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Abstract. The surface elevation of the Greenland Ice Sheet is constantly changing due to the interplay between surface mass
balance processes and ice dynamics, each exhibiting distinct spatiotemporal patterns. Here, we employ satellite and airborne
altimetry data with fine spatial (1 km) and temporal (monthly) resolutions to document this spatiotemporal evolution from
January 2003 to August 2023. To estimate eclevation changes of the Greenland Ice Sheet (GIS), we utilize radar altimetry
data from CryoSat-2 and EnviSat, laser altimetry data from the ICESat and ICESat-2, and laser altimetry data from NASA’s
Operation IceBridge Airborne Topographic Mapper. We produce continuous monthly ice surface elevation changes from
January 2003 to August 2023 on a 1 km grid covering the entire GIS. We estimate cumulative ice loss of 4,352 Gt + 315 Gt
(12.1 £ 0.9 mm sea level equivalent) during this period, excluding peripheral glaciers. Between 2003 and 2023, the ice sheet
land-terminating margin underwent a significant cumulative thinning of several meters. Ocean-terminating glaciers exhibited

thinning between 20—40 m, with Jakobshavn Isbra experiencing an exceptional thinning of nearly 70 m. This dataset of fine-
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resolution altimetry data in both space and time will support studies of ice mass loss and useful for GIS ice sheet modelling.
To validate our monthly mass changes of the Greenland ice sheet, we use mass change from satellite gravimetry and mass
change from the Input-Output method. On multiannual timescales, there is a strong correlation between the time series, with

R values ranging from 0.88 to 0.92.

1 Introduction

Over the last three decades, satellite-based observations have revealed unprecedented details regarding the Greenland Ice
Sheet’s (GIS) mass balance and its response to a warming climate. This wealth of satellite data has not only allowed for the
quantification of mass loss, but also offered insights into the complex interactions between atmospheric, oceanic, and
glaciological processes influencing the ice sheet’s response (Box et al., 2022; Khan et al., 2022a; Sasgen et al., 2020; van
den Broeke et al., 2016; Wood et al., 2021). The Gravity Recovery and Climate Experiment (GRACE) and GRACE Follow-
On (FO) missions have played a crucial role in this endeavor, revealing a significant ice loss of 4,550 = 784 gigatons (Gt)
(equivalent to 12.6 £ 2.2 mm of sea level equivalent, SLE) during the period from 2002 to 2019 (Velicogna et al., 2020). The
input—output method (IOM), which generates the longest continuous time series of mass change among the most commonly
used methods, indicates an accelerated mass loss for the GIS over the past four decades (Mouginot et al., 2019; Mankoff et
al., 2021). Notably, IOM permits separation of the total mass loss into its component processes, which indicates that ice
discharge remained relatively constant from 1972 to 2002 and thereafter escalated due to the acceleration of multiple outlet
glaciers.

Satellite and airborne altimetry, on the other hand, present a direct measurement approach for tracking changes in the ice
sheet thickness, expressed as changes in surface elevation at a finer spatial resolution of a few kilometers. Previous altimetry
studies have relied on observations from a single satellite mission or the fusion of multi-sensor data to estimate trends over
varying time intervals, typically ranging between 1 to 10 years (Bamber and Dawson, 2020; Csatho et al., 2014; Gardner et
al., 2013; Helm et al., 2014; Hurkmans et al., 2014; Schenk et al., 2014; Shepherd et al., 2020; Benjamin Smith et al., 2021,
Benjamin Smith et al., 2019; Sorensen et al., 2018; Winstrup et al., 2024). Few studies have produced sub-annual elevation
change estimates. Smith et al. (2023) used ICESat-2 to measure the net surface-height change of the GIS at 3-month
resolution to validate surface-height differences predicted by three combinations of climate- and firn-densification models.
Slater et al. (2021) used CryoSat-2 satellite altimetry during 2011-2020 to produce direct measurements of Greenland’s
runoff variability, based on seasonal changes in the ice sheet’s surface elevation. However, they relied on average values
over the entire ablation zone. Lai and L. Wang (2021) estimated GIS surface elevation changes with a 30-day resolution and
a 5.5 km x 5.5 km spatial resolution using altimetry data from ICESat-1, CryoSat-2, and ICESat-2 from 2003 to 2020. Their
approach allows for the integration of surface elevations measured by multiple missions by estimating a mission-dependent

bias parameter. Ravinder et al. (2024) used CryoSat-2 and ICESat-2 data to estimate seasonal and interannual elevation
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changes and showed good agreement between CryoSat-2 and ICESat-2, with the best agreement occurring in North

Greenland, where the measurements are relatively dense.

Typically, the spatial and temporal resolution of elevation change products is constrained by the resolution of satellite
ground tracks. Satellite altimetry generally provides 2-5 repeat measurements per year over the same location. To achieve
higher temporal resolution, such as monthly measurements, elevation changes must be averaged over a large area, resulting
in coarse spatial resolution. Alternatively, combining observations with a model representing ice surface changes can
achieve both high spatial and temporal resolution. This study employs the latter approach. We enhance the method from
Khan et al. (2022a) to generate continuous monthly surface elevation changes from 2003 to 2023 on a 1 km grid covering the
entire Greenland Ice Sheet. This new dataset, alongside other recent sub-annual elevation change estimates, forms a basis for
detecting and understanding short-term mass loss fluctuations on both local and regional scales and their impact on long-

term trends.

2. Input Data
2.1 Radar and laser altimetry data

To estimate the monthly mass changes of the Greenland Ice Sheet (GIS) from January 2003 to August 2023, we utilize the
following datasets: (1) radar altimetry data from ESA’s CryoSat-2 mission (Wingham et al., 2006), (2) radar altimetry data
from ESA’s Environmental Satellite (EnviSat) (Rémy et al., 2015), (3) laser altimetry data from the Ice, Cloud, and land
Elevation Satellite (ICESat) (Zwally et al., 2014), (4) laser altimetry data from the Ice, Cloud, and land Elevation Satellite-2
(ICESat-2) (Smith et al., 2021), and (5) laser altimetry data from NASA’s Operation IceBridge Airborne Topographic
Mapper (ATM) flights (Studinger, 2020) (see Figure 1).
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Figure 1. Temporal coverage of the airborne and satellite altimetry missions used to estimate monthly elevation changes.



CryoSat-2: We incorporate all available CryoSat-2 data covering the Greenland ice sheet from November 2010 to August
2023. Data processing follows Khan et al. (2022), utilizing overlapping ground tracks to generate surface elevation time
series. Points with series shorter than three years were excluded. The spatial coverage of CryoSat-2 elevation time series is
95 illustrated in Figure 2, showing sparse data in regions with steep slopes, such as the central west Greenland terminus of
Jakobshavn Isbra (Figure 2¢). Overall, we use approximately 1.024 billion single point measurements to create about 10.5

million point time series.
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Figure 2. (a) Spatial coverage of points with elevation time series from CryoSat-2. (b) Elevation time series in northeast Greenland.
(¢) Elevation time series at Jakobshavn Isbrae. The colorbar denotes ice surface elevation.

EnviSat: We use all available EnviSat data from August 2002 to March 2012, processed similarly to CryoSat-2 data.

105 Overlapping ground tracks are employed to create surface elevation time series, excluding points with series shorter than



three years. In total, we utilize about 328.6 million single point measurements to generate approximately 2.0 million point

time series (figure 3a).
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Figure 3. Spatial coverage of points with elevation time series from (a) EnviSat, (b) ICESat, and (c) ICESat-2.
ICESat: We include all available ICESat data from February 2003 to September 2009 (Schenk and Csatho, 2012; Smith et
al., 2020; Zwally et al., 2014), specifically using GLAS/ICESat L2 Global Antarctic and Greenland Ice Sheet Altimetry Data
(HDFS5), Version 34 (Zwally, 2014). Points with overlapping ground tracks are used to create surface elevation time series,
115 excluding those shorter than three years. This results in the use of about 303.8 million single point measurements to produce
approximately 3.4 million point time series. Figure 3b shows the coverage of ICESat point time series.
ICESat-2: All available ICESat-2 data from November 2018 to August 2023 is utilized, specifically ATLAS/ICESat-2 L3A
Land Ice Height, Version 6 (Smith et al., 2023). Following the same method as ICESat and CryoSat-2, we use overlapping
ground tracks to create surface elevation time series, excluding points with series shorter than three years. This results in

120 about 3.209 billion single point measurements to create approximately 6.1 million point time series. Figure 3 illustrates the



spatial coverage of ICESat, ICESat-2, and EnviSat data, showing that laser altimetry (ICESat, ICESat-2) better covers the ice
sheet margins compared to radar altimetry (EnviSat, CryoSat-2).
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Figure 4. (a) Spatial coverage of points with elevation time series from NASA’s ATM flight. Elevation time series at northeast
Greenland (b), Kangerlussuaq Glacier (c), Jakobshavn Isbrze (d), and Helheim Glacier (e).

130 NASA’s ATM flights: To enhance data coverage near the ice margin, we supplement satellite altimetry with airborne
altimetry. We use all available laser altimetry data from NASA’s Operation IceBridge ATM flights from April 2002 to April
2019 (Studinger, 2020), utilizing overlapping ground tracks to create surface elevation time series and excluding those
shorter than three years. This results in about 175.1 million single point measurements to create approximately 0.7 million

point time series. Figure 4a shows the coverage of ATM point time series. Notably, several main outlet glaciers, including
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the main flowlines of Helheim Glacier (HG), Jakobshavn Isbra (JI), Kangerlussuaq Glacier (KG), and the northeast

Greenland Ice Stream (NEGIS), were repeatedly overflown during 2003-2019. Characteristics of different sensors used in

this study is shown in Table 1.

Table 1: Characteristics of the different sensors used in this study.

