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Abstract. Anthropogenic land-use and land cover change (LULCC) is a major driver of environmental changes. The bio-

physical impacts of these changes on the regional climate in Europe are currently extensively investigated within the WCRP

CORDEX Flagship Pilot Study (FPS) LUCAS - "Land Use and Climate Across Scales" using an ensemble of different Re-

gional Climate Models (RCMs) coupled with diverse Land Surface Models (LSMs). In order to investigate the impact of

realistic LULCC on past and future climates, high-resolution datasets with observed LULCC and projected future LULCC5

scenarios are required as input for the RCM-LSM simulations. To account for these needs, we generated the LUCAS LUC

Version 1.0 at 0.1° resolution for Europe (Hoffmann et al., 2021c, b). The plant functional type distribution for the year 2015

(i.e. LANDMATE PFT dataset) is derived from the European Space Agency Climate Change Initiative Land Cover (ESA-CCI

LC) dataset. Details about the conversion method based on a cross-walking procedure and the evaluation of the LANDMATE

PFT dataset are given in the companion paper by Reinhart et al. (submitted). Subsequently, we applied the land-use change10

information from the Land-Use Harmonization 2 (LUH2) dataset, provided at 0.25◦ resolution as input for CMIP6 experi-

ments, to derive realistic LULC distribution at high spatial resolution and at annual timesteps from 1950 to 2100. In order to

convert land use and land management change information from LUH2 into changes in the PFT distribution, we developed a

Land Use Translator (LUT) specific to the needs of RCMs. The annual PFT maps for Europe for the period 1950 to 2015 are

derived from the historical LUH2 dataset by applying the LUT backward from 2015 to 1950. Historical changes in the forest15

type changes are considered using an additional European forest species dataset. The historical changes in the PFT distribution

of LUCAS LUC follow closely the land use changes given by LUH2 but differ in some regions compared to remotely-sensed
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PFT time series. From 2016 onward, annual PFT maps for future land use change scenarios based on LUH2 are derived for

different Shared Socioeconomic Pathways (SSPs) and Representative Concentration Pathways (RCPs) combinations used in

the framework of the Coupled Modelling Intercomparison Project Phase 6 (CMIP6). The resulting LULCC maps can be ap-20

plied as land use forcing to the next generation of RCM simulations for downscaling of CMIP6 results. The newly developed

LUT is transferable to other CORDEX regions world-wide.

1 Introduction

Human land surface modifications through land use are an important forcing on climate, and its direct biophysical effects on the25

local and regional climate can exceed those associated with global greenhouse gas forcing (de Noblet-Ducoudré et al., 2012).

Land use and land cover changes (LULCC) affect land-atmosphere processes through modifications of the surface energy

balance (Mahmood et al., 2014). Up to now, LULCC forcing is not sufficiently accounted for in climate change projections

conducted with regional climate models (RCMs) although the strongest impact is found especially at those finer regional scales

(Mahmood et al., 2014; Davin et al., 2014). Thus, robust fine-scale LULCC reconstructions are needed to inform simulation30

experiments to quantify the interaction between regional and local biogeochemical and biophysical processes, which may

support effective land-use based climate adaptation as well as mitigation measures.

The first coordinated downscaling experiments including land use changes were performed in the frame of the WCRP

CORDEX Flagship Pilot Study LUCAS Land Use and Climate Across Scales (LUCAS; Rechid et al., 2017). An ensemble of

different RCMs coupled to diverse land surface models (LSMs) has been set up to perform idealized experiments with extreme35

LULCC scenarios for the EUR-44 domain driven by ERA-Interim reanalysis. The responses of the RCM-LSM ensemble to

the two extreme LULCC scenarios shows robust seasonal signals for some regions and some variables but also disagreement

between the different RCM-LSMs (Davin et al., 2020; Breil et al., 2020).

In the next phases of LUCAS and within EURO-CORDEX (Jacob et al., 2020), it is planned to conduct simulations with

past and future land-use changes on horizontal resolutions of 12.5 km down to the kilometer scale. This approach poses new40

requirements for LULCC reconstructions and scenarios:

1) A high spatial resolution (1 km and below) over a spatial domain that covers the entire EURO-CORDEX domain. The

high spatial resolution is needed such that regional details are well resolved, which enables investigating the impact of LULCC

on small-scale processes such as local wind systems, convection, boundary layer processes, and scale-interactions (Mahmood

et al., 2014) with RCMs.45

2) A reconstruction, with an annual timestep, going back 65 years in time to perform attribution studies and the LULCC

product should extend 85 years in the future for analyzing the impact of several Shared Socioeconomic Pathways (SSPs) and

Representative Concentration Pathways (RCPs) scenarios which could be used to inform policy making.
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3) Future LULCC should follow the overall trends employed by the driving Global Climate Models/Earth System Models

(GCM/ESM) in order to be consistent with the boundary forcing as it is done for other forcing data such as greenhouse gas50

concentrations or aerosol emissions.

4) Include land use and land cover classes that are relevant for RCMs. For instance, at scales of ∼50 km and below, urban

land cover plays a significant role (Katzfey et al., 2020; Daniel et al., 2019; Chapman et al., 2019). Also at finer scales the

ratio of needleleaf and broadleaf forest becomes a meaningful driver (Naudts et al., 2016; Schwaab et al., 2020). In addition,

land management practices such as irrigation significantly alter local and regional climate (Lobell et al., 2009; Valmassoi et al.,55

2019) and should thus be accounted for in the reconstruction and scenarios.

The LULCC reconstructions applied within the Coupled Model Intercomparison Project Phase 6 (CMIP6; Eyring et al.,

2016) and the Land Use Model Intercomparison Project (LUMIP; Lawrence et al., 2016) are harmonized with future projections

based on SSP and RCP scenarios in order to generate the Land-Use Harmonization 2 dataset (LUH2; Hurtt et al., 2020). These

land use and land management changes are available from 850 until 2100 (with extension until 2300) on a global 0.25◦ grid.60

Thus, LUH2 meets the requirement for the length of the dataset but not for spatial resolution. In addition, the land use classes

do not correspond to land use and land cover classes employed in most GCMs or RCMs.

Consequently, many modelling groups will have to convert the LUH2 land use changes into changes of the land cover

and land use input prior to their use in GCMs. For this conversion so-called Land Use Translators (LUTs) are applied (e.g.,

Di Vittorio et al., 2014; Mauritsen et al., 2019; Lurton et al., 2020), which are usually model specific. For most GCMs/ESMs,65

LUTs only account for changes in land use classes such as cropland, pasture and rangeland, and natural vegetation (e.g.,

Mauritsen et al., 2019; Lurton et al., 2020). Within the natural vegetation class the relative distribution of vegetation types such

as forest, shrubs or grassland is constant or computed by the dynamic vegetation model despite the fact that LUH2 provides

information on changes in forested and non-forested vegetation. Keeping the natural vegetation constant in RCMs, which do

not include dynamic vegetation models, would be a major limitation and would not meet the requirements listed above. In70

addition, urban changes are mostly discarded in LUT approaches because urban land use is not considered by most GCMs,

with some exceptions (e.g., Danabasoglu et al., 2020; Katzfey et al., 2020; Jackson et al., 2010). Consequently, we developed

new LUT approach, which accounts for changes in the distribution of natural vegetation types and urban areas, and generated

a new land cover input dataset for RCMs.

Inconsistencies due to coarse resolution of LUH2 are tackled to a large extent by applying the LUT to a high-resolution75

initial land cover dataset. There is a wide range of observed high-resolution land cover datasets available that have been used to

generate land cover input for RCMs (e.g., CORINE, MODIS, ESA-CCI LC, GlobCover, CLC2000). However, some of these

datasets are only available for certain regions, such as CORINE (Jaffrain et al., 2017), which is only available for European

Countries. Within CMIP6 GCMs/ESMs, the ESA Climate Change Initiative Land Cover product (ESA-CCI LC; ESA, 2017) is

increasingly applied. ESA-CCI LC provides annual time series with annual maps from 1992 to 2018, at a global ∼300 m grid,80

a resolution suitable for kilometer scale RCM simulations. The dataset shows good agreement with other land cover products,

globally and regionally (Achard et al., 2017; Reinhart et al., 2021a). In addition, ESA-CCI LC has already been used for RCM

studies on the impact of LULCC on the climate in Europe (Huang et al., 2020), demonstrating the potential for the use of this
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dataset for RCMs. Reinhart et al. (submitted) developed a workflow to convert the ESA-CCI LC land cover classes into plant

functional types (PFTs) as well as non-vegetated classes such as urban and bare ground for the European domain. The resulting85

LANDMATE PFT dataset (Version 1.0) (Reinhart et al., 2021b) shows a good agreement with ground truth observations and

thus provides the initial land cover map for the LUT approach.

In this study, we introduce the new high-resolution LUCAS LUC historical/future land use and land cover change dataset

(Version 1.0) (Hoffmann et al., 2021c, b), which we prepared to meet the requirements for the next generation RCM simulations

for downscaling CMIP6 by the EURO-CORDEX community and in the framework of FPS LUCAS.90

2 Generating the LUCAS LUC Dataset

2.1 Workflow

The workflow to generate the LUCAS LUC dataset is shown in Fig. 1. It starts with the generation of a PFT based map

based on the ESA-CCI LC dataset, the so-called LANDMATE PFT dataset (Sect. 2.2.1). The methods and datasets used to

create this dataset are described in the companion paper by Reinhart et al. (2021a). Therefore, only a short description of the95

basemap development is given in this paper. First, the ESA-CCI LC map for the year 2015, which has a native resolution of

∼300 m globally, is aggregated (global 0.1◦). Thereafter, the aggregated ESA-CCI LC map is converted into a set of PFTs. For

the conversion of the ESA-CCI LC land cover classes into PFTs, a cross-walking procedure is commonly applied (Wilhelm

et al., 2014; Li et al., 2018; Georgievski and Hagemann, 2019; Lurton et al., 2020; Reinhart et al., submitted). Therefore, for

each ESA-CCI LC land cover class we set-up a so-called cross-walking table (CWT), which defines the composition of this100

class in terms of PFT fractions. The CWTs are further refined based on climate zones, defined through the Holdridge Life

Zones (HLZ; Wilhelm et al., 2014). The HLZ concept proposes a global classification of climatic zones in relation to potential

vegetation cover dependent on mean annual precipitation data and mean monthly temperature (Holdridge, 1967). The HLZs

are computed from atmospheric observations of temperature and precipitation taken from the E-OBS dataset (within Europe)

and the CRU dataset (outside of Europe). Using the higher resolved E-OBS dataset (0.1◦ resolution) instead of the rather105

coarse CRU dataset (0.5◦ resolution), as it was used by Wilhelm et al. (2014), allows for a more detailed representation of

HLZs especially in regions with complex terrain. The distribution of C3 and C4 grasses within grassland areas, distinguished

by some LSMs, is taken from a separate potential C4 map provided by the North American Carbon Program (NACP) for the

Multi-scale Synthesis and Terrestrial Model Intercomparison Project (MsTMIP).

The information needed to compute changes in the PFT distribution is taken from the LUH2 dataset (Sect. 2.2.3), which pro-110

vides land-use states and -transitions and land management information at a global 0.25◦ grid from 850 to 2015 (reconstructed)

and from 2016 until 2100 (projected). The land-use classes and subsequently the land-use transitions mainly represent land

used by humans through agriculture, livestock farming, forest management etc. and only distinguish between forested and non-

forested vegetation. Thus, they cannot directly be imposed onto the LANDMATE PFTs, which represent mainly the physical

land cover.115
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Instead, the LUH2 land-use transitions are translated into annual changes in PFT fractions for the historical period starting

2015 and going back until 1950 using the newly developed land use translator (LUT; Sect. 2.3). While LUH2 provides transi-

tions of forest vegetation, historical changes in the forest type distributions are taken from a European forest area and species

composition dataset provided by McGrath et al. (2015) (Sect. 2.2.2). By employing the LUT forward in time, the future annual

PFT changes are computed from the eight different land-use change scenarios provided by LUH2. In special cases, where a120

certain vegetation type is not present within a grid cell but should be increased according to the LUH2 and the rules provided

by the LUT, a background map of potential vegetation is needed. This map is constructed from the ESA-CCI LC dataset as

well as the CWT used for the LANDMATE PFTs (Sect. 2.2.1).

The final LUCAS LUC dataset consists of one file containing the annual PFT maps for the historical period from 1950 until

2015 (Hoffmann et al., 2021c) and eight different files for the land-use change scenarios for the future period from 2016 to125

2100 (Hoffmann et al., 2021b). For the comparison of the historic land cover changes the ESA-CCI LC based PFT time series

and the MODIS PFT dataset are employed (Sect. 3.1).

