizhanimanzar, M., Larocque, M., and Roux, M.: Improvement of SOIL WATER ASSESSMENT TOOL (SWAT) wetland 

module for modelling of ephemeral pond hydrology, Hydrological Processes, 38, e15114, https://doi.org/10.1002/hyp.15114, 330 

2024. 

 

BKG: Digital terrain model grid width 10 m (DGM10), https://www.bkg.bund.de/, 2016. 

https://doi.org/10.5194/essd-2024-563
Preprint. Discussion started: 27 January 2025
c© Author(s) 2025. CC BY 4.0 License.



15 

 

 

BKG: Dokumentation Digitales Basis-Landschaftsmodell, 335 

https://sg.geodatenzentrum.de/web_public/gdz/dokumentation/deu/ATKIS-OK%20Basis-DLM%206_0.pdf, last accessed on 

the 4th of November, 2024, 2024. 

 

Chen, L., Sofia, G., Qiu, J., Wang, J., and Tarolli, P.: Grassland ecosystems resilience to drought: The role of surface water 

ponds, Land Degrad Dev, 34, 1960–1972, https://doi.org/10.1002/ldr.4581, 2023. 340 

 

Cheruvelil, K. S., Soranno, P. A., McCullough, I. M., Webster, K. E., Rodriguez, L. K., and Smith, N. J.: LAGOS-US 

LOCUS v1.0: Data module of location, identifiers, and physical characteristics of lakes and their watersheds in the 

conterminous U.S., Limnology and Oceanography Letters, 6, 270–292, https://doi.org/10.1002/lol2.10203, 2021. 

 345 

Chumchal, M., Drenner, R., and Adams, K.: Abundance and size distribution of permanent and temporary farm ponds in the 

southeastern Great Plains, IW, 6, 258–264, https://doi.org/10.5268/IW-6.2.954, 2016. 

 

Davies, B. R., Biggs, J., Williams, P. J., Lee, J. T., and Thompson, S.: A comparison of the catchment sizes of rivers, 

streams, ponds, ditches and lakes: implications for protecting aquatic biodiversity in an agricultural landscape, 350 

Hydrobiologia, 597, 7–17, https://doi.org/10.1007/s10750-007-9227-6, 2008. 

 

Dottori, F., Alfieri, L., Bianchi, A., Skoien, J., and Salamon, P.: River flood hazard maps for Europe and the Mediterranean 

Basin region, https://doi.org/10.2905/1D128B6C-A4EE-4858-9E34-6210707F3C81, 2021. 

 355 

EEA: Corine land cover (CLC) 2018, https://doi.org/10.2909/71c95a07-e296-44fc-b22b-415f42acfdf0, 2018. 

 

EU: Water framework directive, 2000. Accessed at https://ec.europa.eu/environment/water/water-framework/ on the 4th of 

August, 2021. 

 360 

Federal Ministry of the Environment, Nature Conservation and Nuclear Safety: Hydrological Atlas of Germany, 

https://doi.org/10.2909/71c95a07-e296-44fc-b22b-415f42acfdf0, last accessed on the 1st of November, 2024,  2003. 

 

Ganz, K. J., Glines, M. R., and Rose, K. C.: The distribution of depth, volume, and basin shape for lakes in the conterminous 

United States, Limnology and Oceanography, 69, 22–36, https://doi.org/10.1002/lno.12475, 2024. 365 

 

https://doi.org/10.5194/essd-2024-563
Preprint. Discussion started: 27 January 2025
c© Author(s) 2025. CC BY 4.0 License.



16 

 

Hanly, P. J., Webster, K. E., and Soranno, P. A.: LAGOS-US LANDSAT: Remotely sensed water quality estimates for U.S. 

lakes over 4 ha from 1984 to 2020, https://doi.org/10.1101/2024.05.10.593626, 14 May 2024. 

 

Heathcote, A. J., del Giorgio, P. A., and Prairie, Y. T.: Predicting bathymetric features of lakes from the topography of their 370 

surrounding landscape, Can. J. Fish. Aquat. Sci., 72, 643–650, https://doi.org/10.1139/cjfas-2014-0392, 2015. 

 

Heino, J., Alahuhta, J., Bini, L. M., Cai, Y., Heiskanen, A., Hellsten, S., Kortelainen, P., Kotamäki, N., Tolonen, K. T., 

Vihervaara, P., Vilmi, A., and Angeler, D. G.: Lakes in the era of global change: moving beyond single‐lake thinking in 

maintaining biodiversity and ecosystem services, Biological Reviews, 96, 89–106, https://doi.org/10.1111/brv.12647, 2021. 375 

 

Jordahl, K., Bossche, J. V. D., Fleischmann, M., Wasserman, J., McBride, J., Gerard, J., Tratner, J., Perry, M., Badaracco, A. 