Sensor Time span Footprint Single point accuracy Citation
ICESat Feb. 2003 to Sep. 2009 70 m Zwally et al., 2014;
+15cm
Schutz et al., 2005
ICESat-2 Nov. 2018 to Aug 2023 13m 4 Neumann et al., 2019;
+4cm
Markus et al., 2017
EnviSat Aug. 2002 to Mar. 2012 | 5—-15km Benveniste et al., 2002;
+10-15cm
ESA, 2010
CryoSat-2 Nov. 2010 to Aug. 2023 | LRM (1.5 km) Gourmelen et al., 2018;
SAR and SARIn Mode Wingham et al., 2006
+10-15cm
(250 m along-track and
1.5 km across-track)
ATM flights April 2002 to April 2019 | 1 — 5 m depending on | £5—10cm Studinger, 2020; Miles
flight altitude etal., 2013
3. Methods

3.1 Improvement compared to previous study

Here, we improve the method used by Khan et al. (2022a) and provide continuous monthly surface elevation changes during

2003-2023 on a 1x1 km grid covering the entire ice sheet. While Khan et al. (2022a) estimated elevation changes over a ten-

year period (2011-2022) using annual mean elevation changes, our approach extends the temporal coverage to twenty years

(2003-2023) and introduces monthly mean elevation changes. This expanded temporal range and improved monthly

resolution allow for a more detailed capture of fine-scale elevation dynamics. Additionally, this study incorporates ICESat

and Envisat data, enhancing the comprehensiveness of the observational dataset. Here, we apply a revised seasonal function

to more accurately capture the unequal distribution of surface thickening and thinning over the year, with approximately

eight months of surface elevation increases and four months of decreases, closely aligning with observed seasonal trends.
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Together with recent sub-annual elevation change estimates, this dataset provides an essential foundation for detecting and

understanding short-term mass loss fluctuations on local and regional scales, as well as their influence on long-term trends.

3.2 Monthly elevation changes from ICESat

We use ICESat to estimate monthly elevation changes from February 2003 to September 2009 (Zwally et al., 2014). To
estimate elevation changes over the ice sheet we follow the procedure described by Khan et al. (2022a). We employ a
regular grid with a 1x1 km resolution that spans the entire GIS. The center of each grid point is denoted as C(xg, yo). For
every grid point, we select all ICESat data at coordinates P(x;, y;, h;, ), within 1000 m of C, where P includes elevation
values /; measured at time #. The index i denotes each specific data point.
Utilizing all available ICESat data collected between February 2003 to September 2009 (Zwally et al., 2014), we generate
surface elevation time series at each grid point C. To depict surface changes, we employ a 7th-order polynomial to
characterize temporal elevation changes and a 3rd-order polynomial equation to describe the surface shape. Additionally, a
seasonal term is incorporated to address seasonal surface variations. For each grid point with the center at (xo, yo), we
identify the nearest data point within a 1000 m radius (x; y; A %) and apply the 7th-order polynomial H(t;)popy, the 3rd-
order surface topography Hy,,,, and the seasonal term H (t;) seasonai:
H(t;) = H(t)poty t Heopo + H(t)seasonar (1)
The 7th-order polynomial is:
H(t)pory = a1 + azt; + astf + aut} + ast} + agty + a;t? + agt! , (2)
where t; is the time when the i-th measurement was observed. For simplicity, we used 1 January 2010 as reference time t=0.
a,to ag are polynomial variables.
To describe the surface, we fit a 3rd-order polynomial to the observed elevations over the area of 1x1 km (Csatho et al.,
2014):
Hiopo = Qox + azoy + a11X% + @Y% + agzxy + aax® + agsy® + aexy® + agpx’y, (3)
where aq to a,, are parameters that describe the slope and concavity/convexity of the surface, x and y are coordinates of the
ICESat data point, but in a system with xy and yy as the center, i.e., x = x; — x, and y = y; — y,,. The seasonal term is given
by:
H(t))s1 = aygcos(wqt; + aq) + 0.5a,gcos(w,t; + 2a,4 + 0.57), 4
where a,g denotes the amplitude, a4 is the phase, and w; and w, are the frequencies of the annual (1 yr) and the semi-

annual (0.5 yr) term, respectively.

Most previous studies employ a single cosine function to describe seasonal surface elevation changes at any point on the ice

sheet:

H(t))s, = Ajcos(wyt; + @;), (5)

8



185 Here, we use the following function in equation 4 to better capture the unequal distribution of surface thickening and

thinning over the year. The two functions, H(t;)s; and H(t;)s,, are displayed in Figure 5.

2 equation 5 conventional cosine function
equation 4 (seasonal signal - this study)

Elevation (m)

Figure 5. Seasonal evolution with the black curve showing the seasonal signal used in this study and the red curve showing the
190 cosine function used in previous studies.

The Surface Mass Balance (SMB) and GRACE time series suggest ice mass gain over 8 months, from approximately mid-
August to mid-April, and rapid mass loss during the remaining 4 months (see discussion). To describe this behaviour, we
combine annual and semi-annual functions. However, we predefine the parameters of the semi-annual term, so that the
function reproduces surface elevation increases for approximately 8 months and surface lowering for 4 months. In principle,
195 fitting an annual and semi-annual signal to surface elevations would require estimating four unknown parameters. However,
the temporal resolution of satellite altimetry data is often poor and does not strongly constrain all parameters. For instance,
ICESat had a repeat track of 3 months, but many points have only 2-3 observations per year, preventing the separation of the
annual and semi-annual signals over the entire ice sheet. Using the above equation, we only need to estimate two unknowns,

as and ajo.

200 For each grid point, we create a time series and use least squares adjustment to simultaneously estimate parameters a; to a;o.
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Figure 6. Surface elevation change time series derived from ICESsat data for a single point. The location of the point is shown as a
red dot on the map of Greenland. The solid red curves show the best-fitting 7th-order polynomial and the seasonal signal corrected
for surface topography. The error bars denote observed elevations.

205
Figure 6 displays a time series of surface elevation corrected for 3rd-order surface topography. The red curve shows the best-
fitting 7th-order polynomial + the seasonal term, H(t;)s;. We fit a polynomial only if the observed time series has a length
of >3 yrs. Furthermore, we detect and remove outliers from each time series. We define an outlier as a point outside 2o
(standard deviation) of the residual signal (difference between observed clevation and predicted elevation from the
210 polynomial fit). We use the parameters a; to a;9 for each grid point to estimate elevation changes over the entire GIS for

consecutive 1-month periods. Spatial coverage of ICESat data is shown in Figure 3b.

10



215

220

225

230

1009 @) T T T
10085 B
£
c
L
T
] 1st order
[} 2nd order
1008 - 3rd order B
4th order
5th order
6th order
7th order
I observed
1007.5 1 I 1 1 I 1
2003 2004 2005 2006 2007 2008 2009
Time (yrs)
T T T
(b)
041 B
E
c 0.2f -
8
©
]
s o 7
E
=l 1st order
g -0.211 2nd order B
& 3rd order
4th order
0.4 5th order _
Bth order
7th order
0.8 1 I 1 1 I 1
2003 2004 2005 2006 2007 2008 2009

Time (vrs)
Figure 7. (a) Surface elevation change time series derived from ICESsat data for same point as in figure 6. The solid curves show
the best-fitting polynomial or order 1 to 7, and the seasonal signal. (b) differences between the observed elevations and the
polynomial fits.

In Figure 7a, we present the best-fitting polynomials of orders 1 through 7, along with the seasonal component. The residuals
(figure 7b), defined as the difference between the observed elevation and the polynomial fit, indicate that for polynomials of

orders 5 to 7, the residuals are approximately =10 cm.

11
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panels show the same as top panel but for the Jakobshavn Isbrz region, (¢) ICESat, (f) ICESat-2, (g) CryoSat-2, and (h) EnviSat.

Figure 8a and 8e show the total number of observations used per grid point for ICESat. A threshold of a minimum of 50
observations is applied, excluding any time series with fewer data points. To estimate parameters, we incorporate all
observations within a 1 km radius of the center grid point. This ensures a sufficient number of observations to reliably

estimate all parameters (in total 19), including the 7th-order polynomial, 3rd-order surface topography, and seasonal term.

As shown in Figure 7, polynomials of order 5-7 effectively represent these changes. However, polynomial selection is
constrained by data availability. To estimate parameters, we incorporate all observations within a 1 km radius of the center
grid point. While a 500 m radius could be used, it would lead to large areas with insufficient observations and potential
overfitting issues. We use a 3rd-order polynomial to represent surface topography, however, the choice of polynomial order
dependent on the selected radius. A larger radius (e.g., 5 km) requires a higher-order polynomial to capture complex
topographic variations, whereas a smaller radius (e.g., 500 m) allows for a simpler Ist- or 2nd-order polynomial. Our
selection of polynomials for describing both surface changes and topography is a balance between ensuring sufficient
observations and reliably estimating all parameters (19 in total). To assess parameter reliability, we display the RMS of

residuals (figure 9) from point time series for each sensor. Notably, RMS values are highest near the margin, where surface

12



topography is more complex and may require higher-order polynomials. Alternatively, integrating high-resolution (10x10 m)

Digital Elevation Model (DEM) data could further improve topographic representation.
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255 Figure 9. RMS of residuals for (a) ICESat, (b) ICESat-2, (¢) CryoSat-2, and (d) EnviSat. The lower panels show the same as top
panel but for the Jakobshavn Isbrze region, (¢) ICESat, (f) ICESat-2, (g) CryoSat-2, and (h) EnviSat.

ICESat-2: Our method of deriving monthly surface elevation changes from ICESat-2 is identical to ICESat.

260 3.3 Monthly elevation changes from CryoSat-2

Our procedure for processing CryoSat-2 is identical to Khan et al. (2022a). To estimate elevation changes using CryoSat-2
data, we follow the procedure of ICESat and ICESat-2 data, however, with a minor modification regarding the seasonal
signal, H(t;)s;. We employ a regular grid with a 1x1 km resolution that spans the entire GIS. Utilizing all available CryoSat-
2 data collected between November 2010 to October 2023, we generate surface elevation time series at each grid point.

265  For each grid point, we use point time series to estimate a 7"-order polynomial H(t;),o1y, a 3™-order surface topography

Hyopo, and a seasonal term H (t;) seqsona

13



270

Earlier studies (and this study for ICESat and ICESat-2) assume the shape of the surface remains constant (Schenk et al.,
2014) throughout the studied period. However, near the ice margin, the shape of the surface may change significantly over
the course of 20 years. As a compromise, rather than fitting a polynomial to the entire 2010-2023 period, we consider two
individual time sub-intervals separately, the first one between 2010-2017, and the second one between 2017-2023. During
each sub-interval we assume the shape of the surface remains constant. This allows the shape of the surface to change over

longer intervals.