2.2 Land use and land cover datasets

2.2.1 LANDMATE PFT dataset Version 1.0

The LANDMATE PFT dataset Version 1.0 for the year 2015 is used as a basemap from which the land cover changes are130

computed with the LUT (Sect. 2.3). Background maps, required for the LUT, are generated depending on the HLZ for the

grass, shrub, and forest PFTs, respectively, based on the CWTs described in Reinhart et al. (submitted). For example, the

background map for the forest PFT group consists of forest PFT fractions that are most likely to grow given the HLZ for each

land point respectively. If applied to other regions, this map would need to be adjusted for the dominant vegetation cover of the

region, e.g., for Australia, where temperate broadleaf evergreen forest is one of the dominant forest types.135

The distribution of the PFTs in the LANDMATE PFT dataset (major PFT class per 0.1◦ grid cell) in 2015 is shown in

Fig. 2. In many regions of Europe, cropland is the dominant PFT. In Scandinavia and Northern Russia, temperate evergreen

forest is dominant, which changes into tundra at higher latitudes and altitudes. Even at a 0.1◦ resolution, urban land cover is

the dominant land cover for a number of grid cells covering the major urban areas (e.g., London, Paris, Ruhr area etc.). This

emphasizes the importance of including urban areas at resolutions employed in EURO-CORDEX (i.e. ∼12.5 km and higher).140

2.2.2 European forest area and species composition

The dataset from McGrath et al. (2015) provides tree species composition on a 0.25◦ grid for Europe from 1600 to 2010,

taking into account the conversion of tree species due to forest management. The forest area was reconstructed based on the

tree species maps of Brus et al. (2012), the land cover map of Poulter et al. (2015), and the historical land use maps of Kaplan

et al. (2012, 2009). A detailed description of the tree species dataset is given by Naudts et al. (2016). While in Naudts et al.145

(2016) Larix sp. (the only deciduous coniferous species present in the dataset) is listed as a tree species, the fractions for this
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Europe
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Figure 1. Workflow for generating the LUCAS LUC dataset. The steps and datasets highlighted in the gray dashed box are described in

detail by Reinhart et al. (submitted).

species are zero in the dataset. Consequently, no additional information for the time evolution is available for the deciduous

coniferous PFT. The allocation of the tree species to the remaining three tree PFTs provided in table 2.
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Figure 2. Distribution of the 16 LANDMATE PFTs for 2015 based on ESA-CCI LC. Irrigation map from LUH2 is used to distinguish

between irrigated crops and rainfed crops.

2.2.3 Land-use harmonized dataset version 2 (LUH2)

The Land-use harmonized dataset version 2 (LUH2; Hurtt et al., 2020) provides annual land-use states and transitions for150

12 land use types (7 main land use types and 5 crop types, table 3) on a global 0.25◦ regular grid from 850 until 2100,

with extension to 2300 (LUH2-v2h dataset for historic time period 850-2015 and LUH2-v2f dataset for future time period

starting 2016). In addition, LUH2 provides also agricultural management information such as irrigation and fertilization. For

the historical period 850-2015 land-use changes are based on the History Database of the Global Environment version 3.2

(HYDE 3.2; Klein Goldewijk et al., 2017).155

Future land-use changes are based on the output of different integrated assessment models (IAM) for selected marker SSP-

RCP scenarios of which the most imporatnt characteristics are summarized in Table A1. The Global Land Use Model (GLM2;

Hurtt et al., 2006, 2011) is employed to translate the LUC information into fractional changes of the land use classes for

each 0.25◦ x 0.25◦ grid cell using additional datasets and assumptions as constrains. For three scenarios (i.e. SSP1/RCP1.9,

SSP1/RCP2.6, and SSP2/RCP45) an additional dataset is provided, which takes into account the future forestation that is160

present in these scenarios but was not captured in the initial LUH2 dataset (LUH2; Hurtt et al., 2020). The dataset contains

the variable "added tree cover", which is the fraction of the 0.25◦ x 0.25◦ grid cell that should be converted from non-forested

vegetation to forested vegetation to obtain the correct proportion of future forest cover.
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Table 1. LANDMATE plant functional types (PFTs) and non-vegetated classes based on Reinhart et al. (submitted). In addition, the grouping

used within the LUT (Sect. 2.3) is given (i.e,. PFT group).

Nr. Names PFT group

1 Tropical broadleaf evergreen trees forest

2 Tropical deciduous trees forest

3 Temperate broadleaf evergreen trees forest

4 Temperate deciduous trees forest

5 Evergreen coniferous trees forest

6 Deciduous coniferous trees forest

7 Coniferous shrubs shrub

8 Deciduous shrubs shrub

9 C3 grass grass

10 C4 grass grass

11 Tundra grass

12 Swamp no group

13 Non-irrigated crops crop

14 Irrigated crops crop

15 Urban urban

16 Bare no group

Table 2. Allocation of the tree species data (McGrath et al., 2015; Naudts et al., 2016) to the tree PFTs. Please note that Naudts et al. (2016)

distinguished the needleleaf species in temperate and boreal, even if they are the same species.

PFT tree species

Temperate broadleaf evergreen trees Quercus ilex and Q. suber

Temperate deciduous trees Betula sp., Fagus sylvatica, Quercus robur and Q. petraea, Populus sp.

Evergreen coniferous trees Pinus sylvestris, Pinus pinaster, Picea sp.

2.3 Translating land use changes to PFT changes

In order to convert the land use change information given by LUH2 into PFT changes, an algorithm with a fixed set of transition165

rules is developed (Tables 4 and 5). In a first step LUH2 classes are grouped into main land use classes, denoted here as LUT

classes (Table 3): Crops (CRO), forest (FOR), non-forest vegetation (NFV), rangeland (RAN), pasture (PAS), and urban (URB).

For these LUT classes the transitions provided by the LUH2 dataset are aggregated. The aggregated transitions are bilinearly

interpolated for the 0.25◦ grid to the 0.1◦ grid also used for the PFT maps derived from ESA-CCI LC (i.e. LANDMATE PFT

dataset; Sect. 2.2.1), which represent the land cover distribution for the year 2015.170
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Table 3. Land cover classes used for the land use translator and their corresponding LUH2 land use classes.

LUT classes LUH2 classes

forest (FOR) primary forest, secondary forest

non-forest vegetation (NFV) primary non-forest, secondary non-forest

rangeland (RAN) rangeland

pasture (PAS) pasture

crops (CRO) C3 annual crops, C3 perennial crops, C4 annual crops, C4 perennial crops, C3 nitrogen-fixing crops

urban (URB) urban land

The transition rules are defined to ensure that the changes in cropland are as close to the LUH2 changes as possible. In

contrast to other LUTs, urban transitions are included in the LUT. Following the recommendations by Ma et al. (2020) and

Hurtt et al. (2020), in the LUT natural vegetation is only cleared and converted into grassland for land-use class transitions

to pasture, while it remains for transitions from non-forested vegetation to rangeland. An exception to this general rule is the

transition from forest to rangeland when the land will be used for livestock grazing.175

The PFTs are increased or reduced according to the rules given in tables 4 and 5. The transitions are computed sequentially

according to the numbering in tables 4 and 5. The forward translation starts with transitions from and to cropland followed

by urban transitions. Thereafter, the remaining pasture and rangeland transitions are computed. Transitions from forest to

non-forested vegetation and vice versa are not considered in the forward translation because these fields are zero in LUH2.

Consequently, afforestation and deforestation only occur if land-use transitions related to land use classes urban, cropland,180

rangeland, and pasture are present. The backward translation also starts with cropland and urban transitions. Since the historical

transitions from urban to any other LUH2 land use class are zero, these transitions are not considered. The backward translation

continues with the pasture and rangeland transitions.

Since the vegetation fractions differ between the LANDMATE PFT map, used as the basemap for LUCAS LUC, and LUH2

(e.g. the spatial distribution of forest fraction), the rules are designed to be flexible. In order to ensure that crop and urban185

changes are as close as possible to the changes provided by LUH2, transition to crops are not as strict regarding the treatment

of the PFTs that occupied the grid cell previously. For example, during the transition of forest to cropland (FOR2CRO in table

4) the LUT checks if enough forest is available. If this is not the case shrub PFTs are reduced and in a subsequent step also the

grass PFTs, given that the sum of forest and shrub PFTs is still smaller than the transitions. The reduction of a PFT group is

done until its fraction is zero.190

For each transition in tables 4 and 5, the relative PFT-fractions remain constant within each PFT group (Table 1). For

example, an increase in non-forest vegetation would lead to an increase in all shrub and grass PFTs that are present within a

grid cell. If a PFT-fraction is not present in a certain grid cell but is supposed to increase, the PFT-fractions are taken from

the corresponding background map (Sect. 2.2.1). Bare ground and swamps remain unchanged because there is no information

about bare ground or wetland changes in the LUH2 dataset and there is no additional information available that could justify195
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a conversion of bare ground or wetlands to vegetation or crops, or any other land cover type, or vice versa. Hence, land cover

changes related to desertification, cropland expansion into the desert, and drainage of wetlands are not included in the LUCAS

LUC dataset.

2.3.1 Accounting for historical forest type distribution

For the backward translation, additional information on the relative distribution of broad- and needleleaf forest taken from200

the McGrath dataset is employed (Sect. 2.2.2). To avoid the altering of the basemap derived from ESA-CCI LC the relative

fractions of three tree types (Temperate broadleaf evergreen, Temperate deciduous trees, Evergreen coniferous trees) are not

directly imposed onto the PFT maps. Instead, only the trend in the relative fraction is used. For every timestep the difference in

the relative fractions of the three PFTs are computed. These relative fraction changes are then converted into fraction changes

of the individual PFTs by multiplying the relative fraction changes with the sum of the three PFTs.205

2.3.2 Adding tree cover for future scenarios

For the three scenarios SSP1/RCP1.9, SSP1/RCP2.6, and SSP5/RCP3.4OS, respectively, an additional transition is computed

because the afforestation signal is not correctly captured in the LUH2 land-use transitions. After the computation of transitions

provided by LUH2 projections, the forest PFTs are increased by employing the added tree cover data (Sect. 2.2.3). Here, the

same rules as for the transitions from forested vegetation to non-forested vegetation in the backward translation are applied210

(FOR2NFV in table 5) increasing forest PFTs and reducing non-forested PFTs, starting with shrub PFTs and if their fraction

is reduced to zero, grass PFTs.

2.3.3 Treatment of irrigated cropland

After the translation procedure, irrigated and non-irrigated crops are separated based on the irrigation fractions (e.g., irrigation

of C3 annual crops) for the different crop classes provided by LUH2. These fractions are aggregated to create a single irrigation215

fraction per grid cell. Within the irrigation fraction there is no consistent information on the irrigation practice (e.g., sprinkler

or channel irrigation) available. After each transition timestep of one year the crop PFTs are summed up and multiplied with

the irrigation fraction and (1 - irrigation fraction), respectively.

3 Results

3.1 Comparison with existing PFT-based LULCC datasets220

The historical trends in the LUCAS LUC PFTs are compared to the trends in the ESA-CCI based PFT time series (i.e. ESA

POULTER, Sect. 3.1.1) and the MODIS PFT time series (Sect. 3.1.2). The PFTs are aggregated to the land cover groups

cropland, grassland, forest, and urban according to table 6. In addition, the LUH2 land use states (Sect. 2.2.3) are used for the

comparison. Note that for this purpose the LUH2 land use class pasture is assigned to grassland because LUH2 does not provide

10
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Table 4. LUT rules for the translation of LUT class changes into into PFT changes forward in time using the PFT group definitions given in

table 1. The order of the computations of transitions is given in brackets. Crops (CRO), forest (FOR), non-forest vegetation (NFV), rangeland

(RAN), pasture (PAS), and urban (URB).

from FOR from NFV from CRO from PAS from RAN from URB

to FOR x x CRO2FOR (5)

increase forest PFTs;

reduce crop PFTs

PAS2FOR (20)

increase forest PFTs;

reduce grass PFTs

RAN2FOR (23)

increase forest PFTs;

reduce grass PFTs, if

not available reduce

shrub PFTs

URB2FOR (16)

increase forest

PFTs; reduce

urban

to NFV x x CRO2NFV (6)

increase shrub &

grass PFTs; reduce

grass PFTs

PAS2NFV (21)

increase shrub PFTs;

reduce grass PFTs

x URB2NFV (15)

increase shrub &

grass PFTs;

reduce urban

to CRO FOR2CRO (1)

increase crop PFTs;

reduce forest PFTs,

if not available

reduce shrubs PFTs,

if not available

reduce grass PFTs

NFV2CRO (2)

increase crop PFTs;

reduce shrubs PFTs,

if not available

reduce grass PFTs

x PAS2CRO (4)

increase crop PFTs;

reduce grass PFTs

RAN2CRO (3)

increase crop PFTs;

reduce grass PFTs, if

not available reduce

shrub PFTs

URB2CRO (14)

increase crop

PFTs; reduce

urban

to PAS FOR2PAS (18)

increase grass PFTs;

reduce forest PFTs,

if not available

reduce shrub PFTs

NFV2PAS (19)

increase grass PFTs;

reduce shrub PFTs

CRO2PAS (8)

increase grass PFTs;

reduce crop PFTs

x x URB2PAS (17)

increase grass

PFTs; reduce

urban

to RAN FOR2RAN (22)

increase grass PFTs;

reduce forest PFTs

x CRO2RAN (7)

increase grass PFTs;

reduce crop PFTs

x x URB2RAN (16)

increase grass

PFTs; reduce

urban

to URB FOR2URB (10)

increase urban;

reduce forest PFTs

NFV2URB (11)

increase urban;

reduce shrub PFTs,

if not available

reduce grass PFTs, if

not available reduce

forest PFTs

CRO2URB (9)

increase urban;

reduce crop PFTs

PAS2URB (13)

increase urban;

reduce grass PFTs

RAN2URB (12)

increase urban;

reduce grass PFTs, if

not available reduce

shrub PFTs

x
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Table 5. LUT rules for the translation of LUT class changes into PFT changes backward in time using the PFT group definitions given in

table 1. Please note that the transitions provided by LUH2 are the same as in table 4 but the changes in PFTs given in this table are imposed

backward in time. Crops (CRO), forest (FOR), non-forest vegetation (NFV), rangeland (RAN), pasture (PAS), and urban (URB).