G., Farmer, C., Hjelle, G. A., Snow, A. D., Cochran, M., Gillies, S., Culbertson, L., Bartos, M., Eubank, N., Maxalbert, 

Bilogur, A., Rey, S., Ren, C., Arribas-Bel, D., Wasser, L., Wolf, L. J., Journois, M., Wilson, J., Greenhall, A., Holdgraf, C., 

Filipe, and Leblanc, F.: geopandas/geopandas: v0.8.1, , https://doi.org/10.5281/ZENODO.3946761, 2020. 380 

King, K. B. S., Wang, Q., Rodriguez, L. K., and Cheruvelil, K. S.: Lake networks and connectivity metrics for the 

conterminous U.S. (LAGOS-US NETWORKS v1), Limnology and Oceanography Letters, 6, 293–307, 

https://doi.org/10.1002/lol2.10204, 2021. 

 

Leech, D. M., Pollard, A. I., Labou, S. G., and Hampton, S. E.: Fewer blue lakes and more murky lakes across the 385 

continental U.S.: Implications for planktonic food webs, Limnology and Oceanography, 63, 2661–2680, 

https://doi.org/10.1002/lno.10967, 2018. 

 

Matt Bartos, Trevor James Smith, Ryan Grout, itati01, Rick Debbout, Philipp Kraft, Matthew Plough, David Huard, and 

Jonathan King: mdbartos/pysheds: 0.4, https://doi.org/10.5281/ZENODO.3822494, 2024. 390 

 

Messager, M. L., Lehner, B., Grill, G., Nedeva, I., and Schmitt, O.: Estimating the volume and age of water stored in global 

lakes using a geo-statistical approach, Nat Commun, 7, 13603, https://doi.org/10.1038/ncomms13603, 2016. 

 

Meyer, M. F., Topp, S. N., King, T. V., Ladwig, R., Pilla, R. M., Dugan, H. A., Eggleston, J. R., Hampton, S. E., Leech, D. 395 

M., Oleksy, I. A., Ross, J. C., Ross, M. R. V., Woolway, R. I., Yang, X., Brousil, M. R., Fickas, K. C., Padowski, J. C., 

Pollard, A. I., Ren, J., and Zwart, J. A.: National-scale remotely sensed lake trophic state from 1984 through 2020, Sci Data, 

11, 77, https://doi.org/10.1038/s41597-024-02921-0, 2024. 

 

https://doi.org/10.5194/essd-2024-563
Preprint. Discussion started: 27 January 2025
c© Author(s) 2025. CC BY 4.0 License.



17 

 

Novikmec, M., Hamerlík, L., Kočický, D., Hrivnák, R., Kochjarová, J., Oťaheľová, H., Paľove-Balang, P., and Svitok, M.: 400 

Ponds and their catchments: size relationships and influence of land use across multiple spatial scales, Hydrobiologia, 774, 

155–166, https://doi.org/10.1007/s10750-015-2514-8, 2016. 

 

Ogilvie, A., Belaud, G., Massuel, S., Mulligan, M., Le Goulven, P., and Calvez, R.: Surface water monitoring in small water 

bodies: potential and limits of multi-sensor Landsat time series, Hydrology and Earth System Sciences, 22, 4349–4380, 405 

https://doi.org/10.5194/hess-22-4349-2018, 2018. 

 

Pekel, J.-F., Cottam, A., Gorelick, N., and Belward, A. S.: High-resolution mapping of global surface water and its long-term 

changes, Nature, 540, 418–422, https://doi.org/10.1038/nature20584, 2016. 

 410 

Pi, X., Luo, Q., Feng, L., Xu, Y., Tang, J., Liang, X., Ma, E., Cheng, R., Fensholt, R., Brandt, M., Cai, X., Gibson, L., Liu, 

J., Zheng, C., Li, W., and Bryan, B. A.: Mapping global lake dynamics reveals the emerging roles of small lakes, Nat 

Commun, 13, 5777, https://doi.org/10.1038/s41467-022-33239-3, 2022. 

 

Pilla, R. M., Williamson, C. E., Adamovich, B. V., Adrian, R., Anneville, O., Chandra, S., Colom-Montero, W., Devlin, S. 415 

P., Dix, M. A., Dokulil, M. T., Gaiser, E. E., Girdner, S. F., Hambright, K. D., Hamilton, D. P., Havens, K., Hessen, D. O., 

Higgins, S. N., Huttula, T. H., Huuskonen, H., Isles, P. D. F., Joehnk, K. D., Jones, I. D., Keller, W. B., Knoll, L. B., 

Korhonen, J., Kraemer, B. M., Leavitt, P. R., Lepori, F., Luger, M. S., Maberly, S. C., Melack, J. M., Melles, S. J., Müller-

Navarra, D. C., Pierson, D. C., Pislegina, H. V., Plisnier, P.-D., Richardson, D. C., Rimmer, A., Rogora, M., Rusak, J. A., 

Sadro, S., Salmaso, N., Saros, J. E., Saulnier-Talbot, É., Schindler, D. E., Schmid, M., Shimaraeva, S. V., Silow, E. A., 420 

Sitoki, L. M., Sommaruga, R., Straile, D., Strock, K. E., Thiery, W., Timofeyev, M. A., Verburg, P., Vinebrooke, R. D., 

Weyhenmeyer, G. A., and Zadereev, E.: Deeper waters are changing less consistently than surface waters in a global analysis 

of 102 lakes, Sci Rep, 10, 20514, https://doi.org/10.1038/s41598-020-76873-x, 2020. 