14
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275 Figure 10. Surface elevation change time series derived from Cryosat-2 data for a single point. The location of the point is shown
as a red dot on the map of Greenland. (a) The solid curves show the best-fitting 7th-order polynomial and the seasonal signal
corrected for surface topography. The error bars denote observed elevations. (b) The solid curves show the best-fitting 7th-order
polynomial corrected for the seasonal signal and surface topography. (c¢) The solid curves show the best-fitting 7th-order
polynomial corrected for surface topography, however, a seasonal signal from ICESat/ICESat-2 is added.
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Figure 10a displays a time series of surface elevation corrected for 3™-order surface topography. The red and blue curve
shows the best-fitting 7th-order polynomial + the seasonal term. We fit a polynomial only if the observed time series has a
length of >3 yrs. Furthermore, we detect and remove outliers from each time series. Outliers are identified based on
residuals, which represent the difference between the observed elevation and the polynomial fit. Any values falling outside
the 2-c range are excluded. We use the parameters a; to a9 for each grid point and each (sub-)interval, e.g., 2010-2017 and
2017-2023, to estimate elevation changes over the entire GIS for consecutive 1-month periods. Spatial coverage of CryoSat-

2 data is shown in Figure 2.

CryoSat-2 seasonal signal

The radar signal from CryoSat-2 might not be reflected by the snow surface but could instead penetrate through dry snow.
There may be minor local discrepancies that may be attributed to the penetration of the radar signal into the snow. To

address this issue, we remove a seasonal signal estimated from CryoSat-2, H(t;)seqsonat,cryo> ffom point time series, and
substitute it with a seasonal signal, H(t;)seasonat,ice1/ice2> €stimated from ICESat and ICESat-2. The stepwise procedure is

illustrated in Figure 11 and depicted for a point time series in Figure 10.

16
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Estimate CryoSat-2 time series at point i using:
7th-order polynomial

3rd-order surface topography

Hiopo Seasonal term H(t;) ceasonat

H(ti) = H(ti)poly + Htcpo + H(ti)seasonal,cryo

=

Remove Seasonal term H (t;)seasonal crye €Stimated from
CryoSat-2 data

H(ti) = H(ti)poly + Htopo

=

Add Seasonal term H(t;)seasonal,ice1 /icez €Stimated from
ICEsat and ICEsat-2 data

H(ti) = H(ti)poly + Htopo + H(ti)seasonal,ice/iceQ

Figure 11. The stepwise procedure on how a seasonal signal from CryoSat-2 data is replaced with a seasonal signal from ICESat
and ICESat-2.

In this study, we employ ICESat and ICESat-2 to obtain the seasonal signal between 2003-2009 and 2018-2023,
respectively. For the 2009-2018 period, , we derive the mean seasonal signal from ICESat and ICESat-2 (mean of a;s and a;9
from ICESat and ICESat-2 seasonal signal). We propose that the mean amplitude from ICESat and ICESat-2 serves as a
reasonable approximation for filling the gap from 2009 to 2018 (see section 3.5).

3.4 Monthly elevation changes from EnviSat

To estimate elevation changes using EnviSat data, we follow the procedure of CryoSat-2 data. We employ a regular grid
with a 1x1 km resolution that spans the entire GIS. Utilizing all available EnviSat data collected between August 2002 to
March 2012, we generate surface elevation time series at each grid point. For each grid point, we use point time series to

estimate a 7th-order polynomial H (t;)0;y, a 3rd-order surface topography Hy,,,, and a seasonal term H (t;) seasonat,Envi

17



Next, we remove a seasonal signal estimated from EnviSat, H(t;)seasonatenvi> from point time series, and substitute it with a
seasonal signal, H(t;)seasonat,ice1/ice2> €stimated from ICESat and ICESat-2. Figure 3a shows spatial coverage of EnviSat

time series.
315
3.5 Amplitude of the Seasonal signal
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Figure 12. Amplitude of seasonal surface elevation changes from (a) ICESat, (b) ICESat-2 (c) CryoSat-2, and (d) EnviSat.

The seasonal signal amplitudes derived from ICESat, ICESat-2, CryoSat-2, and EnviSat satellite missions, are shown in
320 Figure 12. Predominantly, the highest amplitudes are observed in southeast Greenland across all satellite missions. It is
important to note that EnviSat data is not inclusive of the ice sheet margin. The slight variations in amplitudes can be

attributed, in part, to the differing time spans utilized for amplitude estimation.
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Figure 13. Difference in seasonal amplitude between (a) ICESat-2 and ICESat, (b) ICESat-2 and CryoSat-2, (¢) ICESat-2 and
EnviSat.

Figure 13 show the difference in seasonal amplitude between ICESat-2 and ICESat, CryoSat-2, EnviSat, respectively.
Notably, the amplitude difference between ICESat and ICESat-2 is small. This discrepancy may stem from the fact that
amplitudes are estimated over different time periods using data from two different sensors with varying spatial and temporal
resolutions. Given the strong overall agreement between ICESat and ICESat-2, we propose that the mean amplitude from
ICESat and ICESat-2 serves as a reasonable approximation for filling the gap from 2009 to 2018. Figure 13b and 13c
suggest that Envisat and Cryosat-2 yields larger amplitude compared to icesat-2. Therefore, in this study, we use seasonal
signal from ICESat and ICESat-2. For the 2009-2018 period, we derive mean seasonal signal from ICESat and ICESat-2.
Figure 12(e-f) show standard deviation of the amplitude at each grid point, i, from ICESat and ICESat-2, Gicesatamp and

Gi jicesat2,amp, Tespectively. For the 2009-2018 period, we use standard error based on mean ICESat and ICESat-2 amplitudes.

The seasonal layer is the top layer on the ice sheet. For this layer we use a constant density of 315444 kg/m? to convert snow

volume to mass (Fausto at al., 2018).
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3.6 Monthly elevation changes from NASA’s Operation IceBridge ATM flights

During 2002-2019, NASA conducted annual airborne surveys with ATM over the GIS during the spring. These flights were
mostly concentrated along the margins of the GIS. To estimate monthly changes, we use the same approach as used for
satellite altimetry data described above. However, spring data alone do not allow us to extract a seasonal signal. Therefore,
H(t;)seasonar is not estimated for ATM data. Instead, we adopt a seasonal signal estimated from ICESat and ICESat-2 data.
In addition, to allow the shape of the surface to change, we divide the study period into two separate (sub-)intervals, i.e.,
2002-2010 and 2010-2019. During each (sub-) interval we assume the shape of the surface remains constant. Figure 4 shows

Spatial coverage of the ATM time series.

3.7 Monthly elevation changes and their uncertainty

For each grid point, we use point time series to estimate 7th-order polynomial, a 3rd-order surface topography, and a
seasonal term from a synthesis of several sensors’ datasets is somewhat different from other studies (Nilsson et al., 2022,
Simonsen et al., 2021). While other studies typically estimate the bias between sensors/missions, we do not merge data from
different satellite missions and therefore do not estimate any biases. Instead, we estimate monthly elevation changes for each
sensor’s dataset independently as described in previous sections, and only merge the estimated monthly change rates from
each dataset afterwards, when creating the multi-sensor monthly grid. Figure 14 illustrates this process for June 2008, for
which we merged monthly elevation changes from NASA’s ATM data, ICESat data and Envisat data. To detect local
outliers of monthly rates, we used planar regression in 20 km bins. Values that fell outside the 5-c range are excluded. The
estimated monthly elevation changes were used to interpolate elevation change rates onto a regular grid of 1x1 km. For each
grid point, we use ordinary kriging to interpolate elevation change rates dhi g and the associated error g iy (Khan et al.,

2022a).
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Figure 14. Surface elevation change during June 2008 from (a) ATM flights, (b) ICESat laser satellite altimetry, (c) EnviSat radar
365 altimetry, (d) combined elevation changes from airborne and satellite data, (e) interpolated elevation changes onto a 1x1 km grid,
and (f) uncertainties of the interpolated data.
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Figure 14b shows a much denser distribution of monthly elevation change points in northern Greenland compared to the
south. However, the number of points with monthly elevation changes varies over time. In the 1x1 km grid interpolation
using kriging shown in Figure 14e, the average percentage of effective raw grids—representing the area covered by data

375 points—was about 10%. Figure 15 presents the average percentage of effective raw grids for each month from 2003 to 2023,

with the best coverage observed when both ICESat-2 and CryoSat-2 data are available.
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380 Figure 15. Average percentage of effective raw grids for each month from 2003 to 2023.
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3.8 Correction for elastic VLM, glacial isostatic adjustment, and firn compaction and associated uncertainties
3.8.1 Glacial Isostatic Adjustment

The observed ice surface elevation changes were corrected for bedrock movement caused by elastic vertical land motion
(VLM) in response to present-day mass changes and long-term past ice changes (Glacial Isostatic Adjustment, GIA). To
correct for GIA, we use the GNET-GIA empirical model of Khan et al. (2016). For each grid point on a 0.5x0.5 km grid, we
estimate the GIA uplift rate dhci4 and the associated uncertainty o4 retrieved from Khan et al. (2016). The GIA correction is
between -3 and +16 mm/yr and the associated uncertainty, cgia, is between 0 and 3 mm/yr (see figure 3 of Khan et al 2016).

This correction of vertical land motion corresponds to total mass loss correction of 2.8+1.2 Gt/yr or 56 Gt over 20 years.

3.8.2 Elastic vertical land motion

We correct for elastic VLM of the bedrock by convolving monthly mass loss estimates with the Green’s functions derived by
Wang et al. (2012) for elastic Earth model with refined crustal structure from Crust 2.0. (Laske et al. ,2012). For each grid
point, we estimate the elastic uplift rate dh..s and the associated uncertainty oes. The uncertainties, o, are estimated by
convolving uncertainties of monthly mass loss estimates with the Green’s functions for elastic Earth model. The mean
annual elastic correction varies between -2 to +37 mm/yr and the associated uncertainties are between 0 and 2 mm/yr. The

average elastic correction over from 2003 to 2023 is 6.5+0.4 Gt/yr.