from FOR from NFV from CRO from PAS from RAN from URB

to FOR x NFV2FOR (22)

increase shrub and

grass PFTs; reduce

forest PFTs

CRO2FOR (4)

increase crop PFTs;

reduce forest PFTs, if

not available reduce

shrub PFTs

PAS2FOR (15)

increase grass PFTs;

reduce forest PFTs

RAN2FOR (20)

increase grass &

forest PFTs; reduce

forest PFTs

x

to NFV FOR2NFV (21)

increase forest PFTs ;

reduce shrub PFTs, if

not available reduce

grass PFTs

x CRO2NFV (2)

increase crop PFTs;

reduce shrub PFTs, if

not available reduce

grass PFTs, if not

available reduce

forest PFTs

PAS2NFV (18)

increase grass PFTs;

reduce shrub PFTs

x x

to CRO FOR2CRO (3)

increase forest PFTs;

reduce crop PFTs

NFV2CRO (1)

increase shrub PFTs;

reduce crop PFTs

x PAS2CRO (7)

increase grass PFTs;

reduce crop PFTs

RAN2CRO (5)

increase grass PFTs;

reduce crop PFTs

x

to PAS FOR2PAS (14)

increase forest PFTs;

reduce grass PFTs

NFV2PAS (16)

increase shrub PFTs;

reduce grass PFTs

CRO2PAS (8)

increase crop PFTs;

reduce grass PFTs

x RAN2PAS (17)

increase shrub PFTs;

reduce grass PFTs

x

to RAN FOR2RAN (19)

increase forest PFTs;

reduce shrub PFTs, if

not available reduce

grass PFTs

x CRO2RAN (6)

increase crop PFTs;

reduce grass PFTs

x x x

to URB FOR2URB (11)

increase forest PFTs;

reduce urban

NFV2URB (10)

increase shrub PFTs;

reduce urban

CRO2URB (9)

increase crop PFTs;

reduce urban

PAS2URB (13)

increase grass PFTs;

reduce urban

RAN2URB (12)

increase grass and

shrub PFTs; reduce

urban

x

a grassland type. The spatial extent of the land cover fraction changes (Fig. 3) between 1992 and 2015, the period covered by225

ESA POULTER, as well as the time series of aggregated area changes (Fig. 4) are investigated. For the latter analysis, land

cover fractions are converted into area coverage per year for eight European sub-regions defined within the project Prediction of

Regional scenarios and Uncertainties for Defining European Climate change risks and Effects (PRUDENCE; Christensen et al.,

2007; Christensen and Christensen, 2007, Fig. 1) taking into account the land-sea mask from ESA POULTER, which is the
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same for LUCAS LUC. In the following the results for the IP - Iberian Peninsula, ME - Mid-Europe, and EA - Eastern Europe230

are presented and discussed as these regions are representative to illustrate the strengths and weaknesses of the high-resolution

LULCC reconstruction.

Table 6. Harmonized land cover classes and the corresponding PFTs and land use classes from LUCAS LUC, MODIS, ESA POULTER, and

LUH2.

land cover groups LUCAS LUC PFTs MODIS PFTs ESA POULTER PFTs LUH2 Class

cropland Non-irrigated crops, ir-

rigated crops

Cereal Croplands,

Broadleaf Croplands

crop C3 annual crops, C3

perennial crops, C4 an-

nual crops, C4 peren-

nial crops, C3 nitrogen-

fixing crops

grassland C3 grass, C4 grass grass natural grass pasture

forest Tropical broadleaf

evergreen trees, Trop-

ical deciduous trees,

Temperate broadleaf

evergreen trees, Tem-

perate deciduous trees,

Evergreen conifer-

ous trees, Deciduous

coniferous tree

Evergreen Needle-

leaf Trees, Evergreen

Broadleaf Trees, De-

ciduous Needleleaf

Trees, Deciduous

Broadleaf Trees

broadleaf evergreen,

broadleaf deciduous,

needleleaf evergreen,

needleleaf deciduous

primary forest, sec-

ondary forest

urban urban Urban and Built-up

Lands

urban urban land

3.1.1 Historical PFT time series based on ESA-CCI LC PFTs

Together with the high-resolution land cover maps, the ESA-CCI provides a dedicated user tool to re-project, re-sample the

LULC maps and to translate the LULC classes into model specific PFTs. During the re-sampling from the native ∼300 m235

horizontal resolution, the LULC class fractions are automatically preserved as fractions per re-sampled grid cell. The user tool

provides a generic translation table but also gives the possibility to include user-defined translations. Further, the involvement

of climate data within the translation process is possible to a limited extent. In order to prepare the ESA-CCI-based PFT maps

for the present comparison, the generic table provided by ESA is used under consideration of the modifications introduced

by Poulter et al. (2015). In addition to adjustments of the LULC class translation, an urban-PFT is added (Table A3). The240

resolution of the aggregated PFT maps can be chosen flexibly as required by the user. For the comparison with the LUCAS

LUC PFT maps, the PFT maps, denoted as ESA POULTER in the following, are aggregated to a horizontal resolution of 0.1◦.

13
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3.1.2 Historical PFT time series based on MODIS

The Collection 6 Terra and Aqua combined Moderate Resolution Imaging Spectroradiometer (MODIS) land cover datasets

(C6 MCD12Q1) provide ready to use PFT maps as one of their 13 science data sets. For C6 MCD12Q1, several processing245

steps were refined to eliminate known issues from the MODIS Collection 5 data sets, such as the excessively high inter-

annual variability (Abercrombie and Friedl, 2015). Additional information on the MODIS data processing can be found at

https://lpdaac.usgs.gov/products/mcd12q1v006/. The annual maps are available globally from 2001-2018 in ∼500 m horizon-

tal resolution. The 12 MODIS PFTs follow the PFT definition that was developed for the National Center for Atmospheric

Research land surface model (NCAR LSM) (Bonan et al., 2002). Table A2 shows the 12 PFTs including their description.250

The 13 science datasets are provided having six different LULC classifications, including the PFT classification. All LULC

classification are generated through employment of a supervised classification algorithm (Sulla-Menashe and Friedl, 2018).

For the comparison with the LUCAS LUC dataset, the MODIS PFT maps are aggregated to 0.1◦ horizontal resolution.

3.1.3 Cropland

Cropland changes in LUCAS LUC correspond well with the changes in LUH2, with some exceptions (Fig. 3a,b). The increase255

in cropland in Iceland, visible in LUH2, is not present in LUCAS LUC because the LANDMATE PFTs, which is used as

basemap for LUCAS LUC, has no cropland in Iceland in 2015 (not shown). Moreover, weaker changes in cropland fractions

in LUCAS LUC compared to LUH2 are found in the Middle East and in Northern Africa. The LUT keeps the fraction of

bare ground constant (Sect. 2.3), which limits the magnitude of possible land cover changes in regions with large bare ground

fractions.260

The decrease in cropland fraction in Central Europe and parts of Eastern Europe present in ESA POULTER shows a smaller

magnitude than LUCAS LUC and LUH2, respectively (Fig. 3c). The strong increase in cropland in Southern Russia and

Northwestern Kazakhstan found in ESA POULTER is not captured by LUCAS LUC and LUH2. In Southern Scandinavia and

Estonia, the cropland signals in LUH2 are opposite in comparison to the ESA POULTER derived signal with an increase in

cropland in LUH2 and thus also in the LUCAS LUC dataset. This is also the case for Egypt. Here, ESA POULTER shows265

a decrease in cropland cover for the Central Nile Delta and along the Nile River and increases along the Edges of the Nile

Delta whereas LUCAS LUC shows increases in this region. The increase along the delta edges can be attributed to cropland

expansion and the decreases to urbanization (Xu et al., 2017). These small-scale land cover dynamics are not captured by

LUH2.

The decreasing trend in cropland is visible for all datasets in the three PRUDENCE regions EA, ME, and IP (Fig. 4a-c). Only270

in MODIS, some years show less cropland compared to the year 2015. LUCAS LUC follows the LUH2 annual area changes

closely but with a slightly lower magnitude. MODIS and ESA POULTER show much smaller changes in EA and IP, while

ESA POULTER surpasses the LUCAS LUC and LUH2 changes in the period 1992 to 2001 in ME.

14

https://doi.org/10.5194/essd-2021-252

O
pe

n
 A

cc
es

s  Earth System 

 Science 

Data
D

iscu
ssio

n
s

Preprint. Discussion started: 10 August 2021
c© Author(s) 2021. CC BY 4.0 License.

NA
Sticky Note
for all of this, is there any evidence, from national statistics or other information, to corroborate one or the other findings discussed herein?

NA
Sticky Note
ok, please repeat this reference as needed across all the other issues discussed here, or at least state that you were not able to find corroborating information



3.1.4 Grassland

While LUH2 shows a decrease in grassland (i.e. land use class pasture) over the Iberian Peninsula and Poland (Fig. 3h), LUCAS275

LUC shows an increase in grassland (Fig. 3g). The reduction in grassland in LUH2 is mainly driven by conversion of non-

forested vegetation to pasture, which compensates for the increase in pasture converted from cropland. However, in LUCAS

LUC the non-forested vegetation that can be converted into grassland is shrubland (Tables 4 and 5), which is sparsely present in

Poland and the Iberian Peninsula (not shown). This limits to what extent the LUT can increase grassland by decreasing shrubs.

Consequently, other transitions (e.g., from cropland to pasture) dominate the land cover change signal for grassland. While280

LUCAS LUC grassland changes do not follow the pasture changes in LUH2 they are closer to the strong pasture increase in

Poland found by Kuemmerle et al. (2016), who used data from the Common Agricultural Policy Regionalized Impact (CAPRI)

database. Just like the cropland changes, alterations of grassland fractions are weaker in LUCAS LUC compared to the pasture

changes in LUH2 in the Middle East (Fig. 3g,h). This can be partly attributed to the larger share of bare ground in this region

in LUCAS LUC.285

The changes in grassland are quite small in ESA POULTER except for Southern Russia and Northwestern Kazakhstan,

where a dual pattern of decrease and increase can be seen (Fig. 3i). The decrease in grassland in this region results from a

conversion into cropland (3c), which LUH2 does not capture.

The time series of grassland changes for the three PRUDENCE regions show substantial differences between the datasets

(Fig. 4d-f). Since LUH2 does not provide grassland cover, pasture area changes are plotted instead. This is likely the reason290

why LUCAS LUC changes divert more strongly from LUH2 when changes in grassland are compared.

3.1.5 Forest

Forest changes in LUCAS LUC match the LUH2 changes closely (Fig. 3d,e). Increases in forest fractions in mountainous areas

(e.g., Alps, Carpathians Mountains, Balkan Mountains, and Pyrenees), Great Britain, Ireland, and in Russia between 55◦ and

60◦ are found in both datasets. The increases in Northern Italy and Ireland are weaker in LUCAS LUC compared to LUH2.295

This is again caused by the difference in forest cover in LUCAS LUC and LUH2 in the year 2015. The LUT can only decrease

as much forest fraction backward in time (i.e. increase for the comparison between 1992 and 2015) as there is available in

2015. Decreasing forest fraction can be seen in Russia (e.g., east of Belarus and at the border to Georgia) and in Albania. As

for cropland and grassland, forest changes in LUH2 and thus also in LUCAS LUC differ in many regions compared to ESA

POULTER. The change signals tend to be reversed, with a decrease in mountainous areas (e.g., Alps, Pyrenees, and Balkan300

Mountains) and a increase near the Russian border to Belarus. Especially the decrease in the Alps and Pyrenees seem to be

not supported by recent assessments. For example, Fernández-Nogueira and Corbelle-Rico (2018) found a strong afforestation

signal between 1990 and 2012 in the northern parts of Spain based on the CORINE Land Cover dataset. In addition, inventory

based datasets show an increase in forest cover during the 1990s and the 2000s for the Alps (e.g., Schwaab et al., 2015; Bebi

et al., 2017). Substantial forest fraction increases in Northern Russia, Northern Norway, and Northern Finland can be seen in305

ESA POULTER. In these regions, both LUCAS LUC and LUH2 show no change in forest fraction at all. In these areas forest
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cover increased due to forest growth instead of active afforestation (Potapov et al., 2015), which seems to be captured by the

satellite-based ESA POULTER dataset but not by LUH2.