 

Richardson, D. C., Holgerson, M. A., Farragher, M. J., Hoffman, K. K., King, K. B. S., Alfonso, M. B., Andersen, M. R., 425 

Cheruveil, K. S., Coleman, K. A., Farruggia, M. J., Fernandez, R. L., Hondula, K. L., López Moreira Mazacotte, G. A., Paul, 

K., Peierls, B. L., Rabaey, J. S., Sadro, S., Sánchez, M. L., Smyth, R. L., and Sweetman, J. N.: A functional definition to 

distinguish ponds from lakes and wetlands, Sci Rep, 12, 10472, https://doi.org/10.1038/s41598-022-14569-0, 2022. 

 

Rodriguez, L. K., Polus, S. M., Matuszak, D. I., Domka, M. R., Hanly, P. J., Wang, Q., Soranno, P. A., and Cheruvelil, K. 430 

S.: LAGOS-US RESERVOIR: A database classifying conterminous U.S. lakes 4 ha and larger as natural lakes or reservoir 

lakes, Limnology and Oceanography Letters, 8, 267–285, https://doi.org/10.1002/lol2.10299, 2023. 

 

https://doi.org/10.5194/essd-2024-563
Preprint. Discussion started: 27 January 2025
c© Author(s) 2025. CC BY 4.0 License.



18 

 

Rosentreter, J. A., Borges, A. V., Deemer, B. R., Holgerson, M. A., Liu, S., Song, C., Melack, J., Raymond, P. A., Duarte, C. 

M., Allen, G. H., Olefeldt, D., Poulter, B., Battin, T. I., and Eyre, B. D.: Half of global methane emissions come from highly 435 

variable aquatic ecosystem sources, Nat. Geosci., 14, 225–230, https://doi.org/10.1038/s41561-021-00715-2, 2021. 

 

Schmadel, N. M., Harvey, J. W., Schwarz, G. E., Alexander, R. B., Gomez‐Velez, J. D., Scott, D., and Ator, S. W.: Small 

Ponds in Headwater Catchments Are a Dominant Influence on Regional Nutrient and Sediment Budgets, Geophys. Res. 

Lett., 46, 9669–9677, https://doi.org/10.1029/2019GL083937, 2019. 440 

 

Seekell, D., Cael, B. B., and Byström, P.: Problems With the Shoreline Development Index—A Widely Used Metric of Lake 

Shape, Geophysical Research Letters, 49, e2022GL098499, https://doi.org/10.1029/2022GL098499, 2022. 

Seekell, D. A., Pace, M. L., Tranvik, L. J., and Verpoorter, C.: A fractal‐based approach to lake size‐distributions, 

Geophysical Research Letters, 40, 517–521, https://doi.org/10.1002/grl.50139, 2013. 445 

 

Stachelek, J., Hanly, P. J., and Soranno, P. A.: Imperfect slope measurements drive overestimation in a geometric cone 

model of lake and reservoir depth, Inland Waters, 12, 283–293, https://doi.org/10.1080/20442041.2021.2006553, 2022. 

 

Swartz, T. M. and Miller, J. R.: The American Pond Belt: an untold story of conservation challenges and opportunities, 450 

Frontiers in Ecology and the Environment, 19, 501–509, https://doi.org/10.1002/fee.2381, 2021. 

 

Targino, A. C., Coraiola, G. C., and Krecl, P.: Green or blue spaces? Assessment of the effectiveness and costs to mitigate 

the urban heat island in a Latin American city, Theor Appl Climatol, 136, 971–984, https://doi.org/10.1007/s00704-018-

2534-1, 2019. 455 

 

Völker, S. and Kistemann, T.: The impact of blue space on human health and well-being – Salutogenetic health effects of 

inland surface waters: A review, International Journal of Hygiene and Environmental Health, 214, 449–460, 

https://doi.org/10.1016/j.ijheh.2011.05.001, 2011. 

 460 

Wachholz, A.: [Data set] German small lake and pond inventory (GSLPI). Zenodo, doi: 10.5281/zenodo.14228168,  2024. 

 

Waldemer, C. and Koschorreck, M.: Spatial and temporal variability of greenhouse gas ebullition from temperate freshwater 

fish ponds, Aquaculture, 574, 739656, https://doi.org/10.1016/j.aquaculture.2023.739656, 2023. 

 465 

Walter, J. A., Fleck, R., Pace, M. L., and Wilkinson, G. M.: Scaling relationships between lake surface area and catchment 

area, Aquat Sci, 82, 47, https://doi.org/10.1007/s00027-020-00726-y, 2020. 

https://doi.org/10.5194/essd-2024-563
Preprint. Discussion started: 27 January 2025
c© Author(s) 2025. CC BY 4.0 License.