3.8.3 Converting volume to mass

We convert volume to mass as described in Khan et al. (2022b). Conversion of the volume loss rate into the mass loss rate
requires assumptions about density; therefore, using a constant ice sheet density would be inaccurate. Firn compaction must
be taken into account to convert volume to mass correctly. Hence, elevation changes due to firn compaction are modeled
with a simple firn model that includes melt and refreezing. It is forced by annual temperature, accumulation, melt, and
refreezing from the regional climate model RACMO2.3p2 (Noél et al., 2018) at 5.5 km horizontal resolution. For each grid
point, i, we estimate the firn compaction rate dh;s» and the associated uncertainty ;- as described by Khan et al 2022b.
Uncertainties are estimated as described in Kuipers Munneke et al. (2015) (see their equations 8 and 9) using input fields

from RACMO2.3p2. The average elastic correction over from 2003 to 2023 is 15.842.4 Gt/yr.

Elevation change:
The interpolation was performed using the ordinary kriging method (Hurkmans et al., 2014; Nielsen et al., 2013). We first
used the observed annual elevation change rates to estimate an empirical semi-variogram. Next, we fit an exponential model

variogram for each monthly interval with a range based on empirical semi-variogram (spanning between 40 and 90 km) to
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the empirical semi-variogram to take the spatial correlation of elevation change rates into account in the error budget. For

each grid point, we interpolate (using kriging) elevation change rate dh;yi, and the associated error g; k.

The total elevation change rate for each grid point i is:
dh; = dh; krig - dhi etas - dhigia - dhi fim (6)
Assuming the uncertainty in each of these terms is independent, we estimate the total associated uncertainty by summing

each uncertainty term in quadrature:

_ 2 2 2 2
o, = \/Ui,krig t 0{etas T igia t Oifirn (7)
The total GIS mass change error for each month, #,, is

i
Omonth (tn) = Zizufx O (8)
Where imax is the total number of grid cells that cover the GIS.
We generate a time series of cumulative GIS mass change by integrating our monthly time series of mass change over time.

We estimate the cumulative errors as the root sum square of errors,

Ceumut (£) = \/Zﬁ;"f" 2oren(tn) )

Where nmax is the total number of months from January 2003 to July 2023 and is set to nmax=247 months for this study.

4. Result

Satellite and airborne altimetry (denoted as altimetry in figure 16) indicate an ice sheet mass loss of 4,352 + 315 Gt (12.1 +
0.9 mm SLE) from January 2003 through August 2023, excluding peripheral glaciers (PG). Our results are similar to
previous studies (Bevis et al., 2019; Mankoff et al., 2021; Sasgen et al., 2020; Velicogna et al., 2020) suggesting enhanced
ice loss during the summer months of 2010, 2011, 2012, and 2019 (Figure 16 and figure 17). Ice loss was slower in 2013-
2018 and was followed by an increased ice loss rate during 2020-2023.
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Figure 16. Time series of cumulative monthly ice mass change of the GIS from January 2003 to August 2023 in gigatons (left axis)
and sea level rise equivalent (right axis). The purple curve displays GIS+PG mass change from satellite gravimetry adopted from
Barletta et al. (2020). Brown curve shows GIS+PG mass change from IMBIE. The blue curve shows GIS mass change from the
Input-Output method from Mankoff et al., (2021) extended to august 2024. The grey curve shows GIS mass change from satellite
and airborne altimetry from this study. The shadings represent the associated uncertainties. Corrections for GIA (black dashed
line), elastic deformation (red dashed line), and firn compaction (blue dashed line).

Time series of cumulative monthly ice mass change of the GIS from January 2003 to August 2023 along with the correction

of GIA and elastic induced vertical land motion and firn compaction are displayed in figure 16.
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Figure 17. Maps of annual elevation change rates from 2003 to 2023 from satellite and airborne altimetry from thus study.
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5. Validation
5.1 Mass change from satellite gravimetry and the Input-Output method

To validate our monthly Greenland ice sheet elevation changes, we use mass change from satellite gravimetry from Barlette
et al., (2020) (denoted as “gravimetry”), mass change from the Input-Output method from Mankoff et al., (2021) (denoted as
450 “IOM”), and mass change from IMBIE (IMBIE, 2023).
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Figure 18. (a) Cumulative surface elevation change from altimetry from January 2003 through August 2023. Sub-panels show
time-series of surface elevation changes (dh) for selected locations on Helheim Glacier (HG), Kangerlussuaq Glacier (KG), east
interior GIS (East GIS), Rink Isbra (RI), Zacharize Isstrom (ZI), Nioghalvfjerdsfjorden (NG), Humboldt Glacier (HBG),
Upernavik Isstrom (UI), Jakobshavn Isbrz (JI), and southern interior GIS (South GIS). (b) Cumulative surface elevation change
inferred from gravimetry from January 2003 through August 2023. (¢) Cumulative thinning inferred from altimetry along the GIS
margin during 2003-2023.

Satellite gravimetry indicates an ice loss of 5,198 + 173 Gt from January 2003 through August 2023, encompassing both the
GIS and peripheral glaciers. The spatial resolution of satellite gravimetry, approximately ~300 km, prevents differentiation
between the ice sheet and peripheral glaciers. The difference of 846 + 359 Gt between satellite altimetry and gravimetry
approximates the ice loss reported from Greenland's peripheral glaciers (Khan et al., 2022b). The cumulative surface
elevation changes inferred by satellite gravimetry (Barletta et al., 2020, Barletta et al., 2024) suggest an increase in ice
thickness throughout the high-level interior of Central and North Greenland (Figure 18b). This observation is inconsistent

with our findings obtained from satellite altimetry measurements, which suggest that high-level thickening is limited to NE
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Greenland and the saddle region between the main and south domes of the ice sheet. Satellite gravimetry does not capture
the full magnitude of ice thinning around the periphery of the ice sheet due to the low spatial resolution.

The cumulative mass change from the IOM, as reported by Mankoff et al. (2021) and extended to August 2024, falls within
the uncertainty range of mass change measured by altimetry (see Figure 16). Figure 16 also shows the cumulative mass
change from IMBIE, which shows a larger mass change compared to altimetry due to the inclusion of peripheral glaciers.
Overall, the cumulative mass changes from IMBIE, IOM, gravimetry, and altimetry over the past two decades agrees within
uncertainties.

To compare multiannual ice mass change variability, we first detrend the cumulative mass changes from IOM, gravimetry,
and altimetry. Figure 19a shows the three detrended time series along with the coefficient of determination, R?, between
altimetry and gravimetry, altimetry and IOM, and IOM and gravimetry. On multiannual timescales, there is a strong
correlation between the time series, with R? values ranging from 0.88 to 0.92. Figures 19b-d display scatter plots of annual
mass change rates comparing altimetry vs. gravimetry, altimetry vs. IOM, and gravimetry vs. IOM. The correlation
coefficients for these comparisons range from 0.58 to 0.80, with the best correlation observed between gravimetry and IOM.
This is expected, as altimetry provides smoothed elevation changes, whereas IOM and gravimetry can detect rapid changes.
In general, while the three methods agree on the total mass loss of the ice sheet, there is less agreement on the precise

temporal and short-term distribution of this mass loss.
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Figure 19: (a) Detrended cumulative mass change from altimetry, gravimetry and IOM. coefficient of determination, R?, between
altimetry-gravimetry, altimetry-IOM and IOM-gravimetry. (b) comparison of annual mass change rates between (b) altimetry-
gravimetry, (c) altimetry-IOM and (d) gravimetry-IOM. (b-d) axis units are Gt/yr.

5.2 Local elevation changes

Our altimetry observations, interpolated to a 1 km grid, enable a detailed examination of GIS mass change at both regional
and individual glacier scales. Figure 18 illustrates the total (cumulative) surface elevation change from January 2003 through
August 2023 along with point time series at selected outlet glaciers and regions, and cumulative thinning from altimetry

around the GIS margin (Figure 18c¢).

A large spatial and temporal variability is observed, with the entirety of West Greenland exhibiting surface lowering
extending deep inland. In contrast, the surface elevation of interior Northeast Greenland increased over the past two decades.

Examining glacier-specific details, our altimetry time series reveals a net thinning of ~70 m near the terminus of Jakobshavn
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Isbrae. This thinning stopped and this sector underwent thickening during 20162018, followed by a return to thinning from
2019 to 2023, a phenomenon examined by Khazendar et al. (2019).

Upernavik Isstrem (UI) has experienced a ~30 m thinning over the past two decades, with intensified thinning 2010 to 2012.
Northwest Greenland's Humboldt Glacier (HBG) has thinned by 23 m over the same period, at a constant rate. One of the
two major glaciers in northeast Greenland, Nioghalvfjerdsfjorden Glacier (NG), also known as 79 North, exhibits a total
thinning of 15 m, while the other, Zachariae Isstram (ZI), shows more substantial thinning of about 35 m. In the southeast,
Kangerlussuaq Glacier (KG) has thinned by approximately 23 m, while Helheim Glacier (HG) has experienced a 28 m
thinning from January 2003 through August 2023. This aligns with the findings of Williams et al. (2021), who observed a
cumulative surface elevation change of approximately 15 m during the period 2011-2020. The two time series labelled as
"East interior GIS" and "South interior GIS" are located in the interior of the ice sheet (about 150 km and 250 km from the

ice margin, respectively) and depict a small thickening of a few meters over the past two decades.

5.3 Seasonal signal

Figure 20 shows seasonal mass variability from Altimetry, GRACE, IOM, and SMB data. For each method, we plot the
seasonal signal for each year on the same graph, stacking them together. To ensure consistency, we detrend the data and
remove the mean for each year, setting the seasonal mass to 0 at time = 0 and 1 year. In Figure 20d, we show the seasonal
signal from SMB alongside a conventional cosine function (red curve), which represents a mass increase over 6 months and

a decrease over the following 6 months.
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Figure 20. Seasonal signals during 2003-2023, from (a) altimetry, (b) GRACE and GRACE Follow-On, (¢) IOM, and (d) SMB.
Each curve represents seasonal signal from January to December. The red curve in (d) displays conventional cosine function.
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Our results show that GRACE and IOM, which are based on direct mass change observations, align better with our seasonal
model than a conventional cosine function. While the cosine function commonly used in many studies provides a useful
first-order approximation for describing the seasonal signal, our model is more consistent with the observed data. The SMB
model incorporates accumulation, runoff, and evaporation processes. Previous studies have highlighted the correlation
between accumulation and melting with the North Atlantic Oscillation (Bevis et al., 2019; Bjork et al., 2018; Noél et al.,
2018).

5.4 Temporal agreement between approaches during the rapid ice
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Figure 21. Rapid ice loss in 2012 and 2019 observed by mass loss during satellite altimetry, GRACE, and the input-output method.