Forest cover increases in both LUH2 and LUCAS LUC in the PRUDENCE regions EA, ME, and MD (Fig. 4a-c). In EA,

ESA POULTER also shows a increase in forest cover but with a smaller magnitude while MODIS forest cover shows both310

increase and decreases. The difference between LUH2 and LUCAS LUC compared to the two satellite-based datasets are more

substantial in ME. Here, ESA POULTER shows a strong decrease while MODIS shows both strong increases and decreases for

some years. Such year-to-year variations seem to be unrealistic. Hence, a detailed investigation of the MODIS dataset for this

region is needed. In the IP region, LUCAS LUC, LUH2, and MODIS show an increase in forest cover while ESA POULTER

shows a decrease.315

3.1.6 Urban

Changes in urban areas are limited to the major urban agglomerations in LUCAS LUC and LUH2 (Fig. 3j,k) while ESA

POULTER (Fig. 3l) shows a more widespread urbanization also in rural areas in Central and Eastern Europe. This results in

large area changes for the EA, ME, and MD regions (Fig. 4j-l). This strong urbanization signal seems to be unrealistic. For

instance, Reinhart et al. (2021a) showed that the urban area fraction in ESA-CCI LC increased by 60% between 2000 and 2006320

in eastern European countries compared to 6% in CORINE. In contrast, the MODIS urban fraction stays nearly constant with

only a slight total increase.

3.1.7 Forest type

In Fig. 5, the annually averaged broad-/needleleaf forest ratio of the LUCAS LUC dataset with and without employing McGrath

data (Sect. 2.3), the original McGrath dataset, ESA POULTER, and MODIS for different PRUDENCE regions is presented.325

Without employing the McGrath dataset the broad-/needleleaf ratio is almost constant throughout the historical period because

the relative fractions within a PFT group are preserved during the LUT transition computation. As intended, the trends in

LUCAS LUC with McGrath employed are close to the trends in the original McGrath dataset while the absolute values differ.

The two satellite-based datasets, ESA POULTER and MODIS, do not show strong trends in the broad-/needleleaf ratio until

2010 (last year of the McGrath dataset). For Eastern Europe, the trends are opposite with a slight increase in the broad-330

/needleleaf ratio in ESA POULTER and MODIS and a larger decrease in McGrath and LUCAS LUC.

3.2 Historical LULC

The historical changes of the full LUCAS LUC historical land cover changes from 1950 to 2015 are presented in the following

(Fig. 6).
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(a) (b) (c)

(d) (e) (f)

(g) (h) (i)

(j) (k) (l)

Figure 3. Changes in grid cell fraction for cropland (a-c), forest (d-f), grassland (g-i), and urban (j-l) classes based on LUCAS LUC (a,d,g,f),

LUH2 (b,e,k,h), and ESA POULTER (c,f,i,l) between 1992 and 2015. Please note that for LUH2 pasture is taken as the grassland class.
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(a) (b) (c)

(d) (e) (f)

(g) (h) (i)

(j) (k) (l)

Figure 4. Area changes with respect to the year 2015 in cropland (a-c), grassland (d-f), forest (g-i), and urban (j-l) computed for LUCAS

LUC, LUH2, ESA POULTER, and MODIS for the PRUDENCE regions Iberian Peninsula (a,d,g,j), Mid-Europe (b,e,h,k), Eastern Europe

(c,f,i,l). Please note that for LUH2 pasture is taken as the grassland class.
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(a) (b) (c)

Figure 5. Ratio of broad- and needleleaf PFTs computed for LUCAS LUC with and without McGrath forest type data, ESA POULTER and

MODIS for the PRUDENCE regions a) Iberian Peninsula, b) Mid-Europe, and c) Eastern Europe.

(a) (b) (c)

(d) (e)

Figure 6. Changes in grid cell fraction for a) cropland, b) irrigated cropland, c) grassland, d) forest and e) urban classes based on LUCAS

LUC between 1950 and 2015.
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3.2.1 Cropland335

Cropland decrease is even more widespread for most parts of Europe when starting from 1950 (Fig. 6b) instead of 1992 (Fig.

3b). Especially, in Mid-Europe a steep decline in cropland cover is visible from the 1950s to the 1970s (Fig. 12c). On the other

hand, increase in Northern Africa, Iran, and along the Nile Delta are larger for the longer time period. In addition, the areas

with increasing cropland cover in Southern Russia and Eastern Ukraine expanded.

3.2.2 Irrigated cropland340

As described in sect. 2.3.3, the area development of irrigated cropland follows the trend of LUH2. From 1950 to 2015, the

fraction of irrigated cropland increases in most countries in the research area (Fig. 6b). In the western Mediterranean regions,

this increase is caused by the decrease of cropland, whereas in the Balkan regions, in the Middle East as well as in the Tran-

scaucasian region the relative fraction of irrigated cropland increases. The increase is predominantly evident along freshwater

sources such as rivers and channels, lakes as well as aquifers. In particular, the increase in irrigated cropland is striking along345

the Garonne in France, along the Ebro in Spain, along the Euphrates and Tigris in Iraq as well as along the Nile in Egypt.

Following the results of Thebo et al. (2014), irrigated cropland also appears increasingly around cities (e.g., around Paris in

France, Casablanca in Morocco, Tripoli in Libya).

3.2.3 Grassland

The grassland cover increases in many of the east European countries from 1950 to 2015 with the exception of Estonia,350

Slovenia, and the Czech Republic (Fig. 6d), which show a decrease in grassland. In addition, Portugal and Turkey show

increase in grassland. Decreasing grassland cover is found in Central and Southern Europe as well as in Scotland and parts of

Russia. In contrast to the shorter period from 1992 to 2015, the grassland increases in Northern Germany, Northern France,

England, and Ireland between 1950 and 2015.

3.2.4 Forest355

The expansion in forest cover is more pronounced for the period 1950 to 2015 (Fig. 6e) than for the period 1992 to 2015

(Fig. 3). Especially in the Alps, Balkan, Caucasus, Scotland, Estonia, and Lithuania forest cover increases substantially. In

addition, for the longer time period forest cover increase is found in Sweden and Finland. An increase in forest cover in

Finland were also found by Gao et al. (2014), who related these changes to the conversion of peatland into forest. Areas with

forest cover reduction in Russia are smaller in extent and in magnitude compared to the period 1992 to 2015. Interestingly,360

Iceland experienced a decrease in forest over the longer time period compared to an increase for the shorter time period, which

is likely due to the strong government-lead reforestation efforts initiated in the 1980s and 1990s (Halldorsson et al., 2008).
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3.2.5 Urban

The urban fraction increase for the period 1950 to 2015 (Fig. 6e) is larger and more wide-spread compared to the signal from

1992 to 2015 (Fig. 3j). A strong urbanization signal is visible for Madrid, Paris, and Moscow. In addition, a larger scale increase365

is found in England, Northern Italy, Benelux region, Western Germany, Poland, and Slovenia.

3.3 Future LULC

Future changes in land cover fractions between 2015 and 2100 for the eight different scenarios (Table A1) are presented in

Fig. 7-11. In addition, aggregated area changes for the three PRUDENCE regions IP, ME, and EA as well as for Europe

(25◦W-50◦E, 30◦N-70◦N) are shown in Fig. 12-15.370

3.3.1 Cropland

While cropland is found to decrease in the historical period from 1950 to 2015 over most of Europe (Fig. 6a), only for the

SSP3/RCP7.0 scenario continent-wide decrease is projected until 2100 (Fig. 7h), with the exception of France, Turkey, and

Belarus. The two SSP1-based scenarios show very similar patterns of cropland changes with strong expansion in Western

Russia and large decreases in Southern Russia, Ukraine, Hungary, England, Denmark, and Northern Germany. The strongest375

increase in cropland can be found for the SSP4/RCP3.4 scenario. The SSP5/RCP8.5 scenario shows small changes over Europe

and large cropland decreases in Northern Africa and the Middle East. Large block-like features are visible in Scandinavia,

Russia and Turkey for most scenarios, which have an extent of about 2◦.

The temporal evolution of aggregated cropland area shows that the changes are not steady for all scenarios (Fig. 12). For

instance, the cropland area for Europe and in particular for the ME region shows rapid increase from 2050 onwards in the380

SSP5/RCP3.4OS while staying rather constant before (Fig. 12a,c). The two SSP1 scenarios diverge in their evolution around

2025 for Europe and the IP and ME regions but rather converge at the end of the century (Fig. 12a,b,c). While showing a

slight decrease in cropland cover aggregated for Europe, the SSP5/RCP8.5 cropland area stays almost constant in the three

PRUDENCE regions.

3.3.2 Irrigated cropland385

For the future scenarios, the irrigated cropland fractions show different signals depending on the region (Fig. 8). The scenarios

SSP1/RCP1.9, SSP1/RCP2.6, and SSP3/RCP7.0 (Fig. 8a,b,g) show signals in the same direction but with different magnitudes.

Whereas the SSP1-based scenarios show small changes, the SSP3/RCP7.0 scenario projects large changes predominantly in

the Middle East (Urmia Basin) and Turkey where a strong increase in irrigated cropland is expected.

The strongest changes for Europe are projected by the SSP5/RCP3.4OS scenario which shows a continent-wide increase in390

irrigated cropland (Fig. 8d) and of cropland in general (Fig. 7d). Exceptions like regions along the Po river in Italy and along

the Euphrates and Tigris in Iraq show a decrease of irrigated cropland for this scenario.
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In contrast to the continent-wide increase in irrigated cropland in the scenario SSP5/RCP3.4OS, the SSP4-based scenarios

with the pathways RCP3.4 (Fig. 8c) and RCP6.0 (Fig. 8f) project a continent-wide decrease of irrigated cropland, with some

exceptions around the Mediterranean Sea, along Africa’s west coast and in Central Asia.395

Most scenarios agree on the change signal in multiple regions. Whereas regions along the Euphrates and Tigris in Iraq, along

the Nile in Egypt and along the Po River in Italy expect a decrease of irrigated cropland in most scenarios, regions in the North

Caucasus and in the Urmia Basin in Iran show an increase in irrigated cropland in most scenarios.

3.3.3 Grassland

The SSP1-based scenarios as well as SSP4/RCP3.4 and SSP5/RCP3.4OS (Fig. 9a-d) show a strong decrease in grassland cover400

for most of Europe. For SSP1/RCP1.9 and SSP1/RCP2.6 this is due to the conversion of grassland to forest 10a,b) while for

SSP4/RCP3.4 and SSP5/RCP3.4OS grassland is mainly converted to cropland (Fig. 9c,d). Similarly, the increase in grassland

in Southern Russia in the SSP4/RCP3.4 scenario is due to the conversion from cropland to grassland. The decreases are not

as strong in the SSP2/RCP4.5 and SSP4/RCP6.0 scenarios where also large regions with increase are visible (Fig. 9e,f). The

SSP3/RCP7.0 scenario shows a number of regions with a large grassland cover increase such as Spain, Germany, Norway,405

the Alps, and Carpathian Mountains (Fig. 9g). The increase in Norway and in the Alps is compensated by deforestation (Fig.

10g). Almost no changes in grassland cover are visible for the SSP5/RCP8.5 scenario over Europe (Fig. 9h). However, a large

increase is found in Northern Africa and the Middle East, which is compensated by a decrease in cropland (Fig. 7h). The

block-like structures that are found for the cropland changes are also visible for the grassland changes.

Except for SSP5/RCP3.4OS, which shows a strong abrupt decrease from 2050 to 2055, increases and decreases in grassland410

cover over Europe are steady from 2015 onwards (Fig. 13a). The abrupt change in SSP5/RCP3.4OS is even more pronounced

in the ME and EA regions (Fig. 13c,d). In the latter region, also the SSP4/RCP3.4 scenario shows a steep decline in grassland

cover after 2050. While grassland cover strongly increases in one scenario (Fig. 13b) in the IP region grassland cover either

stays almost constant over time or decreases in the other two regions.

3.3.4 Forest415

A strong forest cover increase is found for SSP1/RCP1.9, SSP1/RCP2.6 (Fig. 10a,b) and to a lesser extent for SSP2/RCP45

(Fig. 10a,b). These are the scenarios for which the added tree cover fraction files are used because the original LUH2 dataset

underestimates the strong afforestation signal (Sect. 2.3.2). In the SSP1-based scenarios, the largest increase is found in Ireland,

England, Northern France, and in Russia near the border to Ukraine. Also, a widespread increase is visible for most countries

in Central and Eastern Europe, Southern Sweden and Finland, and Northern Spain. The forest increase is mainly compensated420

by a decrease in grassland (Fig. 9 and shrubland (not shown) and to a lesser extent by declining cropland (Fig. 7). The only

region with substantial forest reduction is Western Russia. This decrease is also visible in the SSP4/RCP3.4, SSP5/RCP3.4OS,

and SSP2/RCP4.5 scenarios (Fig. 10c-e). As for cropland and grassland, SSP5/RCP8.5 shows only small forest cover changes

(Fig. 10h)
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The aggregated forest cover changes for Europe show the steep increase from 2016 onwards (Fig. 14a). In the ME region,425

the forest cover increase levels off around 2050 while the IP and EA regions show steady increases 14b-d). Especially in the

ME and EA regions, the magnitude of the increase is orders of magnitude larger than for the changes in the historical period. In

contrast, the afforestation in the SSP2/RCP4.5 scenario starts in 2050 and continues until 2100 with a magnitude comparable to

historical changes. A substantial deforestation signal in the SSP2/RCP45 is visible in the IP and EA region from 2050 onwards.