In 2012 and 2019, the Greenland Ice Sheet experienced record-high ice loss during the summer months, as observed by
satellite altimetry, GRACE, and the input-output method. In both years, extreme melt events were driven by anomalously
warm atmospheric conditions, leading to significant surface mass loss (Bevis et al., 2019). Satellite altimetry recorded a
rapid decline in ice surface elevation, while GRACE data detected substantial reductions in gravitational mass, confirming
extensive ice loss. The input-output method further confirmed the ice mass loss. Figure 21 illustrates the temporal level of
agreement between the three approaches during the rapid ice losses in 2012 and 2019. All three methods detected ice loss

ranging from 381 to 439 Gt in 2012 and 426 to 589 Gt in 2019.
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6. Discussion

The observed spatial and temporal resolution of ice surface elevation changes from satellite altimetry is of critical
importance for better quantifying the processes impacting ice sheet change, and for advancing and refining ice sheet
modelling. This level of precision is crucial for accurately representing complex processes within ice sheet models, such as
seasonal ice flow dynamics, and changes in surface mass balance (Goelzer et al., 2017). Recent advances in machine
learning and automatic differentiation tools enable transient calibration in ice sheet modelling, facilitating better estimation
of unmeasurable parameters such as the basal sliding coefficient and ice rheology. The integration of fine-scale data into
models enhances their ability to simulate realistic responses to climate variables, contributing to more accurate predictions of
ice sheet behaviour and potential impacts on sea-level rise. Additionally, high-resolution satellite altimetry data helps
identify local trends and patterns, allowing for a more nuanced understanding of regional variations in ice sheet dynamics
(Mankoff et al., 2019; Mankoff et al., 2021). Recent studies using high-resolution modeling of Greenland’s major outlet
glaciers has shown that short-term changes in terminus position, ice thickness, and basal conditions significantly influence
ice velocity (Cheng et al., 2022; Lippert et al., 2024, Lu et al., 2025). For example, studies on Helheim Glacier (100—1,500
m resolution), Kangerlussuaq Glacier (350 m—12 km), and Jakobshavn Isbrae (100—1,500 m) have all demonstrated that ice
front retreat and thickness variations drive substantial seasonal and multi-annual ice velocity fluctuation. These studies
emphasize that annual elevation changes at a 5 km or higher resolution risk averaging out critical seasonal dynamics, leading
to inaccuracies in modeling ice dynamics and underestimating short-term variations that are essential for projecting future
changes of the ice sheet. Ultimately, the incorporation of observed high-resolution data into ice sheet models is essential for
improving the fidelity of simulations and enhancing our ability to assess the implications of climate change on ice sheet

stability and sea-level rise (Choi et al., 2023).

In addition, a 1x1 km grid resolution of ice surface elevation data is essential for accurately modeling elastic land
deformation of the crust because it captures the spatial variability of ice load changes at a fine enough scale to resolve
localized flexural responses. Ice mass variations exert pressure on the Earth's crust, causing it to deform elastically, but these
deformations are not uniform across the ice sheet. In regions with steep ice surface gradients, such as outlet glaciers and ice
sheet margins, coarse-resolution data may smooth out critical variations in ice load, leading to inaccuracies in predicted
uplift and subsidence patterns (Khan et al., 2022). A high-resolution grid allows for more precise calculations of surface
mass redistribution, improving estimates of bedrock displacement. This level of detail is particularly crucial when observing

Glacial Isostatic Adjustment with GPS observations, where corrections for elastic deformation need to be applied.

Combining data from sensors with different spatial footprints presents challenges in accurately capturing small-scale
elevation changes. Sensors with coarse spatial resolution tend to smooth out localized ice surface variations, potentially

underestimating rapid or heterogeneous changes. In contrast, higher-resolution sensors provide more detail but often have
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limited coverage or increased noise. Merging datasets requires careful interpolation to reconcile differences in sampling
density, measurement techniques, and error characteristics. Discrepancies in spatial footprints can also result in mismatches
when detecting localized thinning, particularly at glacier termini or steep ice sheet margins, which may affect estimates of

mass loss and ice dynamics at finer scales.

A key limitation in detecting rapid ice sheet elevation changes using satellite altimetry is the temporal resolution of the data.
Many altimetry satellites have repeat cycles spanning months, making it difficult to capture short-lived or sudden elevation
changes, such as those driven by extreme melt events or rapid ice flow acceleration. Gaps between observations can lead to
underestimation or misinterpretation of transient changes, especially in highly dynamic regions where ice loss occurs on
short timescales. Additionally, seasonal variations in surface conditions, such as snowfall accumulation or meltwater

refreezing, introduce further uncertainties when interpolating between measurement periods.

Since most ice loss occurs at the ice sheet margin, where the terrain is rough and data coverage is sparse, an alternative
approach may be necessary. One method involves fitting a third-order polynomial equation to describe the surface shape
using observations within a 1 km radius. While this approach works well for much of the ice sheet, it may be insufficient in
fast-flowing regions with rugged terrain. Using a higher-order polynomial is not feasible due to the limited number of
observations relative to the unknown parameters in Equation 1. Additionally, we assume that surface topography remains
constant over time intervals of 4—7 years. While this is a reasonable approximation for most of the ice sheet, near the termini
of outlet glaciers, topography can change significantly from year to year. To address these challenges, integrating high-
resolution (10x10 m) annual Digital Elevation Model (DEM) data with altimetry observations may improve topographic

representation (Winstrup et al., 2024).

7. Limitations of the method and data

Temporal Resolution: We estimate monthly elevation changes by fitting a 7th-order polynomial and a seasonal signal to the
observed elevation time series. This approach, which we refer to as "smoothed" elevation changes, results in smoothed data
that cannot detect rapid elevation changes. The method's effectiveness is limited by the temporal resolution of available
airborne and satellite altimetry data. For instance, ICESat provides 2-4 repeat measurements per year at the same location,
while ATM data offers only one measurement annually. This means that measurements should not be expected to resolve at
high spatial resolution for ice-sheet changes at sub-seasonal time scales, only smoothed sub annual changes using some pre-
defined seasonal model are possible.

Spatial Resolution: The spatial resolution of elevation changes estimated from satellite radar altimetry over ice sheet
margins is constrained by the coarse spatial footprint of instruments like the EnviSat radar altimeters, leading to a lack of
fine-scale detail. The steep and rugged topography of ice sheet margins causes signal scattering and reflection issues,

resulting in inaccurate measurements. Figures 2 and 3a illustrate the poor spatial resolution along the ice margin, especially
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for EnviSat. Another limitation is that NASA's ATM flights cover main outlet glaciers but do not survey all glaciers
annually. Generally, NASA's ATM flight coverage is denser in West Greenland than in East Greenland. Additionally, the
Operation IceBridge campaign, with measurements conducted once per year, does not allow for the detection of seasonal
signals. However, the ICESat and ICESat-2 missions significantly enhance our understanding of ice sheet elevation changes,
including in the ice margin regions and seasonal signals.

In general, our method lacks detecting rapid ice elevation changes. For example, drainage of surface lakes on the Greenland
Ice Sheet are not detected. A small area with elevation changes of up to tens of meters will be considered as an outlier. We
detect local outliers of monthly rates, using planar regression in 20 km bins. Drainage of surface lakes, which often occurs
over a small area will be detected as an outlier using our method. Also, Instances of rapid elevation changes occurring over
extremely short time spans will go unnoticed through our approach. For instance, rapid accelerations and decelerations, as
illustrated by Vijay et al. (2021), taking place within a 2-month period are not fully captured by our surface elevation change
product. Nevertheless, our method effectively identifies melt-driven rapid thinning episodes during the warm summers of
2010-2012 and 2019. Furthermore, in Greenland, 8§7% of the glacierized region terminates in the ocean leading to frontal
ablation, involving both ice discharge and terminus retreat. We note that our mass loss estimate from satellite altimetry does
not incorporate mass loss below sea level, constituting less than 10-20% of the overall frontal ablation, as indicated by

Kochtitzky et al. (2023) and Greene et al. (2024).

The kriging interpolator's weights are determined by the modeled variogram, making it highly sensitive to any mis-
specification of the variogram model. Its interpolation accuracy is limited when the number of sampled observations is
small, the data has a restricted spatial extent, or there is insufficient spatial correlation. In such cases, constructing a reliable
sample variogram becomes challenging. Using data from a single sensor—such as CryoSat-2 or EnviSat—near the ice
margin (see Fig. 8g and 8h) where data gaps are large can lead to significant large uncertainty. However, our approach,
which integrates multiple data sources, particularly the inclusion of ATM data concentrated along glacier flow lines, helps to
reduce uncertainty. However, ATM data does not provide complete coverage of all glaciers in Greenland. In particular,

elevation changes in small glaciers, especially those 1-2 km wide in southeast Greenland, may not be well captured.

8. Data products and availability

Our main products are gridded time series of monthly Digital Elevation Models and gridded monthly time series of surface
elevation change (in water equivalent). However, we also deliver surface elevation change (in ice equivalent). This allows
users to convert ice to mass using their own model for e.g. firn compaction. To make the data user friendly for the ice sheet
modelling community, we deliver code that can create time series of elevations with respect to geoid model (often needed as

input in numerical ice flow model).
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To make our elevation change products useful for the ice sheet modeling community, we deliver a Digital Elevation Model
(DEM). We use the DEM from the Greenland Ice Mapping Project (GIMP) (Howat et al., 2015), downscaled to a 1x1 km
grid resolution to align with the elevation change products developed in this study. Additionally, we convert it to a reference

time of January 1, 2003, using the dh/dt product developed in this study.

Table 2: Data products on a 1x1 km grid covering the Greenland Ice sheet.

Data product Spatial Resolution | Temporal Temporal Coverage
Resolution

Digital Elevation Models 1x1 km One epoch* 2003.00

Monthly FElevation changes | 1x1 km Monthly 2003 to 2023

(in water equivalent)

Monthly Elevation changes | 1x1 km Monthly 2003 to 2023

(in ice equivalent)

Elastic VLM 1x1 km Monthly 2003 to 2023

Firn compaction rate 1x1 km Monthly 2003 to 2023

GIA 1x1 km One epoch* 2003.00

Geoid model 1x1 km One epoch** 2003.00

*) we assume vertical land motions due to GIA does not change over a 20 yrs period.