3.3.5 Urban430

In contrast to the historical period, all scenarios show both decreases and increases in urban fraction between 2015 and 2100

(Fig. 10). Urban changes are largely driven by the SSP scenarios (i.e. population dynamics) resulting in almost identical

changes in the LUCAS LUC dataset in scenarios based on the same SSP scenario. A widespread urbanization signal can be

found in the SSP5-based scenarios for Europe except for Eastern Europe, which shows a decrease in urban fraction (Fig.

10d,h). The increase in urban fractions is particularly strong in Great Britain. The SSP1-based scenarios show a increase with435

a smaller magnitude in West- and South Europe, respectively, as well as Scandinavia and a decrease in the eastern European

countries including some parts of Germany (Fig. 11a,b). Based on the SSP4/RCP6.0 scenario, only a few urban areas in Spain,

France, Italy, England, and the Czech Republic exhibit an increase in urban fraction. In East- and Central Europe urban fraction

decreases, with Germany experiencing the largest decrease. The SSP3/RCP7.0 scenario is the only scenario which does not

show a decrease in urban fraction in Russia. Instead, it shows decreases in Western and Central European countries.440

The time series analysis of the aggregated changes for Europe shows that all scenarios project an increase in urbanization

until 2050 (Fig. 15a). Thereafter, only in the SSP5-based scenarios the total urban area increases further until 2100. For the

other scenarios, urban fraction remains constant or declines. There are however regional differences. In the EA region, all

scenarios show a peak in urbanization until 2050 and a decreases until 2100 with the exception of SSP3/RCP7.0, where the

peak is already reached by 2040 (Fig. 15d). The IP and ME regions show a similar temporal evolution of urban areas (Fig.445

15b,c). However, the decrease is stronger in ME. Here, the total urban area in 2100 is even smaller than the total area in 1950

in the SSP3/RCP7.0 scenario.

4 Discussion

The newly generated LULCC dataset LUCAS LUC was tailored towards the requirements of future downscaling experiments

within the FPS LUCAS and EURO-CORDEX. The need for high-resolution land cover input is met by employing the ESA-450

CCI LC dataset, which has a ∼300 m grid, as a basemap for the year 2015. Since most of the state-of-the-art LSM employ a

PFT land cover classification the ESA-CCI LC was converted into PFTs. This step also helps dealing with mixed ESA-CCI LC

land cover classes, which can be conveniently converted into classes with similar properties. The uncertainty introduced by the

cross-walking procedure was investigated by Georgievski and Hagemann (2019). Their results show that this uncertainty can

be of high relevance, comparable to the uncertainties in historical changes for the global forest cover.455
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(a) (b) (c)

(d) (e) (f)

(g) (h)

Figure 7. Changes in grid cell cropland fraction based on LUCAS LUC for the RCP/SSP scenarios a) SSP1/RCP1.9 b) SSP1/RCP2.6, c)

SSP4/RCP3.4, d) SSP5/RCP3.4OS, e) SSP2/RCP4.5, f) SSP4/RCP6.0, g) SSP3/RCP7.0, h) SSP5/RCP8.5 between 2015 and 2100.

For the LUCAS LUC dataset a more detailed cross-walking procedure was applied taking into account the dependency

of the composition of ESA-CCI LC land cover classes on the climatic conditions (Reinhart et al., submitted). This likely

introduces more uncertainty, e.g., due to the climate dataset used to compute the HLZs. For instance, in mountainous regions,

it is important to have a high-resolution climate dataset in order to capture the highly varying climate zones. In addition, the

boundaries between different HLZs can be shifted if the datasets show differences in temperature and rainfall amounts. Such460
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(a) (b) (c)

(d) (e) (f)

(g) (h)

Figure 8. Same as Fig. 7 but for irrigated cropland PFTs.

differences are also possible when different time periods are used to compute the climatological means. Regardless of these

uncertainties, the LANDMATE PFTs show a good agreement with ground truth data Reinhart et al. (submitted).

As indented, LUCAS LUC land cover changes closely follow the transitions for cropland, urban, and forest provided by

LUH2 with some exceptions discussed in the previous section. LUCAS LUC changes are generally slightly smaller for all

three land cover types in comparison to the LUH2 changes but follow the temporal evolution of LUH2. This can be attributed465

to the LUT, which keeps the bare ground fraction constant in LUCAS LUC, which limits the possible land cover changes. This
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(a) (b) (c)

(d) (e) (f)

(g) (h)

Figure 9. Same as Fig. 7 but for grassland PFTs.

was done because LUH2 does not provided information about changes in bare areas. Thus, desertification, urban expansion

or cropland expansion into desert areas are not included in LUCAS LUC. For Europe, those land cover conversions are not

common. However, for regions with large desert areas (e.g. Northern Africa and the Mid-East) this limitation could substantially

underestimate land cover changes. In addition, the difference between LUH2 and LUCAS LUC can be partially attributed to470

the computation of the land cover area from the PFT fractions. For LUCAS LUC, the ESA-CCI LC land-sea mask was used,

which also includes rivers and lakes, while this is not the case for the LUH2 land-sea mask. Consequently, it is likely that
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(a) (b) (c)

(d) (e) (f)

(g) (h)

Figure 10. Same as Fig. 7 but for forest PFTs.

smaller total area changes are computed in LUCAS LUC compared to LUH2 in regions with lakes and rivers as well as near

coastlines.

The differences in land cover changes between the LUCAS LUC and ESA POULTER are mainly caused by the differences475

between LUH2 and ESA POULTER due to the close connection between LUCAS LUC and LUH2 LULCC. Li et al. (2018),

who compared ESA-CCI LC with LUH2 and other available global datasets, attributed these differences (1) to the treatment of

shifting cultivation, (2) to the still coarse resolution of ESA-CCI LC, which limits the detection of land cover changes to larger
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(a) (b) (c)

(d) (e) (f)

(g) (h)

Figure 11. Same as Fig. 7 but for urban.

scale changes, and (3) to the difference between the inventory-based approach (i.e. countries report to the land use statistics to

the FAO) taken by LUH2 and the satellite-based approach taken by ESA-CCI LC. For instance, Keenan et al. (2015) noted that480

cleared forest due to wood harvesting is not reported as forest loss if secondary forest is planted because the land-use does not

change.

Differences between LUCAS LUC and ESA POULTER are most pronounced with respect to forest changes. Kuemmerle

et al. (2016) noted that satellited-based datasets include naturally driven changes e.g. due to forest fire and wind storms as well
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(a) (b)

(c) (d)

Figure 12. Area changes with respect to the year 2015 in cropland PFTs computed for LUCAS LUC for a) Europe and the PRUDENCE

regions b) Iberian Peninsula, c) Mid-Europe, and d) Eastern Europe.

as management driven changes e.g. due to wood harvesting. Ceccherini et al. (2020) showed that averaged over Europe such485

changes are small compared to forest harvesting but can be larger in regions with frequent forest fires (e.g., Portugal). Also the

different definition of forest in LUH2, which is based on a biomass density threshold, and ESA-CCI LC, based which is based

on tree cover, could have a substantial impact on the forest transitions. A detailed analysis of the ESA POULTER time series

is needed to investigate if these processes caused the discrepancies in forest changes LUH2/LUCAS LUC and ESA-CCI LC.

Another possibility is the already mentioned uncertainty originating from the CWP. However, the impact of the CWP on the490

computed land cover changes has not been analyzed so far. Notable differences between LUCAS LUC and ESA POULTER

are also found in the urban land cover changes. Here, ESA-CCI LC seems to largely overestimate the urbanization in Europe
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(a) (b)

(c) (d)

Figure 13. Same as Fig. 12 but for grassland PFTs.

between the late 1990s and the early 2000s, whereas urban land cover changes in LUCAS LUC seem to be more reasonable.

The other satellite-based PFT time series generated from MODIS shows much larger annual land cover changes, which for

some regions seem questionable. On the other hand, urban cover changes in MODIS are likely too small. Güneralp et al. (2020)495

showed that based on a literature review the average increase in urban land cover ranges between 2 to 3% per year in Europe in

the 1990s and 2000s. Given the uncertainties and issues with respect to the ESA POULTER and MODIS datasets and based on

the detailed analysis of the historical land cover changes in the results section, LUCAS LUC land cover changes are reasonable

for the historical period.

The main land cover change signals for Europe between 1950 and 2015 are the reduction of cropland but with an extension of500

irrigated cropland, afforestation in mountainous areas, and urbanization. The magnitude and the spatial extent of these changes
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(a) (b)

(c) (d)

Figure 14. Same as Fig. 12 but for forest PFTs.

are considerable and are therefore likely to affect the simulated European climate. Even the smaller land cover changes within

the ESA-CCI LC dataset altered the climate change signal simulated with RCM for the period 1992 to 2015 (Huang et al.,

2020). In addition to other LULCC datasets, LUCAS LUC also provides historical changes in the broad-/needleleaf forest

ratio. The conversion of broadleaf forests to needleleaf forests in Europe are not observed by ESA POULTER or MODIS,505

which might be due to the differences in satellite-based and inventory-based datasets. This discrepancy should be investigated

in the future. The irrigated cropland increase in LUCAS LUC is also substantial and is likely to be relevant when investigating

historical changes in the climate of Southern Europe, where the largest increase occurs. However, the LUCAS LUC dataset does

not distinguish between irrigation methods (e.g., sprinkler irrigation, channel irrigation) which might show different effects on
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(a) (b)

(c) (d)

Figure 15. Same as Fig. 12 but for urban.

the climate (Valmassoi et al., 2019). Hence, there is a need for high-resolution European-wide dataset with information on the510

distribution and the development of irrigation methods.

Future land cover changes are even larger than the historical changes for some of the available scenarios. Hence, substantial

policy changes would be necessary to reach the amount of land cover conversions in the densely populated Europe, where

land ownership is both public and private. In addition, there are large regional differences. The two SSP1-based scenarios,

which are the low-end scenarios, show a strong afforestation signal compensated by a decrease in grass- and shrubland. Also,515

noticeable changes in cropland (both increase and decrease) are projected for these scenarios. Hence, the LULCC induced

climate change signal might be comparable to the greenhouse-gas induced signal in regions with large LULCC for some

seasons (Hirsch et al., 2018). For instance, Davin et al. (2019) showed that for a extreme afforestation scenario temperature
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changes simulated with RCMs can range up to +/-2 K in Europe in the summer season. This emphasize the need to include

LULCC when downscaling GCM/ESM projections based on these scenarios. Interestingly, the high-end scenario SSP5/RCP8.5520

shows the smallest land cover changes except for urbanization, where it has the largest signal together with the other SSP5-

based scenario (i.e. SSP5/RCP3.4OS). Therefore, it might be harder to detect LULCC induced regional climate changes giving

the strong greenhouse gas forcing. In contrast, the SSP3/RCP7.0 scenario, which has also a large greenhouse gas forcing,

shows large-scale cropland decreases and regions with deforestation (e.g., Alps and Scandinavia) as well as afforestation (e.g.,

Po Valley and Carpathian Mountains).525

The large block-like features appearing in the cropland and grassland change signals in all scenarios might be attributed

to the harmonization process within the LUH2 workflow. Annual changes in cropland, grazing land, and urban areas are

computed and aggregated to a 2◦ grid and subsequently disaggregated to the final 0.25◦ grid (Hurtt et al., 2020). It is therefore

likely that the disaggregation step did not fully dissolve the grid structure of the coarse 2◦ grid. For GCMs or ESMs with a

typical resolution of around 1◦ this might not have caused any issues. However, for RCMs with a typical resolution of about530

0.1◦, for which the LUCAS LUC dataset has been created, the impact of such structures in the LULCC needs to be carefully

investigated.

5 Data availability

The LUCAS LUC historical land use and land cover change dataset (Version 1.0) and The LUCAS LUC future land use and

land cover change dataset (Version 1.0) are published with the Long Term Archiving Service (LTA) for large research datasets535

which are relevant for climate or Earth system research of the German Climate Computing Service (DKRZ). The DKRZ LTA

is accredited as regular member of the World Data System. Both datasets are available within the LANDMATE project data

at https://cera-www.dkrz.de/WDCC/ui/cerasearch/entry?acronym=LUC_hist_landCovChange_v1.0 (Hoffmann et al., 2021c)

and https://cera-www.dkrz.de/WDCC/ui/cerasearch/entry?acronym=LUC_fut_landCovChange_v1.0 (Hoffmann et al., 2021b).

Within the LANDMATE project, a short documentation summarizes the technical information on the LANDMATE PFT and540

LUCAS LUC dataset.

6 Conclusions

The need of the RCM community for a high-resolution LULCC dataset is met using high-resolution PFT maps based on the

ESA-CCI LC dataset and land use change information from the LUH2 dataset that were translated into PFT changes using

a newly developed LUT. The resulting LUCAS LUC dataset is tailored towards RCM requirements. Urbanization, which is545

mostly discarded by LUTs, is included as well as changes in irrigated cropland. For the historical period, also changes in the

broad-/needleleaf forest ratio are considered employing an additional forest type dataset by McGrath et al. (2015).

The LUCAS LUC dataset enables RCM modellers to include historical and future annual LULCC into the next-generation

downscaling experiments (e.g., within FPS LUCAS and EURO-CORDEX) based on CMIP6 projections. Consequently, the
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impact of LULCC on the regional climate change signals can be investigated. For most of Europe, past and future trends in550

cropland, forest, and urban areas in LUCAS LUC are consistent with the LUH2 dataset albeit with a slight underestimation of

the magnitude. A comparison with two satellite-based PFT datasets revealed substantial differences in the trend of some land

cover classes. However, the differences between the ESA-CCI LC based dataset and the MODIS-based dataset are also quite

large showing the uncertainty related to the approaches employed to estimate LULCC.

The future LULCC for the eight SSP/RCP scenarios show substantial changes that can exceed the observed historical555

LULCC in Europe. Hence, the regional climate change signals, simulated by RCMs, are likely to be affected by these changes

and should, therefore, be considered in upcoming downscaling experiments. Especially when downscaling projections for the

low-end scenarios (i.e. SSP1/RCP1.9 and SSP1/RCP2.6), which show a strong afforestation signal, the biogeophysical effect of

LULCC is expected to be of the order of the greenhouse-gas induced effects in some regions (Hirsch et al., 2018). In contrast,

for the high-end scenario SSP5/RCP8.5 LULCC in Europe are small compared to the other scenarios except for urbanization.560

While the current dataset is provided on a 0.1◦ grid for Europe in order to be suited for the EURO-CORDEX EUR-11 grid,

the method could be applied to generate data at even higher resolution, e.g., needed for convective permitting RCM experiments

(Coppola et al., 2020). However, a downscaling of the coarse land-use changes provided by LUH2 would be necessary, e.g. by

using a spatial disaggregation model (Chen et al., 2020).

The LUCAS LUC dataset can also be prepared for other CORDEX regions because most of the input data is provided565

globally (Hoffmann et al., 2021a). However, the quality of conversion of ESA-CCI LC classes into PFTs depends to some

extent on the availability of high-resolution climate data, needed for the Holdridge-based cross-walking procedure. In addition,

data on forest type conversion for the historical period might not be available for other regions.
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Table A1. Specfication of the land-use change scenarios provided by LUH2 (Hurtt et al., 2020) and the assumptions for land-use and land

cover developments in the different scenarios (Hurtt et al., 2020; Popp et al., 2017; Riahi et al., 2017; van Vuuren et al., 2011)

SSP RCP IAM Short summary of scenarios

1 1.9 IMAGE Green growth paradigm

• reaches a maximal global warming of 1.5◦C

• low - moderate population growth

• high economic growth

• respected environmental boundaries & regulated land use which avoids deforestation & supports restoration of forests

• healthy diets with low animal-calories shares

1 2.6 IMAGE Green growth paradigm

• follows SSP1 but reaches a maximum global warming of 2◦C

4 3.4 GCAM Intermediate pathway

• high inequalities between societies

• use of bioenergy leads to a large-scale increase in cropland

• regulated land use & afforestation in high - medium-income countries

• deforestation due to cropland expansion in low-income countries

5 3.4OS REMIND-

MAGPIE

Overshoot scenario

• target level of global is overshoot, followed by a strong mitigation strategy

• no mitigation and fossil fuel based developments till 2040

• strong mitigation actions from 2040, which result in net negative CO2 emissions in 2100

• use of bioenergy leads to a large-scale increase in cropland

2 4.5 MESSAGE-

GLOBIOM

Intermediate pathway

• little shift from historical patterns

• moderate population growth

• partly regulated land use

• inequality in societies

• international cooperation for mitigation are delayed till 2040

4 6.0 GCAM Inequalities

• environmental policies & regulated land use leading to increase in cropland, pasture & forest in high/medium-income countries

• low agricultural productivity in low-income countries

3 7.0 AIM Regional rivalry

• focus is on regional development

• high inequalities

• limited transfer of agricultural technologies leads to low agricultural intensification in developing countries

• unhealthy diets with high animal-calorie shares

• population growth is low in industrialized countries

• expansion of cropland & pasture into forest leads to a large-scale deforestation

5 8.5 REMIND-

MAGPIE

Fossil fuel development

• high but resources intensive development

• doubled food demand

• expansion of cropland into pasture and forest

• no mitigation
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Appendix A

Table A2. MODIS plant functional types based on Bonan et al. (2002).

PFTs Names

0 Water bodies

1 Evergreen Needleleaf Trees

2 Evergreen Broadleaf Trees

3 Deciduous Needleleaf Trees

4 Deciduous Broadleaf Trees

5 Shrub

6 Grass

7 Cereal Croplands

8 Broadleaf Croplands

9 Urban and Built-up Lands

10 Permanent Snow and Ice

11 Barren

Author contributions. PH developed the workflow with DR, VR, NdN, ELD, JB, and BB. PH developed the land use translator with DR,570

NdN, and ELD. VR and PH developed the cross-walking procedure. PH wrote the code for the land use translator and for the processing
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Table A3. ESA CCI LC default cross-walking table for ESA CCI LC class translation to ESA PFTs.

1 2 3 4 5 6 7 8 9 10 11 12 13 14

Tree Shrub Grass Non-vegetated

ESA LC class broadleaf

evergreen

broadleaf

deciduous

needleleaf

evergreen

needleleaf

deciduous

broadleaf

evergreen

broadleaf

deciduous

needleleaf

evergreen

needleleaf

deciduous

natural grass crop bare ground water snow/ice urban1

10 100

11 100

12 50 50

20 100

30 5 5 5 5 5 15 60

40 5 5 7.5 10 7.5 25 40

50 90 5 5

60 70 15 15

61 70 15 15

62 30 25 35 10

70 70 5 5 5 15

71 70 5 5 5 15

72 30 5 5 30 30

80 70 5 5 5 15

81 70 5 5 5 15

82 30 5 5 30 30

90 30 20 10 5 5 5 15 10

100 10 20 5 5 5 10 5 40

110 5 10 5 5 10 5 60

120 20 20 20 20 20

121 30 30 20 20

122 60 20 20

130 60 40

140 60 40

150 1 3 1 1 3 1 5 85

151 2 6 2 5 85

152 2 6 2 5 85

153 15 85

160 30 30 20 20

170 60 20 20

180 5 10 10 5 40 30

190 100

200 100

201 100

202 100

210 100

220 100
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We thank the European Space Agency (ESA) for making the Land cover products publicly available. Special thanks go to the FPS LUCAS

partners for providing useful comments in order to improve the dataset.

37

https://doi.org/10.5194/essd-2021-252

O
pe

n
 A

cc
es

s  Earth System 

 Science 

Data
D

iscu
ssio

n
s

Preprint. Discussion started: 10 August 2021
c© Author(s) 2021. CC BY 4.0 License.



References585

Abercrombie, S. P. and Friedl, M. A.: Improving the consistency of multitemporal land cover maps using a hidden Markov model, IEEE

Transactions on Geoscience and Remote Sensing, 54, 703–713, 2015.

Achard, F., Bontemps, S., Lamarche, C., Da Maet, T., Mayaux, P., Van Bogaert, E., and Defourny, P.: Quality Assessment of the CCI Land

Cover Maps, 2017.

Bebi, P., Seidl, R., Motta, R., Fuhr, M., Firm, D., Krumm, F., Conedera, M., Ginzler, C., Wohlgemuth, T., and Kulakowski, D.:590

Changes of forest cover and disturbance regimes in the mountain forests of the Alps, Forest ecology and management, 388, 43–56,

https://doi.org/10.1016/j.foreco.2016.10.028, 2017.

Bonan, G. B., Levis, S., Kergoat, L., and Oleson, K. W.: Landscapes as patches of plant functional types: An integrating concept for climate

and ecosystem models, Global Biogeochemical Cycles, 16, 5–1, 2002.

Breil, M., Rechid, D., Davin, E., De Noblet-Ducoudré, N., Katragkou, E., Cardoso, R., Hoffmann, P., Jach, L., Soares, P., Sofiadis, G.,595

Strada, S., Strandberg, G., Tölle, M., and Warrach-Sagi, K.: The opposing effects of reforestation and afforestation on the diurnal tem-

perature cycle at the surface and in the lowest atmospheric model level in the European summer, Journal of Climate, 33, 9159–9179,

https://doi.org/10.1175/JCLI-D-19-0624.1, 2020.

Brus, D. J., Hengeveld, G. M., Walvoort, D. J. J., Goedhart, P. W., Heidema, A. H., Nabuurs, G. J., and Gunia, K.: Statistical mapping of tree

species over Europe, European Journal of Forest Research, 131, 145–157, https://doi.org/10.1007/s10342-011-0513-5, 2012.600

Ceccherini, G., Duveiller, G., Grassi, G., Lemoine, G., Avitabile, V., Pilli, R., and Cescatti, A.: Abrupt increase in harvested forest area over

Europe after 2015, Nature, 583, 72–77, https://doi.org/10.1038/s41586-020-2438-y, 2020.

Chapman, S., Thatcher, M., Salazar, A., Watson, J. E., and McAlpine, C. A.: The impact of climate change and urban growth on urban

climate and heat stress in a subtropical city, International Journal of Climatology, 39, 3013–3030, https://doi.org/10.1002/joc.5998, 2019.

Chen, M., Vernon, C. R., Graham, N. T., Hejazi, M., Huang, M., Cheng, Y., and Calvin, K.: Global land use for 2015–2100 at 0.05° resolution605

under diverse socioeconomic and climate scenarios, Scientific Data, 7, 1–11, 2020.

Christensen, J. H. and Christensen, O. B.: A summary of the PRUDENCE model projections of changes in European climate by the end of

this century, Climatic Change, 81, 7–30, https://doi.org/10.1007/s10584-006-9210-7, 2007.

Christensen, J. H., Carter, T. R., Rummukainen, M., and Amanatidis, G.: Evaluating the performance and utility of regional climate models:

the PRUDENCE project, Climatic Change, 81, 1–6, https://doi.org/10.1007/s10584-006-9211-6, 2007.610

Coppola, E., Sobolowski, S., Pichelli, E., Raffaele, F., Ahrens, B., Anders, I., Ban, N., Bastin, S., Belda, M., Belusic, D., Caldas-Alvarez, A.,

Cardoso, R. M., Davolio, S., Dobler, A., Fernandez, J., Fita, L., Fumiere, Q., Giorgi, F., Goergen, K., Güttler, I., Halenka, T., Heinzeller,

D., Hodnebrog, Ø., Jacob, D., Kartsios, S., Katragkou, E., Kendon, E., Khodayar, S., Kunstmann, H., Knist, S., Lavín-Gullón, A., Lind,

P., Lorenz, T., Maraun, D., Marelle, L., van Meijgaard, E., Milovac, J., Myhre, G., Panitz, H.-J., Piazza, M., Raffa, M., Raub, T., Rockel,

B., Schär, C., Sieck, K., Soares, P. M. M., Somot, S., Srnec, L., Stocchi, P., Tölle, M. H., Truhetz, H., Vautard, R., de Vries, H., and615

Warrach-Sagi, K.: A first-of-its-kind multi-model convection permitting ensemble for investigating convective phenomena over Europe

and the Mediterranean, Climate Dynamics, 55, 3–34, https://doi.org/10.1007/s00382-018-4521-8, 2020.

Danabasoglu, G., Lamarque, J.-F., Bacmeister, J., Bailey, D. A., DuVivier, A. K., Edwards, J., Emmons, L. K., Fasullo, J., Garcia, R.,

Gettelman, A., Hannay, C., Holland, M. M., Large, W. G., Lauritzen, P. H., Lawrence, D. M., Lenaerts, J. T. M., Lindsay, K., Lipscomb,

W. H., Mills, M. J., Neale, R., Oleson, K. W., Otto-Bliesner, B., Phillips, A. S., Sacks, W., Tilmes, S., van Kampenhout, L., Vertenstein,620

M., Bertini, A., Dennis, J., Deser, C., Fischer, C., Fox-Kemper, B., Kay, J. E., Kinnison, D., Kushner, P. J., Larson, V. E., Long, M. C.,

38

https://doi.org/10.5194/essd-2021-252

O
pe

n
 A

cc
es

s  Earth System 

 Science 

Data
D

iscu
ssio

n
s

Preprint. Discussion started: 10 August 2021
c© Author(s) 2021. CC BY 4.0 License.



Mickelson, S., Moore, J. K., Nienhouse, E., Polvani, L., Rasch, P. J., and Strand, W. G.: The Community Earth System Model Version 2

(CESM2), Journal of Advances in Modeling Earth Systems, 12, e2019MS001 916, https://doi.org/https://doi.org/10.1029/2019MS001916,

e2019MS001916 2019MS001916, 2020.