**) we assume the geoid does not change over a 20 yrs period.

All grid files use WGS 84 / NSIDC Sea Ice Polar Stereographic North (EPSG:3413)

Our main products are Digital Elevation Model and gridded monthly time series of surface elevation change (in water
equivalent). However, we also deliver surface elevation change (in ice equivalent). This allows users to convert ice to mass
using their own model for e.g. firn compaction or GIA. To make the data user friendly for the ice sheet modelling
community, we deliver geoid model (often needed as input in numerical ice flow model).

We provide a code snippet to estimate the parameters for equations 2 to 4 using the test input data.

File naming and data format.
We provide 2 zip files.
File 1: Greenland geotiff 1kmgrid.zip

File 2: Greenland netcdf 1kmgrid.zip

file 1 format: NetCDF (monthly dh/dt data)
file 2 format: geotiff (mean dh/dt from 2003-2023)

File 1 content: This is a zip file that contains the following netcdf files.
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e Greenland_DEM_1kmgrid.nc (Digital Elevation Models)

e  Greenland_dhdt_elas_1kmgrid.nc (monthly elastic Vertical Land Motion)

e Greenland_dhdt_elas_err 1kmgrid.nc (error associated with monthly elastic Vertical Land Motion)

e Greenland_dhdt_firn_1kmgrid.nc (monthly firn compaction rate)

e Greenland_dhdt_firn_err_1kmgrid.nc (error associated with monthly firn compaction rate)

e Greenland_dhdt GIA_ 1kmgrid.nc (Glacial Isostatic Uplift rates)

e Greenland_dhdt GIA_err_ lkmgrid.nc (error associated with Glacial Isostatic Uplift rate)

e Greenland_dhdt_icevol 1kmgrid.nc (Monthly Elevation changes (in ice equivalent))

e Greenland_dhdt_icevol err_lkmgrid.nc (error associated Monthly Elevation changes (in ice equivalent))
e  Greenland_dhdt_mass_lkmgrid.nc (Monthly Elevation changes (in water equivalent))

¢ Greenland_dhdt_mass_err_lkmgrid.nc (error associated with Monthly Elevation changes (in water equivalent))
e Greenland_geoid_1kmgrid.nc (geoid height)

Each file contain a header with information about data types.

File 2 content: same as file 1 but with geotiff format.

9. Conclusion

The spatial and temporal resolution of elevation change products is limited by the resolution of satellite ground tracks.
Satellite altimetry usually offers 2-5 repeat measurements per year over the same location. To achieve higher temporal
resolution (e.g., 1 month), elevation changes must be averaged over a large area, which leads to coarse spatial resolution.
Alternatively, we model a seasonal signal (see Methods) and generate "smoothed" monthly elevation changes with higher
spatial and temporal resolution. This allows us to produce an elevation change product with detailed insights into the
dynamics of the Greenland Ice Sheet from January 2003 to August 2023. Our product reveals a cumulative ice loss of 4,352
+ 315 Gt, corresponding to a global mean sea level rise of 12.1 + 0.9 mm over two decades and local thinning of up to 70 m
near the terminus of JI. Validation of our monthly mass changes of the Greenland ice sheet, against mass change from
satellite gravimetry and the Input-Output method, suggests strong correlation with R values ranging from 0.88 to 0.92.
Incorporating our new high-resolution data into ice sheet models can enhance our understanding of ice dynamics, thus
improving predictions about the Greenland Ice Sheet's response to climate change and its impact on sea-level rise. Despite
certain limitations, especially in capturing short, rapid elevation changes, our methodology offers a valuable tool for

monitoring and analyzing the evolving dynamics of the Greenland Ice Sheet.

36



695

700

705

710

715

720

Author contributions.
SAK conceived the study, analysed most of the data. VH processed Cryosat-2 data. VB analysed GRACE abd GRACE-FO
data. KDM provided and prepared IOM data. Writing by SAK, HS, MM, WC, GC, DB, VRB, NKL, WK, MvdB, KHK, AA,
BN, JEB, JAM, RSF, KDM, IMH, KO, DF, AL, EYHL, and JH. Project administration by SAK, WC, HS and NKL. IMH
developed DEM model.

Competing interests.

Author Kenneth D. Mankoff is a member of the editorial board of the journal.

Acknowledgements

S A Khan, H Seroussi, M Morlighem, W Colgan, G Cheng, K Kjar, N K Larsen, and A Lekkegaard acknowledge support
from the NOVO Nordisk foundation grant no NNF230C00807040. This is a publication of the Center for Ice Sheet and Sea
Level Predictions (CISP). B Noél was funded by the Fonds de la Recherche Scientifique de Belgique (F.R.S.-FNRS). R.S
Fausto and J.E. Box acknowledges support from the Programme for monitoring of the Greenland ice sheet (PROMICE). K.
Mankoff was supported by the NASA Modeling Analysis and Prediction program.

Data and code Availability

Monthly elevation change rates of the GIS from 2003 to 2023 is available at the following data repository
https://datadryad.org/stash/share/RFbPIGTZRn0VsOu8hj1PSgjdel ITPAL-k8TVEOOEBDA (Khan et al., 2024a). The DTU
GRACE and GRACE-FO Greenland Mass Balance product is available at https://doi.org/10.11583/DTU.12866579.v4
(Barletta et al., 2020). Code is available at https://doi.org/10.5281/zenodo.13276108 (Khan et al., 2024b)

References

Bamber, J. L., and G. J. Dawson, Complex evolving patterns of mass loss from Antarctica’s largest glacier, Nature

Geoscience, 13(2), 127-131, doi:https://doi.org/10.1038/s41561-019-0527-z, 2020.

Bjork, A.A., Aagaard, S., Liitt, A.et al Changes in Greenland’s peripheral glaciers linked to the North Atlantic
Oscillation. Nature Clim Change 8, 48—52 (2018). https://doi.org/10.1038/s41558-017-0029-1
Barletta, V. R., L. S. Serensen, and R. Forsberg, Scatter of mass changes estimates at basin scale for Greenland and

Antarctica, The Cryosphere, 7(5), 1411-1432, doi:https://doi.org/10.5194/tc-7-1411-2013, 2013.

37


https://datadryad.org/stash/share/RFbPIGTZRn0Vs0u8hj1PSgjde11IPAL-k8TvEOOEBDA
https://doi.org/10.11583/DTU.12866579.v4
https://doi.org/10.5281/zenodo.13276108
https://doi.org/10.1038/s41561-019-0527-z
https://doi.org/10.5194/tc-7-1411-2013

725

730

735

740

745

750

755

Barletta, V. R., L. S. Sgrensen, and R. Forsberg, Gravitational mass balance of Greenland 2003 to present v2.1,
https://doi.org/10.11583/DTU.12866579.v4, 2020.

Barletta, V. R., Bordoni, A., & Khan, S. A., GNET derived mass balance and glacial isostatic adjustment constraints for

Greenland. Geophysical Research Letters, 51, €2023GL106891. https://doi.org/10.1029/2023GL 106891, 2024

Benveniste, J., Berry, P., & Wilson, H. (2002). Envisat RA-2/MWR Product Handbook. European Space Agency.
ESA (European Space Agency). (2010). ENVISAT Altimetry Products User Guide.

Bevis, M., et al., Accelerating changes in ice mass within Greenland, and the ice sheet’s sensitivity to atmospheric forcing,

Proceedings of the National Academy of Sciences, 116(6), 1934-1939, doi:https://doi.org/10.1073/pnas.1806562116, 2019.

Box, J. E., et al., Greenland ice sheet climate disequilibrium and committed sea-level rise, Nature Climate Change, 12(9),

808-813, doi:https://doi.org/10.1038/s41558-022-01441-2, 2022.

Brils, M., P. Kuipers Munneke, and M. R. van den Broeke, Spatial Response of Greenland's Firn Layer to NAO Variability,
Journal of Geophysical Research: Earth Surface, 128(8), €2023JF007082, doi:https://doi.org/10.1029/2023JF007082, 2023.

Caron, L., E. R. Ivins, E. Larour, S. Adhikari, J. Nilsson, and G. Blewitt, GIA Model Statistics for GRACE Hydrology,
Cryosphere, and Ocean Science, Geophysical Research Letters, 45(5), 2203-2212,
doi:https://doi.org/10.1002/2017GL076644, 2018.

Cheng, G., Morlighem, M., Mouginot, J., & Cheng, D. (2022). Helheim Glacier’s terminus position controls its seasonal and
inter-annual ice flow variability, Geophysical Research Letters, 49, €2021GL097085.
https://doi.org/10.1029/2021GL097085

Choi, Y., H. Seroussi, M. Morlighem, N. J. Schlegel, and A. Gardner, Impact of time-dependent data assimilation on ice
flow model initialization and projections: a case study of Kjer Glacier, Greenland, The Cryosphere, 17(12), 5499-5517,
doi:https://doi.org/10.5194/tc-17-5499-2023, 2023.

Csatho, B. M., A. F. Schenk, C. J. van der Veen, G. Babonis, K. Duncan, S. Rezvanbehbahani, M. R. van den Broeke, S. B.
Simonsen, S. Nagarajan, and J. H. van Angelen, Laser altimetry reveals complex pattern of Greenland Ice Sheet dynamics,
Proceedings of the National Academy of Sciences, 111(52), 18478-18483, doi:https://doi.org/10.1073/pnas.1411680112,
2014.

38


https://doi.org/10.11583/DTU.12866579.v4
https://doi.org/10.1029/2023GL106891
https://doi.org/10.1073/pnas.1806562116
https://doi.org/10.1038/s41558-022-01441-2
https://doi.org/10.1029/2023JF007082
https://doi.org/10.1002/2017GL076644
https://doi.org/10.1029/2021GL097085
https://doi.org/10.5194/tc-17-5499-2023
https://doi.org/10.1073/pnas.1411680112

760

765

770

775

780

785

790

Fausto, R. S., et al., A Snow Density Dataset for Improving Surface Boundary Conditions in Greenland Ice Sheet Firn

Modeling, Frontiers in Earth Science, 6, doi:https://doi.org/10.3389/feart.2018.00051, 2018.

Fettweis, X., J. E. Box, C. Agosta, C. Amory, C. Kittel, C. Lang, D. van As, H. Machguth, and H. Gallée, Reconstructions of
the 1900-2015 Greenland ice sheet surface mass balance using the regional climate MAR model, The Cryosphere, 11(2),
1015-1033, doi:https://doi.org/10.5194/tc-11-1015-2017, 2017.