Daniel, M., Lemonsu, A., Déqué, M., Somot, S., Alias, A., and Masson, V.: Benefits of explicit urban parameterization in regional climate625

modeling to study climate and city interactions, Climate Dynamics, 52, 2745–2764, 2019.

Davin, E. L., Seneviratne, S. I., Ciais, P., Olioso, A., and Wang, T.: Preferential cooling of hot extremes from cropland albedo management,

Proceedings of the National Academy of Sciences, 111, 9757–9761, https://doi.org/10.1073/pnas.1317323111, 2014.

Davin, E. L., Rechid, D., Breil, M., Cardoso, R. M., Coppola, E., Hoffmann, P., Jach, L. L., Katragkou, E., de Noblet-Ducoudré, N., Radtke,

K., Raffa, M., Soares, P. M. M., Sofiadis, G., Strada, S., Strandberg, G., Tölle, M. H., Warrach-Sagi, K., and Wulfmeyer, V.: Biogeophys-630

ical impacts of forestation in Europe: First results from the LUCAS Regional Climate Model intercomparison, Earth System Dynamics

Discussions, 2019, 1–31, https://doi.org/10.5194/esd-2019-4, 2019.

Davin, E. L., Rechid, D., Breil, M., Cardoso, R. M., Coppola, E., Hoffmann, P., Jach, L. L., Katragkou, E., de Noblet-Ducoudré, N., Radtke,

K., Raffa, M., Soares, P. M. M., Sofiadis, G., Strada, S., Strandberg, G., Tölle, M. H., Warrach-Sagi, K., and Wulfmeyer, V.: Biogeo-

physical impacts of forestation in Europe: first results from the LUCAS (Land Use and Climate Across Scales) regional climate model635

intercomparison, Earth System Dynamics, 11, 183–200, https://doi.org/10.5194/esd-11-183-2020, 2020.

de Noblet-Ducoudré, N., Boisier, J.-P., Pitman, A., Bonan, G. B., Brovkin, V., Cruz, F., Delire, C., Gayler, V., van den Hurk, B. J. J. M.,

Lawrence, P. J., van der Molen, M. K., Müller, C., Reick, C. H., Strengers, B. J., and Voldoire, A.: Determining Robust Impacts of Land-

Use-Induced Land Cover Changes on Surface Climate over North America and Eurasia: Results from the First Set of LUCID Experiments,

Journal of Climate, 25, 3261–3281, https://doi.org/10.1175/JCLI-D-11-00338.1, 2012.640

Di Vittorio, A. V., Chini, L. P., Bond-Lamberty, B., Mao, J., Shi, X., Truesdale, J., Craig, A., Calvin, K., Jones, A., Collins, W. D., Edmonds, J.,

Hurtt, G. C., Thornton, P., and Thomson, A.: From land use to land cover: restoring the afforestation signal in a coupled integrated assess-

ment–earth system model and the implications for CMIP5 RCP simulations, Biogeosciences, 11, 6435–6450, https://doi.org/10.5194/bg-

11-6435-2014, 2014.

ESA: Land Cover CCI Product User Guide Version 2, Tech. rep., European Space Agency, maps.elie.ucl.ac.be/CCI/viewer/download/645

ESACCI-LC-Ph2-PUGv2_2.0.pdf, 2017.

Eyring, V., Bony, S., Meehl, G. A., Senior, C. A., Stevens, B., Stouffer, R. J., and Taylor, K. E.: Overview of the Coupled Model

Intercomparison Project Phase 6 (CMIP6) experimental design and organization, Geoscientific Model Development, 9, 1937–1958,

https://doi.org/10.5194/gmd-9-1937-2016, 2016.

Fernández-Nogueira, D. and Corbelle-Rico, E.: Land Use Changes in Iberian Peninsula 1990-2012, Land, 7,650

https://doi.org/10.3390/land7030099, 2018.

Gao, Y., Markkanen, T., Backman, L., Henttonen, H. M., Pietikäinen, J.-P., Mäkelä, H. M., and Laaksonen, A.: Biogeophysical impacts of

peatland forestation on regional climate changes in Finland, Biogeosciences, 11, 7251–7267, https://doi.org/10.5194/bg-11-7251-2014,

2014.

Georgievski, G. and Hagemann, S.: Characterizing uncertainties in the ESA-CCI land cover map of the epoch 2010 and their impacts on655

MPI-ESM climate simulations, Theoretical and Applied Climatology, 137, 1587–1603, https://doi.org/10.1007/s00704-018-2675-2, 2019.

Güneralp, B., Reba, M., Hales, B. U., Wentz, E. A., and Seto, K. C.: Trends in urban land expansion, density, and land transitions from 1970

to 2010: a global synthesis, Environmental Research Letters, 15, 044 015, https://doi.org/10.1088/1748-9326/ab6669, 2020.

39

https://doi.org/10.5194/essd-2021-252

O
pe

n
 A

cc
es

s  Earth System 

 Science 

Data
D

iscu
ssio

n
s

Preprint. Discussion started: 10 August 2021
c© Author(s) 2021. CC BY 4.0 License.



Halldorsson, G., Sigurdis Oddsdottir, E., and Didrik Sigurdsson, B.: History of afforestation in the Nordic countries, in: AFFORNORD:

Effects on Ecosystems, Landscape and Rural Development, edited by Halldorsson, G., Sigurdis Oddsdottir, E., and Didrik Sigurdsson, B.,660

pp. 15–27, Nordic Council of Ministers, Copenhagen, 2008.

Hirsch, A. L., Guillod, B. P., Seneviratne, S. I., Beyerle, U., Boysen, L. R., Brovkin, V., Davin, E. L., Doelman, J. C., Kim, H.,

Mitchell, D. M., Nitta, T., Shiogama, H., Sparrow, S., Stehfest, E., van Vuuren, D. P., and Wilson, S.: Biogeophysical Impacts

of Land-Use Change on Climate Extremes in Low-Emission Scenarios: Results From HAPPI-Land, Earth’s Future, 6, 396–409,

https://doi.org/https://doi.org/10.1002/2017EF000744, 2018.665

Hoffmann, P., Rechid, D., Reinhart, V., Asmus, C., Davin, E. L., Katragkou, E., de Noblet-Ducoudré, N., Böhner, J., and Bechtel, B.:

Generating long-term high-resolution land-use change datasets for regional climate modeling in CORDEX domains, in: EGU General

Assembly 2021, EGU General Assembly Conference Abstracts, pp. EGU21–14 967, https://doi.org/https://doi.org/10.5194/egusphere-

egu21-14967, 2021a.

Hoffmann, P., Reinhart, V., and Rechid, D.: LUCAS LUC future land use and land cover change dataset (Version 1.0),670

https://doi.org/10.26050/WDCC/LUC_future_landCovChange_v1.0, 2021b.

Hoffmann, P., Reinhart, V., and Rechid, D.: LUCAS LUC historical land use and land cover change dataset (Version 1.0),

https://doi.org/10.26050/WDCC/LUC_hist_landCovChange_v1.0, 2021c.

Holdridge, L.: Life zone ecology, (rev. ed.), Tropical science center, 1967.

Huang, B., Hu, X., Fuglstad, G.-A., Zhou, X., Zhao, W., and Cherubini, F.: Predominant regional biophysical cooling from recent land cover675

changes in Europe, Nature Communications, 11, 1066, https://doi.org/10.1038/s41467-020-14890-0, 2020.

Hurtt, G. C., Frolking, S., Fearon, M. G., Moore, B., Shevliakova, E., Malyshev, S., Pacala, S. W., and Houghton, R. A.: The underpinnings

of land-use history: three centuries of global gridded land-use transitions, wood-harvest activity, and resulting secondary lands, Global

Change Biology, 12, 1208–1229, https://doi.org/10.1111/j.1365-2486.2006.01150.x, 2006.

Hurtt, G. C., Chini, L. P., Frolking, S., Betts, R. A., Feddema, J., Fischer, G., Fisk, J. P., Hibbard, K., Houghton, R. A., Janetos, A., Jones,680

C. D., Kindermann, G., Kinoshita, T., Klein Goldewijk, K., Riahi, K., Shevliakova, E., Smith, S., Stehfest, E., Thomson, A., Thornton, P.,

van Vuuren, D. P., and Wang, Y. P.: Harmonization of land-use scenarios for the period 1500–2100: 600 years of global gridded annual

land-use transitions, wood harvest, and resulting secondary lands, Climatic Change, 109, 117, https://doi.org/10.1007/s10584-011-0153-2,

2011.

Hurtt, G. C., Chini, L., Sahajpal, R., Frolking, S., Bodirsky, B. L., Calvin, K., Doelman, J. C., Fisk, J., Fujimori, S., Klein Goldewijk, K.,685

Hasegawa, T., Havlik, P., Heinimann, A., Humpenöder, F., Jungclaus, J., Kaplan, J. O., Kennedy, J., Krisztin, T., Lawrence, D., Lawrence,

P., Ma, L., Mertz, O., Pongratz, J., Popp, A., Poulter, B., Riahi, K., Shevliakova, E., Stehfest, E., Thornton, P., Tubiello, F. N., van

Vuuren, D. P., and Zhang, X.: Harmonization of global land use change and management for the period 850–2100 (LUH2) for CMIP6,

Geoscientific Model Development, 13, 5425–5464, https://doi.org/10.5194/gmd-13-5425-2020, 2020.

Jackson, T. L., Feddema, J. J., Oleson, K. W., Bonan, G. B., and Bauer, J. T.: Parameterization of Urban Characteristics for Global Climate690

Modeling, Annals of the Association of American Geographers, 100, 848–865, https://doi.org/10.1080/00045608.2010.497328, 2010.

Jacob, D., Teichmann, C., Sobolowski, S., Katragkou, E., Anders, I., Belda, M., Benestad, R., Boberg, F., Buonomo, E., Cardoso, R.,

Casanueva, A., Christensen, O., Christensen, J., Coppola, E., De Cruz, L., Davin, E., Dobler, A., Domínguez, M., Fealy, R., Fernandez, J.,

Gaertner, M., García-Díez, M., Giorgi, F., Gobiet, A., Goergen, K., Gómez-Navarro, J., Alemán, J., Gutiérrez, C., Gutiérrez, J., Güttler,

I., Haensler, A., Halenka, T., Jerez, S., Jiménez-Guerrero, P., Jones, R., Keuler, K., Kjellström, E., Knist, S., Kotlarski, S., Maraun, D.,695

van Meijgaard, E., Mercogliano, P., Montávez, J., Navarra, A., Nikulin, G., de Noblet-Ducoudré, N., Panitz, H.-J., Pfeifer, S., Piazza, M.,

40

https://doi.org/10.5194/essd-2021-252

O
pe

n
 A

cc
es

s  Earth System 

 Science 

Data
D

iscu
ssio

n
s

Preprint. Discussion started: 10 August 2021
c© Author(s) 2021. CC BY 4.0 License.



Pichelli, E., Pietikäinen, J.-P., Prein, A., Preuschmann, S., Rechid, D., Rockel, B., Romera, R., Sánchez, E., Sieck, K., Soares, P., Somot,

S., Srnec, L., Sørland, S., Termonia, P., Truhetz, H., Vautard, R., Warrach-Sagi, K., and Wulfmeyer, V.: Regional climate downscaling

over Europe: perspectives from the EURO-CORDEX community, Regional Environmental Change, 20, https://doi.org/10.1007/s10113-

020-01606-9, cited By 16, 2020.700

Jaffrain, G., Sannier, C., Pennec, A., and Dufourmont, H.: CORINE Land Cover 2012 Final Validation Report, Copernicus Land Monitoring,

214, 2017.

Kaplan, J. O., Krumhardt, K. M., and Zimmermann, N.: The prehistoric and preindustrial deforestation of Europe, Quaternary Science

Reviews, 28, 3016 – 3034, https://doi.org/https://doi.org/10.1016/j.quascirev.2009.09.028, 2009.

Kaplan, J. O., Krumhardt, K. M., and Zimmermann, N. E.: The effects of land use and climate change on the carbon cycle of Europe over705

the past 500 years, Global Change Biology, 18, 902–914, https://doi.org/https://doi.org/10.1111/j.1365-2486.2011.02580.x, 2012.

Katzfey, J., Schlünzen, K. H., Hoffmann, P., and Thatcher, M.: How an urban parameterization affects a high-resolution global climate

simulation, Quarterly Journal of the Royal Meteorological Society, 2020.

Keenan, R. J., Reams, G. A., Achard, F., de Freitas, J. V., Grainger, A., and Lindquist, E.: Dynamics of global for-

est area: Results from the FAO Global Forest Resources Assessment 2015, Forest Ecology and Management, 352, 9–20,710

https://doi.org/https://doi.org/10.1016/j.foreco.2015.06.014, changes in Global Forest Resources from 1990 to 2015, 2015.

Klein Goldewijk, K., Beusen, A., Doelman, J., and Stehfest, E.: Anthropogenic land use estimates for the Holocene – HYDE 3.2, Earth

System Science Data, 9, 927–953, https://doi.org/10.5194/essd-9-927-2017, 2017.