Gardner, A. S., et al., A Reconciled Estimate of Glacier Contributions to Sea Level Rise: 2003 to 2009, Science, 340(6134),
852-857, doi:https://doi.org/doi:10.1126/science. 1234532, 2013.

Goelzer, H., A. Robinson, H. Seroussi, and R. S. W. van de Wal, Recent Progress in Greenland Ice Sheet Modelling, Current
Climate Change Reports, 3(4), 291-302, doi:https://doi.org/10.1007/s40641-017-0073-y, 2017.

Gourmelen, N., Escorihuela, M., Shepherd, A., Foresta, L., Muir, A., Garcia-Mondéjar, A., Roca, M., Baker, S.G. and
Drinkwater, M.R., 2018. CryoSat-2 swath interferometric altimetry for mapping ice elevation and elevation change.

Advances in Space Research, 62(6), pp.1226-1242. doi:10.1016/j.asr.2017.11.014.

Greene, C. A., A. S. Gardner, M. Wood, and J. K. Cuzzone, Ubiquitous acceleration in Greenland Ice Sheet calving from

1985 to 2022, Nature, 625(7995), 523-528, doi:https://doi.org/10.1038/s41586-023-06863-2, 2024.

Hanna, E., J. M. Jones, J. Cappelen, S. H. Mernild, L. Wood, K. Steffen, and P. Huybrechts, The influence of North Atlantic
atmospheric and oceanic forcing effects on 19002010 Greenland summer climate and ice melt/runoff, International Journal

of Climatology, 33(4), 862-880, doi:https://doi.org/10.1002/joc.3475, 2013.

Helm, V., A. Humbert, and H. Miller, Elevation and elevation change of Greenland and Antarctica derived from CryoSat-2,

The Cryosphere, 8(4), 1539-1559, doi:https://doi.org/10.5194/tc-8-1539-2014, 2014.

Hurkmans, R. T. W. L., J. L. Bamber, C. H. Davis, I. R. Joughin, K. S. Khvorostovsky, B. S. Smith, and N. Schoen, Time-
evolving mass loss of the Greenland Ice Sheet from satellite altimetry, The Cryosphere, 8(5), 1725-1740,
doi:https://doi.org/10.5194/tc-8-1725-2014, 2014.

Howat, 1., A. Negrete, and B. Smith, MEaSUREs Greenland Ice Mapping Project (GIMP) Digital Elevation Model, Version
1.. Boulder, Colorado USA. NASA National Snow and Ice Data Center Distributed Active Archive Center.
https://doi.org/10.5067/NV34YUIXLPI9W. [Date Accessed: 1 June 2024], 2015.

39


https://doi.org/10.3389/feart.2018.00051
https://doi.org/10.5194/tc-11-1015-2017
https://doi.org/doi:10.1126/science.1234532
https://doi.org/10.1007/s40641-017-0073-y
https://doi.org/10.1038/s41586-023-06863-2
https://doi.org/10.1002/joc.3475
https://doi.org/10.5194/tc-8-1539-2014
https://doi.org/10.5194/tc-8-1725-2014

795

800

805

810

815

820

Khan, S. A., et al,, Greenland Mass Trends From Airborne and Satellite Altimetry During 2011-2020, Journal of
Geophysical Research: Earth Surface, 127(4), ¢2021JF006505, doi:https://doi.org/10.1029/2021JF006505, 2022a.

Khan, S. A., W. Colgan, T. A. Neumann, M. R. van den Broeke, K. M. Brunt, B. Noél, J. L. Bamber, J. Hassan, and A. A.
Bjork, Accelerating Ice Loss From Peripheral Glaciers in North Greenland, Geophysical Research Letters, 49(12),
€2022GL098915, doi:https://doi.org/10.1029/2022GL098915, 2022b.

Khan, S. A., et al., Geodetic measurements reveal similarities between post—Last Glacial Maximum and present-day mass

loss from the Greenland ice sheet, Science Advances, 2(9), 1600931, doi:https://doi.org/10.1126/sciadv.1600931, 2016.

Khan, Shfagat Abbas et al., Smoothed monthly Greenland ice sheet elevation changes during 2003-2023 [Dataset].
Dryad. https://datadryad.org/stash/share/RFbPIGTZRn0VsOu8hj1PSgjdel ITPAL-kSTVEOOEBDA,
https://doi.org/10.5061/dryad.s4mw6m9dh_(doi link not activated yet by DRYAD), 2024a.

Khan, S. A.. Matlab code related to paper: Smoothed monthly Greenland ice sheet elevation changes during 2003-2023 by
Khan et al, 2024. (in ESSD). In Smoothed monthly Greenland ice sheet elevation changes during 2003-2023.
Zenodo. https://doi.org/10.5281/zenodo.13276108, 2024b.

Khazendar, A., et al., Interruption of two decades of Jakobshavn Isbrae acceleration and thinning as regional ocean cools,

Nature Geoscience, 12(4), 277-283, doi:https://doi.org/10.1038/s41561-019-0329-3, 2019.

Kochtitzky, W., L. Copland, M. King, R. Hugonnet, H. Jiskoot, M. Morlighem, R. Millan, S. A. Khan, and B. Noél, Closing
Greenland's Mass Balance: Frontal Ablation of Every Greenlandic Glacier From 2000 to 2020, Geophysical Research
Letters, 50(17), €2023GL104095, doi:https://doi.org/10.1029/2023GL104095, 2023.

Laske, G., Masters, G., Reif, C.,, CRUST2.0: A New Global Crustal Model at 2 2 Degrees.
/http://igppweb.ucsd.edu/_gabi/crust2.htmlS, 2012.

Lippert, E. Y. H., Morlighem, M., Cheng, G., & Khan, S. A. (2024). Modeling a century of change: Kangerlussuaq Glacier's
mass loss from 1933 to 2021, Geophysical Research Letters, 51, ¢2023GL106286. https://doi.org/10.1029/2023GL 106286

40


https://doi.org/10.1029/2021JF006505
https://doi.org/10.1029/2022GL098915
https://doi.org/10.1126/sciadv.1600931
https://datadryad.org/stash/share/RFbPIGTZRn0Vs0u8hj1PSgjde11IPAL-k8TvEOOEBDA
https://doi.org/10.5281/zenodo.13276108
https://doi.org/10.1038/s41561-019-0329-3
https://doi.org/10.1029/2023GL104095
https://doi.org/10.1029/2023GL106286

825

830

835

840

845

850

855

Lu, X., Sole, A., Livingstone, S. J., Cheng, G., Jiang, L., Chudley, T., Noél, B., & Li, D. (2025). Ice thickness-induced
variations in effective pressure and basal conditions influence seasonal and multi-annual ice velocity at Sermeq Kujalleq

(Jakobshavn Isbra). Geophysical Research Letters, 52, €2024GL111092. https://doi.org/10.1029/2024GL 111092

Mankoff, K. D., et al., Greenland Ice Sheet solid ice discharge from 1986 through 2017, Earth Syst. Sci. Data, 11(2), 769-
786, doi:https://doi.org/10.5194/essd-11-769-2019, 2019.

Mankoff, K. D., et al., Greenland ice sheet mass balance from 1840 through next week, Earth Syst. Sci. Data, 13(10), 5001-
5025, doi:https://doi.org/10.5194/essd-13-5001-2021, 2021.

Markus, T., Neumann, T., Martino, A., Abdalati, W., Brunt, K., Csatho, B., Farrell, S., Fricker, H., Gardner, A., Harding, D.
and Jasinski, M., 2017. The Ice, Cloud, and land Elevation Satellite-2 (ICESat-2): science requirements, concept, and
implementation. Remote sensing of environment, 190, pp.260-273. doi:10.1016/j.rse.2016.12.029.

Miles, B., Stokes, C., Vieli, A. et al. Rapid, climate-driven changes in outlet glaciers on the Pacific coast of East Antarctica.

Nature 500, 563-566 (2013). doi:10.1038/nature12382

Mouginot, J., E. Rignot, A. A. Bjerk, M. van den Broeke, R. Millan, M. Morlighem, B. Noél, B. Scheuchl, and M. Wood,
Forty-six years of Greenland Ice Sheet mass balance from 1972 to 2018, Proceedings of the National Academy of Sciences,
116(19), 9239-9244, doi:https://doi.org/10.1073/pnas.1904242116, 2019.

Neumann, T.A., Martino, A.J., Markus, T., Bae, S., Bock, M.R., Brenner, A.C., Brunt, K.M., Cavanaugh, J., Fernandes, S.T.,
Hancock, D.W. and Harbeck, K., 2019. The Ice, Cloud, and Land Elevation Satellite—2 Mission: A global geolocated photon
product derived from the advanced topographic laser altimeter system. Remote sensing of environment, 233, p.111325.

doi:10.1016/j.rse.2019.111325.

Nilsson, J., A. Gardner, L. Sandberg Serensen, and R. Forsberg, Improved retrieval of land ice topography from CryoSat-2
data and its impact for volume-change estimation of the Greenland Ice Sheet, The Cryosphere, 10(6), 2953-2969,
doi:https://doi.org/10.5194/tc-10-2953-2016, 2016.

Nilsson, J. and A. S. Gardner, Elevation Change of the Greenland Ice Sheet and its Peripheral Glaciers: 1992-2023, Earth
Syst. Sci. Data Discuss. [preprint], https://doi.org/10.5194/essd-2024-311, in review, 2024.

41


https://doi.org/10.1029/2024GL111092
https://doi.org/10.5194/essd-11-769-2019
https://doi.org/10.5194/essd-13-5001-2021
https://doi.org/10.1073/pnas.1904242116
https://doi.org/10.5194/tc-10-2953-2016

860

865

870

875

880

885

890

Nilsson, J., A. S. Gardner, and F. S. Paolo, Elevation change of the Antarctic Ice Sheet: 1985 to 2020, Earth Syst. Sci. Data,
14(8), 3573-3598, doi:https://doi.org/10.5194/essd-14-3573-2022, 2022.

Noél, B., W. J. van de Berg, S. Lhermitte, and M. R. van den Broeke, Rapid ablation zone expansion amplifies north

Greenland mass loss, Science Advances, 5(9), eaaw0123, doi:https://doi.org/10.1126/sciadv.aaw0123, 2019.