Kuemmerle, T., Levers, C., Erb, K., Estel, S., Jepsen, M. R., Müller, D., Plutzar, C., Stürck, J., Verkerk, P. J., Verburg, P. H., and Reenberg,

A.: Hotspots of land use change in Europe, Environmental Research Letters, 11, 064 020, https://doi.org/10.1088/1748-9326/11/6/064020,715

2016.

Lawrence, D. M., Hurtt, G. C., Arneth, A., Brovkin, V., Calvin, K. V., Jones, A. D., Jones, C. D., Lawrence, P. J., de Noblet-Ducoudré,

N., Pongratz, J., Seneviratne, S. I., and Shevliakova, E.: The Land Use Model Intercomparison Project (LUMIP) contribution to CMIP6:

rationale and experimental design, Geoscientific Model Development, 9, 2973–2998, https://doi.org/10.5194/gmd-9-2973-2016, 2016.

Li, W., MacBean, N., Ciais, P., Defourny, P., Lamarche, C., Bontemps, S., Houghton, R. A., and Peng, S.: Gross and net land cover changes in720

the main plant functional types derived from the annual ESA CCI land cover maps (1992–2015), Earth System Science Data, 10, 219–234,

https://doi.org/10.5194/essd-10-219-2018, 2018.

Lobell, D., Bala, G., Mirin, A., Phillips, T., Maxwell, R., and Rotman, D.: Regional Differences in the Influence of Irrigation on Climate,

Journal of Climate, 22, 2248–2255, https://doi.org/10.1175/2008JCLI2703.1, 2009.

Lurton, T., Balkanski, Y., Bastrikov, V., Bekki, S., Bopp, L., Braconnot, P., Brockmann, P., Cadule, P., Contoux, C., Cozic, A., Cugnet,725

D., Dufresne, J.-L., Éthé, C., Foujols, M.-A., Ghattas, J., Hauglustaine, D., Hu, R.-M., Kageyama, M., Khodri, M., Lebas, N., Lev-

avasseur, G., Marchand, M., Ottlé, C., Peylin, P., Sima, A., Szopa, S., Thiéblemont, R., Vuichard, N., and Boucher, O.: Implementation

of the CMIP6 Forcing Data in the IPSL-CM6A-LR Model, Journal of Advances in Modeling Earth Systems, 12, e2019MS001 940,

https://doi.org/10.1029/2019MS001940, e2019MS001940 10.1029/2019MS001940, 2020.

Ma, L., Hurtt, G. C., Chini, L. P., Sahajpal, R., Pongratz, J., Frolking, S., Stehfest, E., Klein Goldewijk, K., O’Leary, D., and Doelman, J. C.:730

Global rules for translating land-use change (LUH2) to land-cover change for CMIP6 using GLM2, Geoscientific Model Development,

13, 3203–3220, https://doi.org/10.5194/gmd-13-3203-2020, 2020.

Mahmood, R., Pielke Sr., R. A., Hubbard, K. G., Niyogi, D., Dirmeyer, P. A., McAlpine, C., Carleton, A. M., Hale, R., Gameda, S.,

Beltrán-Przekurat, A., Baker, B., McNider, R., Legates, D. R., Shepherd, M., Du, J., Blanken, P. D., Frauenfeld, O. W., Nair, U.,

41

https://doi.org/10.5194/essd-2021-252

O
pe

n
 A

cc
es

s  Earth System 

 Science 

Data
D

iscu
ssio

n
s

Preprint. Discussion started: 10 August 2021
c© Author(s) 2021. CC BY 4.0 License.



and Fall, S.: Land cover changes and their biogeophysical effects on climate, International Journal of Climatology, 34, 929–953,735

https://doi.org/https://doi.org/10.1002/joc.3736, 2014.

Mauritsen, T., Bader, J., Becker, T., Behrens, J., Bittner, M., Brokopf, R., Brovkin, V., Claussen, M., Crueger, T., Esch, M., Fast, I., Fiedler,

S., Fläschner, D., Gayler, V., Giorgetta, M., Goll, D. S., Haak, H., Hagemann, S., Hedemann, C., Hohenegger, C., Ilyina, T., Jahns,

T., Jimenéz-de-la Cuesta, D., Jungclaus, J., Kleinen, T., Kloster, S., Kracher, D., Kinne, S., Kleberg, D., Lasslop, G., Kornblueh, L.,

Marotzke, J., Matei, D., Meraner, K., Mikolajewicz, U., Modali, K., Möbis, B., Müller, W. A., Nabel, J. E. M. S., Nam, C. C. W., Notz,740

D., Nyawira, S.-S., Paulsen, H., Peters, K., Pincus, R., Pohlmann, H., Pongratz, J., Popp, M., Raddatz, T. J., Rast, S., Redler, R., Reick,

C. H., Rohrschneider, T., Schemann, V., Schmidt, H., Schnur, R., Schulzweida, U., Six, K. D., Stein, L., Stemmler, I., Stevens, B., von

Storch, J.-S., Tian, F., Voigt, A., Vrese, P., Wieners, K.-H., Wilkenskjeld, S., Winkler, A., and Roeckner, E.: Developments in the MPI-M

Earth System Model version 1.2 (MPI-ESM1.2) and Its Response to Increasing CO2, Journal of Advances in Modeling Earth Systems,

11, 998–1038, https://doi.org/https://doi.org/10.1029/2018MS001400, 2019.745

McGrath, M., Luyssaert, S., Meyfroidt, P., Kaplan, J., Bürgi, M., Chen, Y., Erb, K., Gimmi, U., McInerney, D., Naudts, K., Otto, J., Pasztor,

F., Ryder, J., Schelhaas, M., and Valade, A.: Reconstructing European forest management from 1600 to 2010, Biogeosciences, 12, 4291–

4316, https://doi.org/10.5194/bg-12-4291-2015, 2015.

Naudts, K., Chen, Y., McGrath, M. J., Ryder, J., Valade, A., Otto, J., and Luyssaert, S.: Europe’s forest management did not mitigate climate

warming, Science, 351, 597–600, https://doi.org/10.1126/science.aad7270, 2016.750

Popp, A., Calvin, K., Fujimori, S., Havlik, P., Humpenöder, F., Stehfest, E., Bodirsky, B. L., Dietrich, J. P., Doelmann, J. C., Gusti, M.,

Hasegawa, T., Kyle, P., Obersteiner, M., Tabeau, A., Takahashi, K., Valin, H., Waldhoff, S., Weindl, I., Wise, M., Kriegler, E., Lotze-

Campen, H., Fricko, O., Riahi, K., and van Vuuren, D. P.: Land-use futures in the shared socio-economic pathways, Global Environmental

Change, 42, 331 – 345, https://doi.org/https://doi.org/10.1016/j.gloenvcha.2016.10.002, 2017.

Potapov, P., Turubanova, S., Tyukavina, A., Krylov, A., McCarty, J., Radeloff, V., and Hansen, M.: Eastern Europe’s forest755

cover dynamics from 1985 to 2012 quantified from the full Landsat archive, Remote Sensing of Environment, 159, 28–43,

https://doi.org/https://doi.org/10.1016/j.rse.2014.11.027, 2015.

Poulter, B., MacBean, N., Hartley, A., Khlystova, I., Arino, O., Betts, R., Bontemps, S., Boettcher, M., Brockmann, C., Defourny, P., Hage-

mann, S., Herold, M., Kirches, G., Lamarche, C., Lederer, D., Ottlé, C., Peters, M., and Peylin, P.: Plant functional type classification for

earth system models: results from the European Space Agency’s Land Cover Climate Change Initiative, Geoscientific Model Development,760

8, 2315–2328, https://doi.org/10.5194/gmd-8-2315-2015, 2015.

Rechid, D., Davin, E., de Noblet-Ducoudré, N., and Katragkou, E.: CORDEX Flagship Pilot Study “LUCAS - Land Use and Climate Across

Scales” - a new initiative on coordinated regional land use change and climate experiments for Europe, in: EGU General Assembly

Conference Abstracts, EGU General Assembly Conference Abstracts, p. 13172, 2017.

Reinhart, V., Fonte, C., Hoffmann, P., Bechtel, B., Rechid, D., and Boehner, J.: Comparison of ESA climate change initiative land cover765

to CORINE land cover over Eastern Europe and the Baltic States from a regional climate modeling perspective, International Journal of

Applied Earth Observation and Geoinformation, 94, 102 221, https://doi.org/https://doi.org/10.1016/j.jag.2020.102221, 2021a.

Reinhart, V., Hoffmann, P., and Rechid, D.: LANDMATE PFT land cover dataset for Europe 2015 (Version 1.0),

https://doi.org/10.26050/WDCC/LM_PFT_LandCov_EUR2015_v1.0, 2021b.

Reinhart, V., Hoffmann, P., Rechid, D., and Böhner, J.: High-resolution land-use land-cover change data for regional climate simulations770

over Europe - Part I: The plant functional type basemap for 2015, Earth System Science Data, submitted.

42

https://doi.org/10.5194/essd-2021-252

O
pe

n
 A

cc
es

s  Earth System 

 Science 

Data
D

iscu
ssio

n
s

Preprint. Discussion started: 10 August 2021
c© Author(s) 2021. CC BY 4.0 License.



Riahi, K., van Vuuren, D. P., Kriegler, E., Edmonds, J., O’Neill, B. C., Fujimori, S., Bauer, N., Calvin, K., Dellink, R., Fricko, O.,

Lutz, W., Popp, A., Cuaresma, J. C., KC, S., Leimbach, M., Jiang, L., Kram, T., Rao, S., Emmerling, J., Ebi, K., Hasegawa, T.,

Havlik, P., Humpenöder, F., Da Silva, L. A., Smith, S., Stehfest, E., Bosetti, V., Eom, J., Gernaat, D., Masui, T., Rogelj, J., Stre-

fler, J., Drouet, L., Krey, V., Luderer, G., Harmsen, M., Takahashi, K., Baumstark, L., Doelman, J. C., Kainuma, M., Klimont,775

Z., Marangoni, G., Lotze-Campen, H., Obersteiner, M., Tabeau, A., and Tavoni, M.: The Shared Socioeconomic Pathways and

their energy, land use, and greenhouse gas emissions implications: An overview, Global Environmental Change, 42, 153 – 168,

https://doi.org/https://doi.org/10.1016/j.gloenvcha.2016.05.009, 2017.

Schwaab, J., Bavay, M., Davin, E., Hagedorn, F., Hüsler, F., Lehning, M., Schneebeli, M., Thürig, E., and Bebi, P.: Carbon storage versus

albedo change: radiative forcing of forest expansion in temperate mountainous regions of Switzerland, Biogeosciences, 12, 467–487,780

https://doi.org/10.5194/bg-12-467-2015, 2015.

Schwaab, J., Davin, E. L., Bebi, P., Duguay-Tetzlaff, A., Waser, L. T., Haeni, M., and Meier, R.: Increasing the broad-leaved tree fraction in

European forests mitigates hot temperature extremes, Scientific Reports, 10, 14 153, https://doi.org/10.1038/s41598-020-71055-1, 2020.

Sulla-Menashe, D. and Friedl, M. A.: User guide to collection 6 MODIS land cover (MCD12Q1 and MCD12C1) product, USGS: Reston,

VA, USA, pp. 1–18, 2018.785

Thebo, A. L., Drechsel, P., and Lambin, E. F.: Global assessment of urban and peri-urban agriculture: irrigated and rainfed croplands,

Environmental Research Letters, 9, 114 002, https://doi.org/10.1088/1748-9326/9/11/114002, 2014.

Valmassoi, A., Dudhia, J., Di Sabatino, S., and Pilla, F.: Evaluation of three new surface irrigation parameterizations in the WRF-ARW

v3.8.1 model: the Po Valley (Italy) case study, Geoscientific Model Development Discussions, 2019, 1–33, https://doi.org/10.5194/gmd-

2019-223, 2019.790

van Vuuren, D. P., Edmonds, J., Kainuma, M., Riahi, K., Thomson, A., Hibbard, K., Hurtt, G. C., Kram, T., Krey, V., Lamarque, J. F., Masui,

T., Meinshausen, M., Nakicenovic, N., Smith, S. J., and Rose, S. K.: The representative concentration pathways: An overview, Climatic

Change, 109, 5–31, https://doi.org/10.1007/s10584-011-0148-z, 2011.

Wilhelm, C., Rechid, D., and Jacob, D.: Interactive coupling of regional atmosphere with biosphere in the new generation regional climate

system model REMO-iMOVE, Geoscientific Model Development, 7, 1093–1114, https://doi.org/10.5194/gmd-7-1093-2014, 2014.795

Xu, Y., Yu, L., Zhao, Y., Feng, D., Cheng, Y., Cai, X., and Gong, P.: Monitoring cropland changes along the Nile River in

Egypt over past three decades (1984–2015) using remote sensing, International Journal of Remote Sensing, 38, 4459–4480,

https://doi.org/10.1080/01431161.2017.1323285, 2017.

43

https://doi.org/10.5194/essd-2021-252

O
pe

n
 A

cc
es

s  Earth System 

 Science 

Data
D

iscu
ssio

n
s

Preprint. Discussion started: 10 August 2021
c© Author(s) 2021. CC BY 4.0 License.