Noél, B., et al., Modelling the climate and surface mass balance of polar ice sheets using RACMO2 — Part 1: Greenland
(1958-2016), The Cryosphere, 12(3), 811-831, doi:https://doi.org/10.5194/tc-12-811-2018, 2018.

Ravinder, N., Shepherd, A., Otosaka, 1., Slater, T., Muir, A., & Gilbert, L., Greenland Ice Sheet elevation change from
CryoSat-2 and ICESat-2. Geophysical Research Letters, 51, €2024GL110822. https://doi.org/10.1029/2024GL110822, 2024.

Rémy, F., T. Flament, A. Michel, and D. Blumstein, Envisat and SARAL/AltiKa Observations of the Antarctic Ice Sheet: A
Comparison Between the Ku-band and Ka-band, Marine Geodesy, 38(supl), 510-521,
doi:https://doi.org/10.1080/01490419.2014.985347, 2015.

Sasgen, 1., B. Wouters, A. S. Gardner, M. D. King, M. Tedesco, F. W. Landerer, C. Dahle, H. Save, and X. Fettweis, Return
to rapid ice loss in Greenland and record loss in 2019 detected by the GRACE-FO satellites, Communications Earth &
Environment, 1(1), 8, doi:https://doi.org/10.1038/s43247-020-0010-1, 2020.

Schenk, T., B. Csatho, C. van der Veen, and D. McCormick, Fusion of multi-sensor surface elevation data for improved
characterization of rapidly changing outlet glaciers in Greenland, Remote Sensing of Environment, 149, 239-251,

doi:https://doi.org/10.1016/j.rse.2014.04.005, 2014.

Shepherd, A., et al., Mass balance of the Greenland Ice Sheet from 1992 to 2018, Nature, 579(7798), 233-239,
doi:https://doi.org/10.1038/s41586-019-1855-2, 2020.

Simonsen, S. B., V. R. Barletta, W. T. Colgan, and L. S. Serensen, Greenland Ice Sheet Mass Balance (1992-2020) From
Calibrated Radar Altimetry, Geophysical Research Letters, 48(3), €2020GL091216,
doi:https://doi.org/10.1029/2020GL.091216, 2021.

Schutz, B. E., H. J. Zwally, C. A. Shuman, D. Hancock, and J. P. DiMarzio (2005), Overview of the ICESat Mission,
Geophys. Res. Lett., 32, 121501, doi:10.1029/2005GL024009.

42


https://doi.org/10.5194/essd-14-3573-2022
https://doi.org/10.1126/sciadv.aaw0123
https://doi.org/10.5194/tc-12-811-2018
https://doi.org/10.1080/01490419.2014.985347
https://doi.org/10.1038/s43247-020-0010-1
https://doi.org/10.1016/j.rse.2014.04.005
https://doi.org/10.1038/s41586-019-1855-2
https://doi.org/10.1029/2020GL091216

895

900

905

910

915

920

Slater, T., et al., Increased variability in Greenland Ice Sheet runoff from satellite observations, Nature Communications,

12(1), 6069, doi:https://doi.org/10.1038/541467-021-26229-4, 2021.

Smith, B. Medley, X. Fettweis, T. Sutterley, P. Alexander, D. Porter, and M. Tedesco, Evaluating Greenland surface-mass-
balance and firn-densification data using ICESat-2 altimetry, The Cryosphere, 17(2), 789-808, doi:https://doi.org/10.5194/tc-
17-789-2023, 2023.

Smith, B., B. M. Adusumilli, D. Csath6, H. A. Felikson, A. Fricker, N. Gardner, J. L. Holschuh, F. S. Paolo, M. R. Siegfried,
and T. S. a. t. [.-S. Team, ATLAS/ICESat-2 L3A Land Ice Height, Boulder, Colorado USA. NASA National Snow and Ice
Data Center Distributed Active Archive Center, 5, doi:https://doi.org/10.5067/ATLAS/ATL06.005, 2021.

Smith, B., et al., Land ice height-retrieval algorithm for NASA's ICESat-2 photon-counting laser altimeter, Remote Sensing
of Environment, 233, 111352, doi:https://doi.org/10.1016/j.rse.2019.111352, 2019.

Serensen, L., S. B. Simonsen, R. Forsberg, K. Khvorostovsky, R. Meister, and M. E. Engdahl, 25 years of elevation changes
of the Greenland Ice Sheet from ERS, Envisat, and CryoSat-2 radar altimetry, Earth and Planetary Science Letters, 495,
234-241, doi:https://doi.org/10.1016/j.epsl.2018.05.015, 2018.

Studinger, M., Updated 2020. IceBridge ATM L2 icessn elevation, slope, and roughness, version 2, Boulder, Colorado,
US4, NASA National Snow and Ice Data Center Distributed Active Archive Center,
doi:https://doi.org/10.5067/CPRXXK3F39RV, 2020.

van den Broeke, M. R., E. M. Enderlin, I. M. Howat, P. Kuipers Munncke, B. P. Y. Noél, W. J. van de Berg, E. van
Meijgaard, and B. Wouters, On the recent contribution of the Greenland ice sheet to sea level change, The Cryosphere,

10(5), 1933-1946, doi:https://doi.org/10.5194/tc-10-1933-2016, 2016.

Velicogna, L., et al., Continuity of Ice Sheet Mass Loss in Greenland and Antarctica From the GRACE and GRACE Follow-
On Missions, Geophysical Research Letters, 47(8), €2020GL087291, doi:https://doi.org/10.1029/2020GL087291, 2020.

Vijay, S., M. D. King, I. M. Howat, A. M. Solgaard, S. A. Khan, and B. Noél, Greenland ice-sheet wide glacier classification
based on two distinct seasonal ice velocity behaviors, Journal of Glaciology, 67(266), 1241-1248,
doi:https://doi.org/10.1017/j0g.2021.89, 2021.

43


https://doi.org/10.1038/s41467-021-26229-4
https://doi.org/10.5194/tc-17-789-2023
https://doi.org/10.5194/tc-17-789-2023
https://doi.org/10.5067/ATLAS/ATL06.005
https://doi.org/10.1016/j.rse.2019.111352
https://doi.org/10.1016/j.epsl.2018.05.015
https://doi.org/10.5067/CPRXXK3F39RV
https://doi.org/10.5194/tc-10-1933-2016
https://doi.org/10.1029/2020GL087291
https://doi.org/10.1017/jog.2021.89

925

930

935

940

945

950

Wang, H., L. Xiang, L. Jia, L. Jiang, Z. Wang, B. Hu, and P. Gao, Load Love numbers and Green's functions for elastic
Earth models PREM, iasp91, ak135, and modified models with refined crustal structure from Crust 2.0, Computers &
Geosciences, 49, 190-199, doi:https://doi.org/10.1016/j.cage0.2012.06.022, 2012.

Williams, J. J.,, N. Gourmelen, P. Nienow, C. Bunce, and D. Slater, Helheim Glacier Poised for Dramatic Retreat,

Geophysical Research Letters, 48(23), €2021GL094546, doi:https://doi.org/10.1029/2021GL094546, 2021.

Wingham, D. J., et al., CryoSat: A mission to determine the fluctuations in Earth’s land and marine ice fields, Advances in

Space Research, 37(4), 841-871, doi:https://doi.org/10.1016/j.asr.2005.07.027, 2006.

Winstrup, M., Ranndal, H., Hillerup Larsen, S., Simonsen, S. B., Mankoff, K. D., Fausto, R. S., and Sandberg Serensen, L.:
PRODEM: an annual series of summer DEMs (2019 through 2022) of the marginal areas of the Greenland Ice Sheet, Earth
Syst. Sci. Data, 16, 5405-5428, https://doi.org/10.5194/essd-16-5405-2024, 2024.

Wood, M., et al, Ocean forcing drives glacier retreat in Greenland, Science Advances, 7(1), eaba7282,

doi:https://doi.org/10.1126/sciadv.aba7282, 2021.

Y. -R. Lai and L. Wang, Monthly Surface Elevation Changes of the Greenland Ice Sheet From ICESat-1, CryoSat-2, and
ICESat-2 Altimetry Missions, IEEE Geoscience and Remote Sensing Letters, vol. 19, pp. 1-5, 2022, Art no. 2000305, doi:
10.1109/LGRS.2021.3058956, 2021.

Zwally, H. J., R. Schutz, J. C. Bentley, T. Bufton, J. Herring, J. S. Minster, and R. Thomas, GLAS/ICESat L2 Antarctic and
Greenland Ice Sheet Altimetry Data, Boulder, Colorado USA. NASA National Snow and Ice Data Center Distributed Active
Archive Center, Version 34, doi:https://doi.org/10.5067/ICESAT/GLAS/DATA225, 2014.

Zwally HJ, Giovinetto MB, Li J, et al., Mass changes of the Greenland and Antarctic ice sheets and shelves and
contributions to sea-level rise: 1992-2002. Journal of Glaciology. 2005;51(175):509-527.
doi:10.3189/172756505781829007.

44


https://doi.org/10.1016/j.cageo.2012.06.022
https://doi.org/10.1029/2021GL094546
https://doi.org/10.1016/j.asr.2005.07.027
https://doi.org/10.1126/sciadv.aba7282
https://doi.org/10.5067/ICESAT/GLAS/DATA225

	1 Introduction
	2. Input Data
	2.1 Radar and laser altimetry data

	3. Methods
	3.1 Improvement compared to previous study
	3.2 Monthly elevation changes from ICESat
	3.3 Monthly elevation changes from CryoSat-2
	3.4 Monthly elevation changes from EnviSat
	3.6 Monthly elevation changes from NASA’s Operation IceBridge ATM flights
	3.7 Monthly elevation changes and their uncertainty
	3.8 Correction for elastic VLM, glacial isostatic adjustment, and firn compaction and associated uncertainties
	3.8.1 Glacial Isostatic Adjustment
	3.8.2 Elastic vertical land motion
	3.8.3 Converting volume to mass


	4. Result
	5. Validation
	5.1 Mass change from satellite gravimetry and the Input-Output method
	5.2 Local elevation changes
	5.3 Seasonal signal
	5.4 Temporal agreement between approaches during the rapid ice

	6. Discussion
	7. Limitations of the method and data
	8. Data products and availability
	9. Conclusion
	References

